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Do undocumented migrants change their propensity to 
report or commit a crime after receiving a regular migra-
tory status? This paper studies a massive amnesty program 
that gave regular migratory status to over 281,000 undocu-
mented Venezuelan migrants in Colombia. Findings suggest 
that the amnesty did not result in more crimes committed 

by Venezuelan migrants, only an increase in the number 
of crimes they reported. Results are very strong for reports 
of domestic violence and sex crimes and are almost entirely 
driven by Venezuelan women, suggesting that empower-
ment is an important mechanism underlying the behavior 
change.
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world. Policy Research Working Papers are also posted on the Web at http://www.worldbank.org/prwp. The authors may 
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I INTRODUCTION

The popular perception about crime and immigration is that they often move in the same

direction despite empirical evidence that shows this is rarely the case.1 In fact, recent

research suggests that during episodes of mass immigration, migrants themselves tend

to be crime victims more often than not,2 which indicates their vulnerability and need

for protection by law enforcement authorities. In fact, these same vulnerable populations

might not report crimes for fear that interactions with local authorities could result in

deportation or other punishment.

We address this question by studying whether the provision of a regular migratory status

to undocumented migrants prompts a change of behavior by male and female migrants

in reporting or commiting crimes. Our study took place in Colombia, which today is the

largest host of Venezuelan immigrants.3 The vast majority of them arrived in Colombia

after 2016 as a result of Venezuela’s political, economic, and humanitarian crises caused

by two decades of the authoritarian regimes of Hugo Chávez and his successor Nicolás

Maduro. In August 2018, Colombian President Juan Manuel Santos ordered the issuance

of a regular migratory status known as PEP-RAMV.4 The PEP-RAMV granted regular mi-

gratory status for two years to about 281,000 undocumented Venezuelan migrants. It not

only provided these immigrants with a job permit but also gave them the opportunity to

receive a score on SISBEN, the mean proxy test used to award social support in Colombia.

As such, the PEP-RAMV is a generous amnesty that enables undocumented migrants to

work in the formal sector and to access social services (including complete health services

through the subsidized health regime). As importantly, this status assures migrants that

1See evidence by Butcher and Piehl (1998a); Spenkuch (2014a); Bianchi et al. (2012); Fasani et al. (2019);
Bahar et al. (2020); Pinotti and Rozo (2022).

2See evidence from Colombia by Knight and Tribin (2020) and Mexico by Rozo et al. (2021).
3According to the latest data from Colombian migration authorities, by 2022 the number of Venezuelans

there numbered approximately 2.5 million people, or about 5 percent of Colombia’s population.
4PEP stands for Permiso Especial de Permanencia; RAMV stands for Registro Administrativo de Migrantes

Venezolanos. See Section II for more details.
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they will not be deported or prosecuted for being in the country.5

We combine unique data from multiple sources to create a monthly-city level panel of

crime reports done directly by victims and a large set of observable variables for the

largest urban centers in Colombia. We rely on a difference-in-differences specification

to compare crime reports by Venezuelans in cities with different intensities of the treat-

ment variable. We define this as the number of Venezuelans who received the PEP-RAMV

amnesty before and after the policy. Importantly, we exploit crime reports as a share of

all crimes in a specific location or alternatively control for the total crime reports in that

locality in order to be certain our effect captures changes in reporting behavior and not

changes in the actual number of crimes.6 We complement our analysis with event studies

that examine the evolution of quarter-by-quarter crime reports by Venezuelans in main

urban centers with different treatment intensity. The event studies support the validity of

our identification strategy since we observe parallel trends before program implementa-

tion.

We also confirm our results using two alternative identification strategies. First, we ex-

ploit the fact that each undocumented migrant eligible for the permit received a registry

number exogenously allocated during registration. Based on this number, migrants could

apply for (and subsequently get) the PEP-RAMV migratory status in one of 22 time win-

dows in late 2018. We use these assignments to estimate the average number of registra-

tion days available to undocumented immigrants in each municipality and instrument

it for the treatment. Second, we exploit the historic distribution of Venezuelan migrants

across Colombia (based on the 2005 census) and use it as an alternative instrument for

the treatment. Moreover, our results are robust to multiple hypothesis testing, changes in

5Only immigrants without criminal records or pending deportation orders were eligible for the PEP-
RAMV.

6Considering that the undocumented migrants registered to the PEP-RAMV are positively selected in
terms of education relative to other undocumented migrants that did not registered (Ibáñez et al. 2022), it is
not surprising that the results do not change when we control for total crime in Colombia. In fact, the PEP
was only offered to migrants without a criminal record. Hence, those migrants with a criminal record may
decide not to register.
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geographic aggregation level (e.g., department-month aggregation), controls choice (e.g.,

dropping total crime controls), and corrections on inference to a low number of clusters.

We find that localities where more undocumented Venezuelan migrants applied for the

PEP-RAMV permit experienced an increase in crime reports by these people.7 Our re-

sults are particularly strong for reports of domestic violence and sex crimes, and they

are almost entirely driven by female Venezuelans, an especially vulnerable population.

Notably, we find that Colombian municipalities that had twice as many Venezuelan im-

migrants with regular migratory status experienced an increase of 25 percent more crime

reports. This cannot be explained by an increase in crime reports overall, only by an

increase in crime reports by Venezuelans. We also find that a twofold increase in the

number of Venezuelan migrants who received regular migratory status (relative to pop-

ulation) explains an increase of 40 percent and 70 percent in reports of sexual crimes and

domestic violence, respectively. Given that the effects stem mostly from female Venezue-

lan migrants, it is plausible to conclude that these women felt more empowered to report

such abuses without fear of deportation or other penalty.

We support this hypothesis with data from a representative survey of Venezuelan refugees

with and without the PEP-RAMV that was collected as part of the Venezuelan Refugee

Panel Study (VenRePs).8 As we demonstrate, female migrants with the PEP-RAMV in-

creased the rate at which they filed complaints with the police and other institutions rel-

ative to their peers without the PEP-RAMV.

Finally, we also examine the effects of the PEP-RAMV amnesty on crimes directly com-

mitted by Venezuelan migrants, using data on all prosecuted crimes in Colombia during

our period of analysis. We find the amnesty did not result in more crimes committed by

7Our main results are not explained by disproportionate migration from migrants that apply to the PEP
program. In fact, migration rates of registered migrants is low. Data from representative surveys of program
beneficiaries collected in 2020 and 2021 suggest that migration rates are close to 9 percent 3 years after the
program was implemented. See Ibáñez et al. (2022).

8Ibáñez et al. (2022) collected the data in 2021.
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Venezuelan migrants, only an increase in the number of crimes they reported.

Our study contributes to the literature in several ways. First, it contributes to work on

the relationship between immigration and crime Butcher and Piehl (1998b); Borjas et al.

(2010); Bianchi et al. (2012); Alonso-Borrego et al. (2012); Bell et al. (2013); Spenkuch

(2014b); Baker (2017); Pinotti (2017); Freedman et al. (2018); Fasani (2018); Fasani et al.

(2019); Ajzenman et al. (2020); Knight and Tribin (2020). We do not focus on changes

in the likelihood of committing crimes after receipt of regular migratory status but on

changes in behavior related to reporting crimes after the amnesty. The most related paper

in this literature is Comino et al. (2020), who examine how the 1986 migratory amnesty

in the United States affected crime reports by immigrants.9 Yet, we believe our study

presents three main fundamental contributions to the literature. First, we concentrate on

gender dynamics and a granular view of the types of crimes; this allows us to conclude

that women—particularly victims of sexual crimes and domestic violence—are the ones

driving the phenomenon, a critical aspect when discussing victimization of vulnerable

populations and when formulating policy actions. Second, our study rules out that the

changes arise from an increase in migrant crimes rather than in reports, as above. Third,

we present a crucial perspective on the effects of migratory amnesties in developing coun-

tries where informal labor markets are typically large and crime is pervasive. Since most

vulnerable migrants reside in such countries, this perspective is a central contribution.

