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ditions of ultra-poor households hold up against the 
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and climate shocks? Five years after receiving an economic 
livelihoods package, and shortly prior to the 2021 regime 
change, “ultra-poor” women in Afghanistan continued 
to have significantly higher levels of consumption, assets, 
market work participation, financial inclusion, children’s 
school enrollment, and women’s psychological well-being 

and empowerment, relative to the control group. House-
holds boost resilience by diversifying productive activities 
and the program improves equality by reducing the gaps 
between ultra-poor and non-ultra- poor households across 
multiple dimensions. The results illustrate how an increas-
ingly popular approach to improve the conditions of the 
very poor through a one-off “big push” intervention can 
strengthen household resilience through multiple shocks 
in one of the most fragile settings worldwide.
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1 Introduction

More than 700 million people live in extreme poverty worldwide. This includes an estimated 97 million

who were pushed into extreme poverty due to the COVID-19 pandemic, reversing the positive global trend

for the first time since 1997 and highlighting the precarious nature of the large development gains achieved

over the past 30 years (Lakner et al., 2021; World Bank, 2022a; Kharas & Dooley, 2021). Two-thirds of

this extreme poor population are expected to live in fragile and conflict-affected areas by 2030, where social

protection is weak and households have limited access to coping mechanisms, making them particularly

vulnerable to the increasing frequency of conflict, climate and economic shocks (Corral et al., 2020; Bousquet

& Bronkhorst, 2021; Wellenstein et al., 2022). These settings are also where evidence is most limited due to

the practical challenges with generating rigorous evidence under these conditions (Tollefson, 2022; Blattman

& Ralston, 2015). This raises concerns that, even as global evidence increases, site selection may bias our

understanding of the effectiveness of future poverty reduction strategies (Allcott, 2015). Identifying anti-

poverty strategies that are resilient to conflict, climate and economic shocks will be critical for ensuring that

the significant development gains can be recovered and sustained.

In 2016, women in some of the poorest and most marginalized households in Afghanistan’s Balkh province

received a multi-faceted intervention (the Targeting the Ultra-Poor Program, or TUP) to help them create

sustainable livelihoods and move out of extreme poverty. Aimed at addressing multiple constraints faced

by the ultra-poor, the intervention included an asset transfer (typically cows), a monthly cash stipend,

and coaching for twelve months. In 2018, two years after the asset transfer, results from a randomized

control trial (RCT) showed significant impacts across a range of well-being indicators. The treatment

increased households’ consumption and revenues, reduced food insecurity, improved psychological well-being

for women and men, increased women’s market work participation (reducing their idle time), improved

children’s school attendance and physical health, and reduced their poverty prevalence by 20 percentage

points, compared to the control group (Bedoya et al., 2019). Not only did the program improve the lives of

treatement UP household members in a fragile context, but it also helped reduce gender gaps and improve

women’s empowerment in a setting with particularly binding constraints for women’s participation in social

and economic activities.

Shortly following the promising short-term results, the country was beset by multiple crises between 2018

and 2021: severe droughts in 2018 and 2021, escalating violence, and the COVID-19 pandemic fundamentally

affected Afghans’ livelihoods, health and security. TUP-type programs have begun to show promising long-

term impacts in more secure locations and under more stable macroeconomic conditions (Banerjee et al.,
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2021; Bandiera et al., 2017; Balboni et al., 2021).1 However, it is unclear how resilient these improvements

could be in harsher conditions, with concurrent climate, health and security shocks, where much of the

world’s future poverty reduction will need to take place.

In this paper, we present longer-term impacts of the TUP program in Afghanistan, approximately five

years after the asset transfer—shortly prior to the country’s regime change in August 2021. The TUP pro-

gram was able to sustain positive, albeit attenuated, impacts in the longer term across multiple dimensions,

strengthening the resilience of ultra-poor households and reducing gaps with non-ultra-poor households.

Improvements in non-durable consumption alone are estimated to cover the cost of the program within five

years, without accounting for multiple non-monetized improvements, such as in psychological well-being,

schooling, durable consumption, and women’s empowerment.