Our work also contributes to studies that explore the impacts of migratory amnesties in

hosting countries Kossoudji and Cobb-Clark (2002); Bratsberg et al. (2002); Orrenius and

Zavodny (2003); Kaushal (2006); Amuedo-Dorantes et al. (2007); Chassamboulli and Peri

(2015); Devillanova et al. (2018); Bahar et al. (2021). While most of these assess the im-

pacts of large-scale migratory amnesties on labor markets, we focus on the behavior of

the immigrants themselves as measured by crime reports. To some extent, crime report-

9Another close contribution is Xie and Baumer (2021), who offer a descriptive study using data from the
National Crime Victimization Survey.
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ing proxies the subsequent social empowerment of vulnerable migrant populations that

results from receiving regular migratory status. In this context, our results have key pol-

icy implications by documenting large social benefits to such populations following a mi-

gratory amnesty, which in itself—according to previous literature—poses negligible costs

to labor market outcomes for natives. Third, we add to research on the assimilation and

integration of migrants Abramitzky et al. (2014); Bratsberg et al. (2014); Abramitzky et al.

(2199); Harder et al. (2018); Hainmueller et al. (2019); Abramitzky et al. (2020); Brell et al.

(2020); Pérez (2021); Ibáñez et al. (2022). These studies mostly explore the assimilation of

migrants into labor markets by estimating the convergence of wages, occupational sec-

tor, and education levels between first-generation and second-generation migrants and

the local population. Although recent papers have identified mediating factors such as

marriage decisions, language ability, and cultural integration, the success of migrants also

depends on trust in state institutions to which they apply for social services or protection.

We document that amnesties empower migrants to request state action against crime, an

important step toward social integration in receiving countries.

The paper is organized as follows. First, we provide context for the massive migratory

amnesty program we study. Second, we discuss data sources and our empirical strategy.

Third, we present and discuss our main findings. Finally, we provide concluding remarks.

This paper is accompanied by an online Appendix we refer to throughout the text.

II THE PROGRAM: THE PEP-RAMV AMNESTY

Colombia has led regional efforts to regularize the status of Venezuelan migrants. As is

typical in crisis-driven migration, a large share of Venezuelans who migrated to Colom-

bia did so without a formal migratory process. Between April and June 2018, Colom-

bian authorities at 1,109 authorized points in 413 municipalities registered undocumented

Venezuelan immigrants (see Figure A1 in the Appendix). This registry, the Registro Ad-

ministrativo de Migrantes Venezolanos or RAMV, conducted a massive public campaign to
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attract Venezuelan immigrants to register and self-report personal information such as

name, date of birth, current address, municipality of origin in Venezuela, date of entry,

education level, and job status, among others. It succeeded in registering 442,617 undoc-

umented Venezuelans from 253,575 different households.

It is important to note that in advertising the RAMV, the government explicitly stated

that registration would not result in deportations or other negative legal consequences.

Yet, it did not promote the RAMV either as a path to work permits or other legal benefits

to enhance the migrant experience. The program was advertised simply as a registry to

count and identify migrants.10

However, in July 2018, just days before leaving office, outgoing President Juan Manuel

Santos decreed that all Venezuelans who registered in the RAMV would be eligible for

regular migratory status that would let them stay in Colombia and join the workforce. In

particular, previously undocumented migrants who registered in RAMV could apply for

the Permiso Especial de Permanencia, or PEP, a comprehensive two-year regular migratory

status that Colombia had previously granted to Venezuelan migrants. The difference be-

tween previous waves of PEP and this one (PEP-RAMV) was that the latter was explicitly

created for Venezuelans registered in the RAMV. According to the decree, these immi-

grants could request the PEP-RAMV migratory status during the third quarter of 2018.

Each migrant had a window of time in which to apply based on their RAMV registration

number, which they received as their record was entered into the system in real time. This

number was exogenously allocated to each immigrant across all the authorized points. By

the end of that year, 281,307 of the 442,617 eligible individuals had received one.

According to the RAMV data described in Table 1, the migrants under consideration were

young and had low levels of education: less than 10 percent of RAMV migrants were

older than 60 years, and over 50 percent of this group had completed at least secondary

10We subsequently spoke with government officials and confirmed that these were, in fact, their inten-
tions at the time.
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education. This group was younger but less educated than the Colombian labor force.

According to 2018 population estimates, approximately 13.5 percent of the Colombian

population was older than 60 years, and 61.5 percent of the active labor force in 2017

had completed at least basic secondary education. At the time of the RAMV survey, 46.3

percent of working-age migrants had some level of employment in the informal sector.

III EMPIRICAL STRATEGY

III. A Data Sources

We exploit monthly and city variation in our estimates. The data we use can be grouped

as follows:

1. Registro Administrativo de Migrantes Venezolanos (RAMV). We use administrative data

sourced from the RAMV survey to compute the number of people eligible for the

PEP-RAMV migratory status and the actual number of individuals who applied for

(and received) the PEP-RAMV migratory status, by municipality. Using individual

records, we compute the allocated time window each individual had to register in

the PEP-RAMV (based on the registration number), which we use for our identifi-

cation strategy.

2. Crime Reports. We use individual level reports from victims from the Colombian

National Police that include reports on all crimes denounced in Colombia between

January 2017 and December 2019 (one year before and after the regularization pro-

gram). They include information on the type of crime, the municipality of reporting,

and the nationality and the gender of the individual who reported it. We construct

crime counts on a monthly basis for each capital city in the country. We aggregate

data at the city-month level. By limiting crime reports to Venezuelans, we attempt

to capture the effect of the amnesty on the propensity of Venezuelan migrants them-

selves to report crimes.

3. Municipality Controls. We control for a rich set of baseline municipal covariates in-

8



Table 1. Sociodemographic Characteristics of Migrants Who Registered in the RAMV

Panel A. Age Groups
Variable Total Obs. Observations Percentage Average STD
0-18 years 440,869 116,529 26.43% 7.64 4.94
18 - 30 years 440,869 167,743 38.05% 24.23 3.51
31 - 40 years 440,869 88,392 20.05% 35.07 2.84
41 - 50 years 440,869 44,568 10.11% 44.91 2.83
51 - 60 years 440,869 17,602 3.99% 54.6 2.76
61 - 70 years 440,869 4,948 1.12% 64.34 2.66
71 - 80 years 440,869 880 0.20% 74.2 2.7
≥ 80 years 440,869 207 0.05% 87.27 8.9
Panel B. Individual Covariates
Variable Total Obs. Observations Percentage 95% CI
Gender
Female 442,616 219,847 49.67% 49.52% 49.82%
Male 442,616 222,435 50.25% 50.11% 50.40%
Transgender 442,616 334 0.08% 0.07% 0.08%
Household role
Head of Household 442,616 231,915 52.40% 52.25% 52.54%
Marital Status
Single 442,617 279,956 63.25% 63.11% 63.39%
Married / Cohabitating 442,617 153,659 34.72% 34.58% 34.86
Divorced / Separated / Widowed 442,617 9,002 2.03% 1.99% 2.08%
Level of Education
Preschool / Primary 442,617 150,884 34.09% 33.95% 34.23%
Secondary 442,617 221,319 50.00% 49.86% 50.15%
Tech School / University / Post Grad 442,617 70,414 15.91% 15.80% 16.02%
Panel C. Household Covariates
Variable Observations Mean STD Min Max
Number of family members 437,059 3.51 2.06 0 10
Number of relatives in Venezuela 435,758 2.56 2.72 0 14

Notes: The table depicts the descriptive statistics of Venezuelan migrants who registered in the Registro
Administrativo de Migrantes Venezolanos (RAMV) Census.
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cluding night light density, variables related to internal conflict, GDP municipal

composition, distance to the Venezuelan border, and number of Venezuelans with

previous rollouts of PEP migratory status (particularly the PEP1 and PEP2), as well

as proxies for government activity. Administrative information at the municipal

level comes from the CEDE municipal panel, the Ministry of Defense, the National

Planning Department, and DANE (Colombia’s national statistical agency). Night

light density comes from the National Oceanic and Atmospheric Administration.

4. Crimes perpetrated by migrants. To examine changes in crime perpetrated by migrants

we use data from the Fiscalı́a General de la Nación, Colombia’s Office of the Attorney

General. The data set includes all criminal cases in Colombia that are in trial or have

yielded convictions, including information on the year the crime occurred, the type

of crime, and the gender, age, and nationality of the indicted individual between

2017 and 2021. 11

Table 2 presents descriptive statistics for all the main variables in our analysis. Our sam-

ple includes 1,080 observations that correspond to the 30 municipalities that represent

capital cities of most departments in Colombia and 36 months.12 We focus on capital

cities that host about two-thirds of all Venezuelans in our sample (e.g., using the locations

reported in the RAMV data) in order to reduce possible biases in crime reporting due to

internal conflict that still persists in rural areas Ibañez et al. (2017). Yet, as a robustness

test we also show that our main results hold for different levels of geographic aggregation

(such as variation by department-month level) in Appendix B. C.

Panel A of Table 2 illustrates the total number of crimes reported; panels B1 and B2 depict

the ones reported by Venezuelans in rates per 100,000 individuals and as a share of all

11The original data set had more information that we do not use in our effort to measure actual crimes.
Thus, we exclude cases that were found not guilty, were in pretrial investigation (i.e., not enough evidence
had been compiled to go to trial), were closed by the prosecutor, or suffered “procedural rupture” (accord-
ing to Article 53 of the Code of Criminal Procedure).

12Colombia has 32 departments; the panel only includes those 30 cities for which there were consistent
monthly crime reports and control variables.
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Table 2. Descriptive Statistics

Variable Obs. Average STD Min Max
Panel A: Total Crime Reports (rates per 100,000)
Homicides (per 100K) 1,080 1.99 1.81 0.00 18.97
Threats (per 100K) 1,080 12.00 8.46 0.00 52.82
Domestic Violence (per 100K) 1,080 20.82 13.42 0.00 98.67
Thefts (per 100K) 1,080 83.80 30.95 12.69 193.44
Sex Crimes (per 100K) 1,080 7.95 4.61 0.00 31.16
Total Crimes (per 100K) 1,080 127.17 40.56 40.49 266.15
Panel B1: Crime Reports by Venezuelans Male (rates per 100,000)
Homicides (per 100K) 1,080 0.08 0.42 0.00 4.88
Threats (per 100K) 1,080 0.04 0.24 0.00 3.07
Domestic Violence (per 100K) 1,080 0.15 0.49 0.00 9.18
Thefts (per 100K) 1,080 0.44 0.90 0.00 14.65
Sex Crimes (per 100K) 1,080 0.08 0.42 0.00 6.12
Total Crimes (per 100K) 1,080 0.79 1.63 0.00 19.59
Panel B2: Crime Reports by Venezuelans Female (share of all reports)
Homicides (share) 1,080 0.03 0.12 0.00 1.00
Threats (share) 1,080 0.00 0.02 0.00 0.50
Domestic Violence (share) 1,080 0.01 0.03 0.00 0.33
Thefts (share) 1,080 0.01 0.01 0.00 0.11
Sex Crimes (share) 1,080 0.01 0.04 0.00 0.45
Total Crimes (share) 1,080 0.01 0.01 0.00 0.15
Panel C: Treatment and Other Migration Variables
PEP-RAMV holders 1,080 4,839.60 7,686.24 13.00 35,729.00
PEP holders per 100K (ages 10-64) 1,080 217.98 375.02 3.33 1,767.00
Venezuelan population 2005 1,080 676.83 1,171.58 0.00 4,578.00
Total population 2005 1,080 644,783.50 1,252,964.87 12,897.00 6,778,691.00
Panel D: Control Variables (at baseline)
Night Light Density (2009) 30 12.73 14.47 0.03 53.98
Total Mun. Income (COP, Billions) (2009) 30 628.79 1,513.32 9.06 8,131.36
Mun. Public Expenditures (COP, Billions) (2009) 30 617.83 1,434.27 10.52 7,553.10
Total Central Gov. Transfers (COP, Billions) (2009) 30 222.60 381.46 4.98 2,048.44
Number of Financial Institutions (1995) 30 24.23 47.62 1.00 252.00
Number of Tax Collection Offices(1995) 30 8.87 18.93 1.00 99.00
Homicide Rate (Per 100,000 Indv.) (2009) 30 34.88 21.45 7.00 109.91
N. of Terrorist Attacks (1995) 30 0.07 0.37 0.00 2.00
Unsatisfied Basic Needs (UBN % Households) (2005) 30 27.46 17.76 9.16 89.51
Informal Labor* (% Households) (2005) 30 88.33 5.54 77.16 96.51
GDP Agriculture (COP, Billions) (2009) 30 53.79 42.21 4.50 145.92
GDP Industry (COP, Billions) (2009) 30 2,138.95 4,368.66 8.44 22,970.06
GDP Services (COP, Billions) (2009) 30 4,444.15 13,266.97 87.69 72,695.80
PEP1 (August 2017-October 2017) 30 1,777.50 5,133.56 0.00 27,703.00
PEP2 (February 2018-June 2018) 30 2,880.43 8,737.14 0.00 47,389.00
Inverse Distance to Closest Border Crossing 30 0.13 0.35 0.00 1.00

Notes: The table depicts the summary statistics of the main variables used in our stud.
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reports. The rate of all crimes reported by Venezuelan migrants in our sample is 0.79

per 100,000 individuals (panel B1), which corresponds to one percent if computed as the

share of all crimes (panel B2). The most common crimes reported by Venezuelans, on

average, differ according to whether we measure them in rates or in shares. In terms

of rates, theft was the most common crime reported by Venezuelans (0.44 per 100,000

individuals); in terms of shares, it is homicide (three percent). These numbers are quite

low, as expected—at the time, Venezuelans represented at most two percent of Colombia’s

population, with heterogeneity in terms of locations, naturally. Yet, they have enough

variation to exploit for our exercise. Indeed, given the high standard deviations relative

to the mean, significant variation is evident across crime reports, cities, and months.

In terms of the treatment variable, panel C of Table 2 shows that for the average city in

our sample, there were 4,839 Venezuelans who received the PEP-RAMV migratory status.

That number, however, ranged between 13 and 35,729 across all cities in the sample. In

proportion to the local population, the number of PEP-RAMV migratorty status awarded

was, on average, 217.98 per 100,000 inhabitants. While the number of observations in this

table is 1,080, since this is the treatment variable, there is no across-time variation (as will

be clear when we describe our empirical strategy).

Panel D presents summary statistics for all the different controls in our specifications for

the 30 cities in our sample at baseline.

Figure 1 visually represents these data on a map of Colombia. For each capital city, the

figure plots the number of PEP-RAMV holders per 100,000 inhabitants via the scale of

the markers (circles). Using a light-to-dark color scale, it also shows the total crimes

reported (per 100,000 inhabitants, for consistency) in the different cities. For visualization

purposes, the color scale is represented in the departments where the capital cities are

located. This graph shows a great deal of variation for both the treatment variable and

the outcome under consideration. Figure 2 also illustrates a scatter plot in which each dot

12



represents an urban centers in our sample. The scatter plot shows that there is a positive

correlation between the PEP program take-up and the change in crime reports before and

after the PEP implementation.

III. B Empirical Strategy

Our goal is to establish whether provision of the PEP-RAMV program to previously un-

documented migrants produced more crime reports by Venezuelans. To do so, we com-

pare cities with different intensities in terms of the Venezuelan population who received

the PEP-RAMV migratorty status, both before and after they received this status. Effec-

tively, we estimate a difference-in-differences specification as follows:

Crime ReportsV enct = βDIDPEPc × I[Post Aug. 2018]t +
∑
cεZ

controlsc × yeart + γc + ηt + εct (1)

where c indexes city and t indexes time (month-year). Our main outcome variable is Crime ReportsV enct ,

which is the share of crime reports by Venezuelans in city c and month-year t of total crimes

for that same city and period. Our estimator of interest is βDID. This reflects a difference-in-

differences approach that estimates the interaction between our treatment variable, PEPc, the

number of Venezuelans granted the PEP migratory status per municipality c per 100,000 inhabi-

tants,13 interacted with a dummy that takes the value of one for all time periods after August 2018,

when the PEP rollout began. In that sense, when it comes to the time dimension, it is important

to note that βDID can be interpreted as the average effect for all months in the sample in and after

August 2018 versus all the months before August 2018.

This specification uses the share of total crimes as the dependent variable to estimate a change

in the composition of reports by reporter nationality, not an increase in reports overall. In other

words, we do not want to estimate the effect of the amnesty on the number of crimes but on

13Specifically, it corresponds to the number of PEP holders (between 10 and 64 years old) divided by the
population of municipality c between 10 and 64 years old, multiplied by 100,000.