There are four sets of results to highlight. First, we show that households across all socioeconomic

conditions were severely affected by the concurrent crises. Comparing outcomes for ultra-poor (UP) control

households and a representative sample of the rest of the population in their villages, the non-ultra poor

(non-UP) households, we find that income and revenues, and food consumption decreased by approximately

one-third in both groups between midline (2 years after the asset transfer) and endline (5 years after the

asset transfer).2 While treatment households also experienced absolute reductions in consumption, revenues

and income during this large economic contraction, many of the impacts relative to the control group are

sustained, although with some attenuation. treatment households have 16% higher consumption levels and

32% higher income and revenues than control households, and continue to report improvements across

multiple dimensions including women’s and men’s market participation, women’s psychological well-being

and empowerment, and children’s school enrollment, compared to their control counterparts.

Second, we show that, the ability to diversify through productive activities and income sources is an

important mechanism for the long-lasting impacts we find for the TUP in Afghanistan. This is consistent

with results from TUP programs evaluated in more stable conditions, highlighting the importance of this

mechanism across contexts (Bandiera et al., 2017; Banerjee et al., 2021; Balboni et al., 2021). While we

see a divestment from the original livestock asset (typically cows) over time, treatment households continue

to have significant livestock assets (almost six times the value of the control groups’), together with higher

diversification across assets, occupations, and associated income sources (other livestock, wage labor, and

agricultural income), compared to the control group.

Third, while multiple crises faced by all households since midline have reduced their welfare, we observe

protective effects of the TUP program in three ways: first, treatment households show sustained impacts

1These are also sometimes referred to as “graduation” programs.
2For simplicity, in this paper we refer to the data collection round 2 years after the asset transfer as “midline” and the data

collection round 5 years after the transfer as “endline.”
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over control, despite overall reductions in well-being. Second, treatment households have more diverse

income sources and use more sustainable coping mechanisms (i.e., they rely less on loans, gifts and child

labor to cope with shocks, in a context where external support do not represent a significant source of

income), compared to control households. Finally, treatment households are 20 percentage points (53%)

more likely to have recovered to some extent from shocks occurred in the previous year compared to control

households reporting similar shocks affecting their livelihoods. These results suggest that the program was

able to provide protection and strengthen treatment households’ resilience, that is, their ability to cope with

or limit the effects of shocks, which can help protect their potential future consumption and investments.

This implies a potential role of similar programs in strengthening resilience, even while households are still

enduring the effects of significant shocks.

Finally, we explore whether the TUP program can impact economic and other well-being gaps between

ultra-poor and non-ultra poor households. The ultra-poor originally started off as the poorest households

in the communities where they were identified (the bottom 6% of the study villages). Five years after

the asset transfer, the TUP program was able to reduce gaps across income and revenues, food security,

and consumption between treatment households and the rest of the households in their villages (non-UP

households, 94% of the population). Furthermore, treatment households now appear more similar to non-

UP households than their UP control counterparts, closing gaps across a number of dimensions, including

psychological well-being, school enrollment and income, while extending gains even beyond non-UP levels in

terms of reduced reliance on loans for consumption and health shocks, increased savings, livestock value, and

women’s empowerment. Taken together, there is a clear and significant contribution of the TUP program

to the reduction of inequality across multiple dimensions of well-being in the villages where the TUP was

implemented.

This study contributes to the existing literature in three ways: (i) providing some of the first evidence

of long-term impacts of a TUP program in a conflict-affected area; (ii) articulating a mechanism through

which a TUP program is able to achieve protective benefits amidst multiple concurrent economic, health

and climate shocks; and (iii) highlighting the role of a TUP program on reducing inequality.

First, while longer-term impacts of the TUP have been documented in Bangladesh and India, these have

been in stable settings and under positive macroeconomic conditions (Bandiera et al., 2017; Banerjee et al.,

2021; Balboni et al., 2021).3 This is the first experimental evidence of a TUP program’s long-lasting effects

across multiple well-being indicators in one of the most fragile settings in the world.4,5 It is also the most

3A multifaceted project targeting poor young people (vs. ultra-poor primary women) in Uganda finds positive impacts 4
years after asset transfer but these dissipate by year 9 due to control group catch-up (Blattman et al., 2013, 2020).

4Even prior to the political events of August 2021, Afghanistan was rated as the least peaceful of 163 countries in 2019
(Institute for Economics and Peace, 2019).