13



Figure 1. Total Crime Reports by Venezuelans and PEP-RAMV Holders (per 100K)

Notes: The figure plots the total crime reports by Venezuelans and the number of Venezuelan PEP-RAMV
holders per 100,000 inhabitants. The intensity of crime reports is represented by the color shades in the
departments that correspond to capital cities, whereas the intensity of the treatment (PEP-RAMV holders)
is represented by the size of the marker for each city.
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Figure 2. Change in Crime Reports before and after PEP Implementation
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Notes: The figure shows the change in the average crime reports by Venezuelan migrants one year before,
and after the PEP implementation.
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the likelihood that Venezuelans report crimes, keeping constant the overall number of crimes.

Although we believe our main specification achieves this goal, we also present results of an al-

ternative specification that uses the rate of crime reports by Venezuelan migrants (i.e., crimes

per 100,000 inhabitants) as the dependent variable, controlling for the overall reports of crimes in

that locality and period. Furthermore, in the Appendix we present results for the specification in

which the dependent variable is crime rates by 100,000 inhabitants without controlling for total

crime (see Table B1). The results are robust to the exclusion of total crime reports as a control.

All continuous variables on the right-hand side, including the treatment variable, were trans-

formed using the inverse hyperbolic sine transformation.14 Thus we interpret βDID as a semi-

elasticity of crime reports with respect to the share of the population that received regular migra-

tory status.

We also include a full set of predetermined municipal characteristics measured before the begin-

ning of our period of analysis (to reduce endogeneity concerns), represented by the set Z. We

interact these control variables with year dummies (denoted by yeart) to flexibly account for po-

tential differential nonparametric trends for each city c that could emerge from these variables as

they explain crime reports by Venezuelans in ways that are correlated with the treatment. The

variables included in Z are (1) percentage of households in Colombia in 2005 with at least one

unsatisfied basic need; (2) percentage of households in Colombia the same year with at least one

informal worker; (3) the number of terrorist attacks in 1995 (to proxy for the internal conflict); (4)

night light density in 2009; (5) the number of financial institutions in 1995; (6) the number of tax

collection offices in 1995; (7) agriculture, (8) industry, and (9) services GDP in 2009; (10) central

government transfers in 2009; (11) total municipal expenditures in 2009; (12 and 13) the num-

ber of Venezuelans who received the two previous rounds of the PEP migratory status; and (14)

the inverse distance to the closest of the five authorized crossing points between Venezuela and

Colombia.

The specification also includes fixed effects for city (γc) and month-year (ηt). Unless indicated, we

cluster our standard errors at the city level to account for geographic serial correlation. Since we

14see Burbidge et al. 1988 and MacKinnon and Magee 1990 for more on this transformation.

16



have a low number of clusters we also correct the standard errors using wild bootstrapping.

III. C Identification Strategy

Despite the relatively complete number of controls, by estimating Specification (1) through OLS

we could not assert with full certainty that we were actually estimating the causal impact of the

PEP-RAMV amnesty on crime reporting rates because there could still be dynamic self-selection

forces biasing our results or other omitted variables not captured in our specification. The most

obvious threat to our identification using an OLS estimator is that migrants self-select into certain

municipalities based on the characteristics of the local communities dynamically, which might

make them feel more secure about reporting crimes.

To deal with this possibility (or others), we follow our approach in Bahar et al. (2021). In particular,

to significantly reduce endogeneity concerns, we employ an instrumental variable approach and

estimate Specification (1) through two-stages least squares (2SLS).15

Our instrument is the average number of days undocumented Venezuelan migrants had to register

for the PEP-RAMV program in the last quarter of 2018. The number of days was defined by the

form number of the registration in the RAMV survey. According to the government officials who

oversaw this process, the local registration point gave this number to migrants in the order they

arrived and registered. More importantly for us, the numbers did not correspond to any particular

geographic or socioeconomic characteristics of the municipalities. The officials said they took this

approach to scatter the applications evenly across time.

Based on the individual numbers for all PEP-RAMV holders at the time of registration in a given

municipality, we estimate the average registration days per municipality as:

Reg. Daysc =
∑
jεK

RAMV registrants assigned to time window jc
Total RAMV registrantsc

× [Days in time window j] (2)

where K represents each of the 22 possible individual time windows assigned to migrants in

15It is common in the economics literature to apply instrumental variables in a difference-in-differences
setting. As a pioneering example of combining these methods, see the seminal study by Duflo (2001).
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the RAMV to request a PEP-RAMV migratory status, which ranged between 78 and 141 days.16

Therefore, Reg.Daysc represents the average number of registration days available for the eligible

population to receive the PEP-RAMV in that city.

Our identification strategy relies on the strong correlation between the length of the window to

apply for the PEP-RAMV amnesty and the number of people who actually applied (and received

it). This is the case, as can be seen in a simple plot in Appendix Figure A3.

In addition, one exclusion restriction needs to hold in order for our instrument to be valid and

to interpret our results as causal. That is, the effect of the time windows available to register for

the PEP-RAMV program in each municipality (exogenously assigned to migrants as they regis-

tered) affected crime reports by Venezuelans only through the actual number of Venezuelans who

received the PEP-RAMV migratory status. This is a very reasonable assumption.

Although the allocation of times to register was exogenous to the migrant, our identification relies

on geographic variation of registration times across municipalities. Such variation exists due to

the higher concentration of Venezuelans near the border, which means higher average registration

times in border municipalities compared to areas further away with fewer migrants. This would

threaten our identification strategy if there were other aspects of border proximity that could affect

crime reports by Venezuelans through channels other than the regularization itself. Given the

characteristics of the natural experiment we utilize, as well as all the controls in our specifications,

it is reasonable to assume the exclusion restriction holds, especially since we control for distance

to the border and the vast set of variables outlined above.

Nonetheless, out of an abundance of caution, we present consistent results using a second identi-

fication strategy that relies on the historic distribution of Venezuelan migrants in Colombia (based

on the 2005 census, more than two decades before the amnesty) to predict the current distribu-

tion of PEP recipients. Our results for this are qualitatively robust, though they reflect a different

source of exogenous variation. We discuss this in detail in Appendix B. B.

16See Figure A2 in the Appendix for its distribution.
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IV IMPACTS OF THE AMNESTY ON CRIME REPORTS BY VENEZUELANS

Our main results are in Table 3, which presents the OLS (panels A and B) and 2SLS (panels C

and D) estimation of Equation (1). Panels A and C present results using the share of reports

by Venezuelans as a share of total reports as the dependent variable. The crimes are homicides,

threats, domestic violence, thefts, and sex crimes. Column (6) presents results for the share of all

crime reports by Venezuelans. Panels B and D present the results using crime rates per 100,000

inhabitants as the dependent variable.

The main variable of interest is in the first row, which corresponds to βDID of Specification (1).

Standard errors clustered by city level are in parentheses and q-values that correct for multiple

hypothesis testing are presented in brackets.

19



Table 3. Impacts of the PEP Amnesty on Crime Reports by Migrants

Homicides Threats Domestic Viol. Thefts Sex Crimes Total Crimes
(1) (2) (3) (4) (5) (6)

Panel A. OLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.019*** 0.001 0.004** 0.001* 0.004*** 0.003***

(0.007) (0.001) (0.002) (0.001) (0.001) (0.001)
q-values [0.002] [0.038] [0.010] [0.057] [0.001] [0.001]
bootstrap p-val. [0.043] [0.429] [0.025] [0.096] [0.004] [0.001]
Adj R-squared 0.265 0.170 0.372 0.481 0.351 0.615
Panel B. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.040*** 0.018 0.034 0.043 0.021** 0.087***

(0.014) (0.015) (0.020) (0.024) (0.008) (0.024)
q-values [0.003] [0.030] [0.010] [0.002] [0.001] [0.001]
bootstrap p-val. [0.003] [0.417] [0.118] [0.106] [0.012] [0.002]
CrimeReportsTOT

ct 0.071*** 0.042** 0.069*** 0.189*** 0.058 0.442***
(0.024) (0.018) (0.023) (0.057) (0.038) (0.084)

Adj R-squared 0.319 0.244 0.423 0.575 0.370 0.653
Panel C. 2SLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.014 0.002 0.007*** 0.002** 0.008*** 0.004***

(0.010) (0.002) (0.004) (0.001) (0.002) (0.001)
q-values [0.038] [0.234] [0.154] [0.095] [0.066] [0.050]
bootstrap p-val. [0.182] [0.443] [0.004] [0.023] [0.002] [0.003]
Adj R-squared 0.069 0.080 0.185 0.195 0.171 0.331
KP F Stat 21.47 21.47 21.47 21.47 21.47 21.47
Panel D. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.033 0.024 0.078** 0.036 0.051*** 0.105**

(0.017) (0.017) (0.035) (0.037) (0.018) (0.043)
q-values [0.032] [0.195] [0.095] [0.038] [0.049] [0.020]
bootstrap p-val. [0.126] [0.296] [0.030] [0.414] [0.004] [0.039]
CrimeReportsTOT

ct 0.072*** 0.042** 0.075*** 0.186*** 0.059 0.450***
(0.024) (0.017) (0.025) (0.055) (0.039) (0.086)

Adj R-squared 0.118 0.117 0.173 0.176 0.193 0.194
KP F Stat 20.54 21.37 21.53 22.15 21.42 21.72
Observations (All Panels) 1,080 1,080 1,080 1,080 1,080 1,080

Notes: The table presents the OLS and 2SLS estimations of specification (1). All columns include city and
month-year fixed effects as well as the set of controls described in section III. B. Standard errors are clustered
at the city level. Cluster-robust wild-bootstrap p-values, and q-values are presented in square brackets.

First, the first-stage Kleibergen-Paap F statistic is large, eliminating concerns about weak instru-

mentation. For brevity, we focus on the 2SLS (panel C) results, since those overcome endogeneity
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concerns. In particular, the results of column (6) show that in the months after the rollout of

the PEP-RAMV program, municipalities that had double the number of PEP-RAMV holders (per

100,000 inhabitants) saw an increase of 0.42 percentage points in the share of crimes reported by

Venezuelans, on average. Considering that the average share of total crimes reported by Venezue-

lans is one percent (as documented in Table 2), this constitutes an increase of 42 percent, a sizable

result.

In terms of specific types of crimes, our results show a statistically significant estimator for homi-

cides, thefts, domestic violence, and sex crimes. Considering the point estimates for the outcome

of reports by Venezuelans as a share of total reports, the results are also economically signifi-

cant. For example, a city with double the number of Venezuelan migrants who received the PEP

amnesty compared to the mean (relative to the local population), experienced an increase in sex

crime reports by Venezuelans of 0.82 percentage points. Since the average reporting by Venezue-

lans of these types of crimes is one percent of all crimes, this corresponds to more than an 80

percent increase in reporting after Venezuelans received regular migratory status. The same num-

ber for domestic violence crime reports is about 70 percent. The results are also consistent with

the definition of independent variable as in panels B and D. This is remarkable given the fact that

when measured in rates or in shares, there is important variation between the two (as in Table 2).

The most obvious interpretation is that the receipt of regular migratory status empowered pre-

viously undocumented Venezuelans to report crimes without fear of deportation or other legal

repercussions. If this is the case, we would expect this effect to be stronger among more vulnera-

ble Venezuelan populations before they received the PEP-RAMV migratory status. One dimension

to test this hypothesis is gender, which is important because the results above concern crimes such

as domestic violence and sex crimes, for which women have much higher rates of victimization.

As expected, Venezuelan women reported such abuses at a much higher rate than men, as we

show in Appendix Table A1.

Did crime reports increase differently depending on if they came from men or women after the

amnesty? Table 4 replicates the main estimation using total reports by Venezuelan men (column 1)

and women (column 2) as the dependent variable. The results show reports by women drive the
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overall patterns. When focusing on the 2SLS estimates (panel C), we find a 0.35 percentage point

increase in crime reports by female Venezuelan migrants in municipalities with twofold more PEP-

RAMV holders per 100,000 inhabitants. Again, since the share of crime reports by Venezuelans on

average is one percent, this corresponds to an increase of 35 percent.

Results when using reports by male Venezuelan migrants are statistically insignificant and the

magnitude of the coefficient estimates is smaller, hinting that the totality of the effect in Table 3 is

driven by female migrants. We focus on total crime reports given the challenges of focusing on re-

ports by gender and by type simultaneously, since the number of crimes within each cell becomes

much smaller and thereby significantly reduces our ability to estimate with enough precision.
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Table 4. Impacts of the PEP Amnesty on Crime Reports by Migrant’s Gender

Male Total Crimes Female Total Crimes
(1) (2)

Panel A. OLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.001 0.002***

(0.000) (0.001)
q-values [0.051] [0.003]
bootstrap p-val. [0.147] [0.000]
Adj R-squared 0.414 0.505
Panel B. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.023 0.109***

(0.020) (0.026)
q-values [0.120] [0.002]
bootstrap p-val. [0.328] [0.000]
CrimeReportsTOT

ct 0.089 0.407***
(0.070) (0.089)

Adj R-squared 0.526 0.553
Panel C. 2SLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.001 0.003***

(0.000) (0.001)
q-values [0.097] [0.003]
bootstrap p-val. [0.237] [0.000]
Adj R-squared 0.414 0.500
KP F Stat 21.51 21.51
Panel D. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.014 0.159***

(0.029) (0.042)
q-values [0.214] [0.003]
bootstrap p-val. [0.704] [0.003]
CrimeReportsTOT

ct 0.085 0.430***
(0.067) (0.088)

Adj R-squared 0.526 0.550
KP F Stat 21.76 21.76
Observations (All Panels) 1,080 1,080

Notes: The table presents the OLS and 2SLS estimation of specification (1). All columns include city and
month-year fixed effects as well as the set of controls described in section III. B. Standard errors are clustered
at the city level. Cluster-robust wild-bootstrap p-values, and q-values are presented in square brackets.
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IV. A Event Study

We also present our results in an event study format to measure the effect across time averaged by

quarter and by gender. The benefit of this complementary result is twofold. First, since our sample

includes many months before the rollout of the PEP-RAMV amnesty, we can test for pre-trends

that would threaten the validity of our results. Second, it also enables us to see the evolution of

crime reports over time after the program rollout. The results are in Figure 3 using three dependent

variables in the same format as above: the share of crime reports by all Venezuelan migrants, by

male migrants, and by female migrants.

The figure illustrates the results of Specification (1), with the difference that the treatment is inter-

acted with 12 indicator variables representing quarters (i.e., three-month periods) from Q1 of 2017

to Q4 of 2019 (instead of the I[PostAugust2018]t dummy). Each marker represents the average ef-

fect of the treatment on crime reports for the three-month period that corresponds to each quarter.

The upper, middle, and lower panels present results using total crime reports by all Venezuelan

migrants, male migrants, and female migrants, respectively. The gray vertical line represents the

start of the rollout of the PEP-RAMV program in August 2018.17 The whiskers represent 95 percent

confidence intervals, based on standard errors clustered at the city level.

Figure 3 suggests no evidence of pre-trends, as all estimators before the grey line—which symbol-

izes the rollout of the treatment—are not statistically distinguishable from zero, relative to the base

period.18 This is encouraging as it reduces possible endogeneity concerns. Consistent with Table

4 (which measures the differences on average between “before” months and “after” months), we

distinguish a stronger effect in crime reports by female migrants, whereas we barely distinguish

any robust effect in such reports by male migrants. (This occurred only in the last few months of

2019, more than a year after the program rollout). As such, the positive coefficients in the post-

August 2018 period for all Venezuelans (upper panel) stem almost entirely from female migrants.

In addition, the uptake in crime reports by female migrants seems to continue for more than a

17Results are based on OLS estimates due to the limitation of having only one instrument.
18When limiting the dependent variable to reports by male Venezuelan migrants, there are instances

before the treatment where the estimator suggests there is a statistically significant difference between lo-
calities for different levels of treatment. However, the point estimates in those instances are very small.
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Figure 3. Event Studies, Total Crime Reports by Gender
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Notes: The figure presents the estimation of an event study based on specification (1). It estimates the effect
of the treatment interacted with 12 quarter dummies from Q1 of 2017 to Q4 of 2019. The gray vertical line
represents the beginning of the rollout of the PEP-RAMV amnesty program in August 2018. The results are
based on OLS estimates. The whiskers represent 95 percent confidence intervals based on standard errors
clustered at the city level.
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year after the amnesty, implying that it is not an immediate effect that subsequently reverts to

pre-trend levels.

These results reinforce our interpretation that empowerment—especially female empowerment—

propels the patterns. Once their fear of deportation and other repercussions drops significantly,

these migrants report more crimes to the police. This is particularly true for crimes such as do-

mestic violence and sex crimes that disproportionately affect women. Qualitative interviews with

Venezuelan migrants reinforced our sense that having the PEP-RAMV migratory status empow-

ered them to report human rights abuses without fearing punishment.

IV. B What Do PEP-RAMV Holders Say about Filing Crime Reports?

We also leverage data from the Venezuelan Refugee Panel Study (VenRePs) that interviewed a

representative sample of Venezuelan PEP-RAMV holders and nonholders in 2021 to examine the

amnesty’s effects on migrant welfare.19 One survey question asked respondents if they had re-

ported being a victim of a crime to the police or any other institution. The responses are in Figure

4. Results for the full sample are in the left panel and by gender in the right panel. First, the

results show strikingly low reporting rates across the board for migrants who were victims of a

crime. Second, they confirm that migrants with the PEP-RAMV reported crimes at higher rates

than migrants without the PEP-RAMV. In fact, 9.9 percent of household heads with PEP-RAMV

reported a crime; this number is lower for those without PEP-RAMV (8.7 percent).

Third, the results by gender confirm our main conclusions by showing small differences between

men with and without the PEP-RAMV (of less than one percent) and more substantial differences

for women. Particularly, female victims of a crime reported the event 11.8 percent of the time if

they had the PEP-RAMV but only 9.4 percent of the time if they did not have the PEP-RAMV.

The difference in reporting rates between PEP-RAMV holders and nonholders is only statistically

significant for women, as documented in Appendix Table C1.

19See Ibáñez et al. (2022) for details of the sampling strategy.
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Figure 4. Has Filed a Complaint for Any Reason with the Police or Any Institution
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Notes: The figure presents the propensity to file a complaint with the police or any official body. We present
results for all, male, and female heads of households using the VenRePs Survey collected by Ibáñez et al.
(2022).
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V IMPACTS OF THE AMNESTY ON CRIMES COMMITTED BY VENEZUELANS

To complement our main results, we also study the effects of the PEP-RAMV amnesty on crimes

committed by Venezuelan migrants. For this purpose, we employ data from Colombia’s Office

of the Attorney General. The data includes information about all criminal cases in Colombia that

are in trial or have yielded convictions, including information on the year the crime occurred, the

type of crime, and the gender, age, and nationality of the indicted individual. We use the 2SLS

specification described in section to evaluate the effects of the amnesty on the rate of total crimes

directly committed by Venezuelan migrants. We focus on crimes committed in capital cities after

2017 and before 2021. In the data, 97.11 percent of crimes (178, 483) were committed by Colombian

nationals and 2.8 percent (5, 312) were committed by Venezuelan migrants.

The results in Table 5 are estimates for total crime rates and for crimes committed by men and

women, separately. They confirm no impacts of the PEP-RAMV amnesty on the rates of crimes

committed by Venezuelan migrants in Colombia.
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Table 5. Impacts of the Amnesty on Crimes Committed by Venezuelan Migrants

Homicides Threats Domestic Viol. Thefts Sex Crimes Total Crimes
(1) (2) (3) (4) (5) (6)

Panel A. All Venezuelans
PEPc × I[PostAugust2018]t -0.1459 -0.0976 -0.2166 0.2741 0.2192 -0.1507

(0.167) (0.097) (0.249) (0.257) (0.174) (0.332)
CrimesTOT

ct 0.0329 0.1020*** 0.3341*** 0.2572* 0.3405** 0.8864***
(0.090) (0.031) (0.085) (0.145) (0.151) (0.297)

R-squared 0.66 0.70 0.60 0.71 0.83 0.68
KP F Stat 9.73 10.76 9.76 10.53 11.65 9.49
Panel B: Male Venezuelans
PEPc × I[PostAugust2018]t -0.1944 -0.0528 -0.1868 0.2385 0.2291 -0.2301

(0.125) (0.070) (0.241) (0.236) (0.168) (0.323)
CrimesTOT

ct 0.0791 0.0949*** 0.3418*** 0.2066 0.3645** 0.9187***
(0.098) (0.027) (0.083) (0.134) (0.144) (0.245)

R-squared 0.68 0.73 0.61 0.69 0.84 0.71
KP F Stat 9.73 10.76 9.76 10.53 11.65 9.49
Panel C: Female Venezuelans
PEPc × I[PostAugust2018]t 0.0233 -0.0806 -0.0150 -0.0108 -0.0009 -0.1247

(0.069) (0.077) (0.077) (0.123) (0.019) (0.172)
CrimesTOT

ct -0.0441 0.0137 0.0382 0.0634 -0.0471 0.2625
(0.063) (0.015) (0.047) (0.064) (0.034) (0.202)

R-squared 0.65 0.66 0.60 0.61 0.55 0.67
KP F Stat 9.73 10.76 9.76 10.53 11.65 9.49
Observations (All Panels) 150 150 150 150 150 150

Notes: The table presents estimates for the identification strategy described in section B. B, using crimes rates
per 100,000 inhabitants committed by Venezuelan migrants as the dependent variable. Panel A presents
results for the full samples. Panel B presents results for men and panel C for women. The variableCrimeTot

ct

is the inverse hyperbolic sine of the total crimes for the same type of crime per 100,000 inhabitants. All
columns include city and year fixed effects as well as the set of controls described in section III. B. Standard
errors are clustered at the city level.

VI CONCLUDING REMARKS

This study examined the effects on crime-reporting behavior of an amnesty that granted regular

migratory status to approximately 281,000 Venezuelan migrants in Colombia. We find that cities

where more Venezuelans received regular migratory status experienced an increase in crime re-

ports by these migrants. Our results stem from reports of domestic violence and sex crimes as

well as from reports by female migrants.
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By focusing on reports of crime to local authorities, we capture a behavioral change consistent with

the empowerment of a highly vulnerable population. Our results consequently have important

implications because they reflect the social benefits of migrant amnesty programs that often go

unnoticed because they are difficult to measure. We hope these results enable more studies of

migrant behavioral changes to ultimately facilitate policies that protect undocumented migrants.
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Undocumented Immigrants’ Underreporting of Crime and their Victimization,” Journal of Policy

Analysis and Management, 39 (4), 1214–1245.

31



Devillanova, Carlo, Francesco Fasani, and Tommaso Frattini (2018) “Employment of undocu-

mented immigrants and the prospect of legal status: evidence from an amnesty program,” ILR

Review, 71 (4), 853–881.

Duflo, Esther (2001) “Schooling and Labor Market Consequences of School Construction in In-

donesia: Evidence from an Unusual Policy Experiment,” American Economic Review, 91 (4), 795–

813.

Fasani, Francesco (2018) “Immigrant crime and legal status: evidence from repeated amnesty pro-

grams,” Journal of Economic Geography, 18 (4), 887–914.

Fasani, Francesco, Giovanni Mastrobuoni, Emily G. Owens, and Paolo Pinotti (2019) Does Immi-

gration Increase Crime?: Migration Policy and the Creation of the Criminal Immigrant: Cambridge

University Press.

Freedman, Matthew, Emily Owens, and Sarah Bohn (2018) “Immigration, Employment Opportu-

nities, and Criminal Behavior,” American Economic Journal: Economic Policy, 10 (2), 117–51.

Hainmueller, Jens, Dominik Hangartner, and Dalston Ward (2019) “The effect of citizenship on the

long-term earnings of marginalized immigrants: Quasi-experimental evidence from Switzer-

land,” Science advances, 5 (12).

Harder, Niklas, Lucila Figueroa, Rachel M. Gillum, Dominik Hangartner, David D. Laitin, and

Jens Hainmueller (2018) “Multidimensional measure of immigrant integration,” Proceedings of

the National Academy of Sciences, 115 (45), 11483–11488.
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A EXTENDED SUMMARY STATISTICS

A. A RAMV Registration Points

Figure A1 plots the different Colombian municipalities with a physical registration point for the

RAMV program between April and June 2018.

A. B Further Crime Report Statistics

Table A1 presents the total crimes reported per 100,000 inhabitants. Total crimes, in our sample,

range from 0 to 181, or relatively small numbers. However, Venezuelans comprise a small share of

the Colombian population, so we would not expect a very large number of crime reports by such

a small minority. Theft is the most common type of crime by far.

Table A1 presents the crimes reported in our sample per 100,000 local inhabitants, by gender.

The upper panel presents crime reports by Venezuelan men while the lower panel presents crime

reports by Venezuelan women. On average, women report about 30 percent more crimes than

men (using the total crimes figure). As expected, this is mostly driven by reports of domestic

violence and sex crimes, for which Venezuelan women report twice as many and seven times as

many, respectively.

A. C Instrumental Variable

Figure A2 plots the distribution of the average registration days per municipality in our sample,

our instrumental variable. As can be seen, the variable distributes between the values of roughly

80 to 120 days, resembling a normal distribution.
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Figure A1. RAMV Registration Points

Notes: The figure marks Colombian municipalities with physical registration points for the RAMV registry
between April and June of 2018. Marker size is proportional to the number of points per municipality.
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Table A1. Descriptive Statistics - Crime Reports Rates

Observations Average STD Min Max
Panel A: Total Crime Reports (rates per 100,000)
Homicides (per 100K) 1,080 1.99 1.81 0.00 18.97
Threats (per 100K) 1,080 12.00 8.46 0.00 52.82
Domestic Violence (per 100K) 1,080 20.82 13.42 0.00 98.67
Thefts (per 100K) 1,080 83.80 30.95 12.69 193.44
Sex Crimes (per 100K) 1,080 7.95 4.61 0.00 31.16
Total Crimes (per 100K) 1,080 127.17 40.56 40.49 266.15
Panel B: Crime Reports by Venezuelans (rates per 100,000)
Homicides (per 100K) 1,080 0.08 0.42 0.00 4.88
Threats (per 100K) 1,080 0.04 0.24 0.00 3.07
Domestic Violence (per 100K) 1,080 0.15 0.49 0.00 9.18
Thefts (per 100K) 1,080 0.44 0.90 0.00 14.65
Sex Crimes (per 100K) 1,080 0.08 0.42 0.00 6.12
Total Crimes (per 100K) 1,080 0.79 1.63 0.00 19.59
Panel C: Crime Reports by Venezuelan Males (rates per 100,000)
Homicides (per 100K) 1,080 0.07 0.38 0.00 4.88
Threats (per 100K) 1,080 0.02 0.14 0.00 3.06
Domestic Violence (per 100K) 1,080 0.02 0.20 0.00 4.74
Thefts (per 100K) 1,080 0.22 0.45 0.00 5.44
Sex Crimes (per 100K) 1,080 0.01 0.12 0.00 3.06
Total Crimes (per 100K) 1,080 0.34 0.72 0.00 8.71
Panel D: Crime Reports by Venezuelan Females (rates per 100,000)
Homicides (per 100K) 1,080 0.01 0.15 0.00 4.78
Threats (per 100K) 1,080 0.02 0.18 0.00 3.06
Domestic Violence (per 100K) 1,080 0.12 0.44 0.00 9.18
Thefts (per 100K) 1,080 0.22 0.68 0.00 14.65
Sex Crimes (per 100K) 1,080 0.07 0.39 0.00 6.12
Total Crimes (per 100K) 1,080 0.45 1.19 0.00 15.24

Notes: The Table reports the summary statistics of the crime reports per 100,000 inhabitants used in our
study for 1,080 observations that correspond to 30 cities and 36 months, as reported in total (panel A), by
Venezuelans (panel B), by Venezuelan men (panel C) and by Venezuelan women (panel D).
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Figure A2. Distribution of Instrumental Variable
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Notes: The figure plots the distribution of the average registration days per municipality using municipali-
ties in our sample.

Figure A3 visualizes the relationship between the average registration days per municipality (de-

tailed in the main body of the text, in section III. C) against the number of Venezuelans in that

same municipality who received the PEP-RAMV per 100,000 inhabitants. This visualization cor-

responds to the first stage of the 2SLS estimation described in our identification strategy.
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Figure A3. Visualization of First Stage
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Notes: The figure plots the average registration days per municipality against the number of Venezuelans
in that same municipality who received the PEP-RAMV per 100,000 inhabitants. The graph uses only
municipalities in our sample.

A. D Evolution of Crime Reports by Venezuelans

Figure A4 presents the average reports of total crimes by Venezuelan migrants, as a share of total,

for municipalities below and above median in terms of the treatment (e.g., the share of Venezue-

lans with the PEP-RAMV holders for each 100,000 inhabitants) aggregated by quarters. This uses

only raw data, with no controls whatsoever. As a purely descriptive exercise, the graph shows that

both groups of cities had somewhat parallel trends up to the second quarter of 2018, after which

there was a divergence: more reports were filed in municipalities that had more Venezuelans with

the PEP-RAMV than in municipalities that had fewer Venezuelans with the PEP-RAMV.
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Figure A4. Evolution of Crime Reports by Venezuelans, by Treatment Intensity
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Notes: The figure plots the evolution of total crime reports by Venezuelans, as a share of total crime reports,
for cities with treatment (i.e., PEP-RAMV holders per 100,000 inhabitants) above median and below median.
The dashed vertical line marks August 2018, when the announcement and subsequent rollout of the PEP-
RAMV started.

Figure A5. Evolution of Total Crimes by Venezuelans, by Treatment Intensity
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Notes: The figure plots the evolution of total crimes by Venezuelans, as a share of total crime cases indicted
by Fiscalı́a, for cities with treatment (i.e., PEP-RAMV holders per 100,000 inhabitants) above median and
below median. The dashed vertical line marks the announcement and subsequent rollout of the PEP-RAMV.
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Table B1. Results Using Crime Rates by Venezuelans (Not Controlling by Total Crime Rates)

Homicides Threats Domestic Viol. Thefts Sex Crimes Total Crimes
(1) (2) (3) (4) (5) (6)

Panel A. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.0517*** 0.0179 0.0279 0.0354 0.0203*** 0.0725***

(0.015) (0.016) (0.020) (0.023) (0.007) (0.026)
Adj R-squared 0.30 0.23 0.42 0.57 0.36 0.65
Panel B. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.0489*** 0.0253 0.0747** 0.0321 0.0503*** 0.0942**

(0.017) (0.017) (0.035) (0.035) (0.017) (0.046)
R-squared 0.09 0.10 0.16 0.17 0.18 0.18
KP F Stat 21.51 21.51 21.51 21.51 21.51 21.51
Observations (All Panels) 1,080 1,080 1,080 1,080 1,080 1,080

Notes: The table presents the OLS (upper panel) and 2SLS (lower panel) estimations. Columns (1) to (5)
present results using different types of crime reports by Venezuelans per 100,000 inhabitants as the depen-
dent variable, in their inverse hyperbolic sine form. The different crimes are homicides, threats, domestic
violence, thefts, and sex crimes. Column (6) presents results for the totality of all crime reports. All columns
include city and month-year fixed effects as well as the set of controls described in section III. B. Standard
errors are clustered at the city level.

B ROBUSTNESS TESTS

B. A Using Crime Rates (without controls)

We also present reports with an alternative specification, using rates for crime reports by Venezue-

lans but without controlling for total crimes. This specification excludes CrimeReportsTotct (that

naturally include reports by Venezuelans). The results are in Table B1 and are qualitatively robust

to our main results.

Similarly, we present analogous results to Table 4, exploiting crime reports by gender, using this

alternative specification. Here too, we find our results to be robust. The results are reported in

Table B2 below.

B. B Alternative Identification Strategy

An alternative identification strategy exploits the variation in the number of Venezuelan undoc-

umented migrants who received regular migratory status based on the previous allocation of

Venezuelan migrants in Colombia, using data from the 2005 Census. This is widely used when it
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Table B2. Results Using Crime Rates (Not Controlling by Total Crime Reports), by Gender

Male Total Crimes Female Total Crimes
(1) (2)

Panel A. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.0201 0.0956***

(0.019) (0.027)
Adj R-squared 0.53 0.54
Panel B. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.0125 0.1486***

(0.029) (0.046)
R-squared 0.13 0.20
KP F Stat 21.51 21.51
Observations (All Panels) 1,080 1,080

Notes: The table presents the OLS (upper panel) and 2SLS (lower panel) estimations. Column (1) presents re-
sults using crime reports by Venezuelan male migrants per 100,000 inhabitants, whereas column (2) presents
results using crime reports by Venezuelan female migrants per 100,000 inhabitants, both in their inverse
hyperbolic sine form. All columns include city and month-year fixed effects as well as the set of controls
described in section III. B. Standard errors are clustered at the city level.

comes to immigration stocks, since the assumptions required for the estimators to be considered

unbiased (when instrumenting for historical migrant presence) are reasonable.

In this case, the exclusion restriction assumption must be that the historical presence of Venezuelan

migrants in different Colombian cities can explain future changes in crime reporting by Venezue-

lans immediately after the amnesty process only and only through the treatment, which in our case

is the number of Venezuelan undocumented migrants who received regular migratory status in

2018.

The results for the main specification are in Table B3. First, it is worth noting based on the

Kleibergen-Paap F statistic that, for all the estimations, the first stage is strong as expected: the

presence of Venezuelan migrants in 2005 can explain the number of Venezuelans who received

regular migratory status in 2018.

For the most part, our results are consistent with the main estimation that uses the average number

of registration days to instrument for the treatment. In terms of total crimes (last column), we see

that in cities where more Venezuelan migrants received regular migratory status, there was an

8



Table B3. Results using historical presence of Venezuelan migrants as IV (2SLS)

Homicides Threats Domestic Viol. Thefts Sex Crimes Total Crimes
(1) (2) (3) (4) (5) (6)

PEPc × I[PostAugust2018]t 0.0174*** 0.0005 0.0013 0.0015** 0.0020 0.0021***
(0.006) (0.001) (0.001) (0.001) (0.001) (0.000)

R-squared 0.07 0.08 0.19 0.20 0.17 0.34
KP F Stat 19.93 19.93 19.93 19.93 19.93 19.93
Observations (All Panels) 1,080 1,080 1,080 1,080 1,080 1,080

Notes: The table presents 2SLS estimations using the historical presence of Venezuelan immigrants as in-
strumental variable. The dependent variables are transforming using the inverse hyperbolic sine transfor-
mation. All columns include city and month-year fixed effects as well as the set of controls described in
Section III. B. Standard errors are clustered at the city level.

increase in crime reporting by Venezuelans (that is not explained by an increase in crimes). But

some of the estimates lost precision, namely when looking at reports of domestic violence and

sex crimes. However, we do see across the board positive point estimates despite not always

precise. The small discrepancies, we believe, might well be because of the source of exogenous

variation being used using this identification strategy, which is based on historical settlements

of Venezuelan migrants in Colombia. Namely, these estimations might be more representative

of activities in the largest cities in this sample (such as Bogotá, Cali and Medellin, for instance),

whereas in the main specification, the results might be more representative of bordering cities,

where more vulnerable populations typically live.

When differentiating crime reporting by gender using this identification strategy, presented in

Table B4, we find consistent results, too, to those documented in Table 4, hinting that our effects

are driven by reports of female immigrants.
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Table B4. Results using historical presence of Venezuelan migrants as IV, by Gender (2SLS)

Male Total Crimes Female Total Crimes
(1) (2)

PEPc × I[PostAugust2018]t 0.0004 0.0017***
(0.000) (0.001)

R-squared 0.13 0.28
KP F Stat 19.93 19.93
Observations (All Panels) 1,080 1,080

Notes: The table presents 2SLS estimations using the historical presence of Venezuelan immigrants as in-
strumental variable. The dependent variables are transforming using the inverse hyperbolic sine transfor-
mation. All columns include city and month-year fixed effects as well as the set of controls described in
Section III. B. Standard errors are clustered at the city level.
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B. C Department Aggregation

Table B5. Impacts of the PEP Amnesty on Crime Reports by Migrants

Homicides Threats Domestic Viol. Thefts Sex Crimes Total Crimes
(1) (2) (3) (4) (5) (6)

Panel A. OLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.006 0.002 0.007*** 0.001** 0.003** 0.002**

(0.004) (0.001) (0.002) (0.000) (0.001) (0.001)
q-values [0.074] [0.062] [0.020] [0.024] [0.030] [0.011]
bootstrap p-val. [0.243] [0.239] [0.012] [0.069] [0.040] [0.001]
Adj R-squared 0.379 0.154 0.354 0.458 0.370 0.632
Panel B. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.017*** 0.015 0.035** 0.030 0.017* 0.075**

(0.004) (0.009) (0.016) (0.014) (0.010) (0.021)
q-values [0.011] [0.074] [0.042] [0.046] [0.074] [0.011]
bootstrap p-val. [0.009] [0.328] [0.020] [0.157] [0.072] [0.001]
CrimeReportsTOT

ct 0.046* 0.032*** 0.063** 0.181*** 0.056 0.488***
(0.025) (0.010) (0.027) (0.053) (0.039) (0.097)

Adj R-squared 0.590 0.216 0.364 0.573 0.333 0.684
Panel C. 2SLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.001 0.000 0.014** 0.003** 0.007** 0.005**

(0.006) (0.002) (0.006) (0.001) (0.002) (0.002)
q-values [0.196] [0.196] [0.032] [0.024] [0.020] [0.011]
bootstrap p-val. [0.870] [0.892] [0.001] [0.029] [0.002] [0.015]
Adj R-squared 0.080 0.058 0.102 0.137 0.135 0.260
KP F Stat 11.36 11.36 11.36 11.36 11.36 11.36
Panel D. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.040*** 0.011 0.087* 0.053 0.059** 0.131**

(0.014) (0.015) (0.046) (0.038) (0.027) (0.047)
q-values [0.020] [0.165] [0.053] [0.082] [0.042] [0.022]
bootstrap p-val. [0.040] [0.541] [0.003] [0.268] [0.003] [0.009]
CrimeReportsTOT

ct 0.045* 0.032*** 0.075** 0.181*** 0.062 0.492***
(0.024) (0.011) (0.030) (0.053) (0.042) (0.091)

Adj R-squared 0.168 0.095 0.110 0.178 0.138 0.219
KP F Stat 11.32 11.33 11.26 11.33 11.11 11.32
Observations (All Panels) 1,152 1,152 1,152 1,152 1,152 1,152

Notes: he table presents the OLS and 2SLS estimations of specification (1). All columns include city and
month-year fixed effects as well as the set of controls described in section III. B. Standard errors are clustered
at the city level. Cluster-robust wild-bootstrap p-values, and q-values are presented in square brackets.

11



Table B6. Impacts of the PEP Amnesty on Crime Reports by Migrant’s Gender

Male Total Crimes Female Total Crimes
(1) (2)

Panel A. OLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.001 0.002***

(0.000) (0.000)
q-values [0.026] [0.007]
bootstrap p-val. [0.109] [0.000]
Adj R-squared 0.477 0.481
Panel B. OLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.028** 0.063***

(0.013) (0.018)
q-values [0.026] [0.007]
bootstrap p-val. [0.146] [0.008]
CrimeReportsTOT

ct 0.102 0.414***
(0.052) (0.100)

Adj R-squared 0.580 0.552
Panel C. 2SLS - Crime Reports by Venezuelans (share of all reports)
PEPc × I[PostAugust2018]t 0.001 0.004***

(0.001) (0.001)
q-values [0.054] [0.007]
bootstrap p-val. [0.194] [0.009]
Adj R-squared 0.122 0.179
KP F Stat 11.36 11.36
Panel D. 2SLS - Crime Reports by Venezuelans (rates per 100K)
PEPc × I[PostAugust2018]t 0.026 0.167***

(0.032) (0.051)
q-values [0.120] [0.007]
bootstrap p-val. [0.521] [0.009]
CrimeReportsTOT

ct 0.102* 0.423***
(0.052) (0.090)

Adj R-squared 0.142 0.188
KP F Stat 11.32 11.32
Observations (All Panels) 1,152 1,152

Notes: The table presents the OLS and 2SLS estimations of specification (1). All columns include city and
month-year fixed effects as well as the set of controls described in section III. B. Standard errors are clustered
at the city level. Cluster-robust wild-bootstrap p-values, and q-values are presented in square brackets.
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C EVIDENCE FROM OTHER SOURCES OF INFORMATION

Table C1. Has filed a complaint for any reason with the police or any institution

PEP No-PEP Difference STD p-value
Observations Mean Observations Mean
Panel A. All Sample
1,481 0.099 1,369 0.087 0.012 0.010 0.140
Panel B. Male Sample
965 0.088 710 0.080 0.008 0.010 0.290
Panel C. Female Sample
516 0.118 659 0.094 0.024 0.020 0.090*

Notes: The table presents results from paired two sample t-test between Head of household with PEP vs
Head of household with no PEP in the propensity to fill a complaint for any reason with the police or any
official body. First panel presents results for full sample, the second panel presents results only for male
head households and the third panel presents results for female head households. We present the p-value
for the following alternative hypothesis Ha : µpep > µnopep
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