5Brune et al. (2022) report mixed impacts after four years from an impact evaluation of a TUP program in the Republic of
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fragile setting in which a TUP program has ever been evaluated, with battle-related fatalities estimated at

172 per 100,000 people during the study period.6

Second, we present evidence of the protective effects of the TUP program amidst multiple concurrent

exogenous shocks, and explore the potential mechanisms through which the program strengthens resilience

under such system-wide crises. Shorter-term impacts in fragile and conflict-affected settings have been

observed in Afghanistan, Niger, South Sudan, and the Democratic Republic of Congo (Bedoya et al., 2019;

Bossuroy et al., 2022; Chowdhury et al., 2017; Angelucci et al., 2023). While countries face structural fragility

and security conditions (with some facing worsening conflict and associated economic effects), the combined

health, economic and climate shocks experienced during this study provide an important opportunity to

understand coping mechanisms and resilience to multi-dimensional shocks which are expected to be an

increasing feature of poverty reduction strategies in the future. While protective effects of similar multi-

faceted interventions against external shocks in non-fragile settings have been documented (see Macours et

al. (2022) for a “cash plus” intervention), we are not aware of studies on TUP’s effectiveness in building

resilience in the context of fragility and multiple concurrent exogenous shocks to date.

Third, we present evidence that TUP programs have the potential to reduce village-level inequality,

enduring through significantly harsh conditions. This builds on the existing evidence from Bangladesh where,

despite significant inequality at baseline between ultra-poor and non-ultra-poor households, the program

allowed treatment households to accumulate assets and take on occupations similar to non-UP households,

reducing gaps with the next socioeconomic category to the ultra-poor, the near-poor, four years after the

asset transfer (Bandiera et al., 2017).

The paper proceeds as follows: Section 2 describes the nature of the shocks experienced by Afghans

during the period between study’s midline and endline surveys and the trends in critical outcomes for non-

treated households during this period. Section 3 describes the TUP program and Section 4 explains the

study design. We present the main results in Section 5, present a discussion on mechanisms in Section 6,

provide a benchmarking of these results against non-UP socioeconomic conditions in Section 7, and discuss

costs and benefits of the program in Section 8. Section 9 concludes.

Yemen during an onset of social unrest but changes in the implementation post-randomization affected the study’s ability to
reliably measure with precision impacts across multiple dimensions. Therefore, the authors are unable to determine whether the
lack of impacts on some dimensions are due to the crisis or to the compromise in the design for the implementer re-qualification
process after the randomization (Brune et al., 2022).

6Own estimates using the yearly battle-related civilian and military deaths for the years in which the TUP was implemented
in each country Pettersson et al. (2021), divided by the country’s population from the World Bank’s World Development
Indicators. Afghanistan’s battle-related deaths estimate is 17 times as large as Pakistan’s (10 battle-related deaths per 100,000
people); 7 times as large as the Republic of Yemen’s (24 per 100,000 people); and 6 times as large as South Sudan’s (29 per
100,000 people), for the years when the TUP studies took place in each country. The periods include intervention and impact
analyses as follows: 2016-2018 for Afghanistan, 2009-2013 for Pakistan, 2010-2014 for Yemen, and 2013-2015 for South Sudan.
The average battle-related casualties per year were also much higher in Afghanistan (58 per 100,000 people), followed by South
Sudan (9.8), Yemen (4.8), and Pakistan (2.4).
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2 Context

In the years before the political events of August 2021, Afghanistan had been experiencing significant

compounding challenges. A drought in 2018 was the worst the country had experienced in over a decade,

with almost half of the population reporting that their income was significantly affected (FAO, 2019; FSAC,

2018). This was followed by dry conditions in 2020 and another devastating drought in 2021 that created

a significant deficit of wheat production and endangered the lives of more than 3 million livestock due to

lack of water (IFRC, 2021; ReliefWeb, 2022). During the same period, political tensions between the Afghan

government and the Taliban remained high, manifesting themselves through conflict and insecurity, with the

number of battle-related deaths more than doubling in 2021 compared to the 2018–2020 period (Figure II).7

This political instability ultimately culminated in the August 2021 with the regime change. The COVID-19

pandemic added fuel to the fire, seeing the economy contract by 6% in 2020 (Sahin & Tzannatos, 2021), with

many livelihoods deeply impacted—either directly through illness and death of breadwinners, or indirectly

through lockdowns and ensuing macroeconomic deterioration. The Balkh province, where the study was

conducted, was among the provinces most severely affected by both the 2018 and 2020 droughts (FSAC,

2018; IFRC, 2021). At the same time, although Balkh was relatively stable with respect to the rest of

the country during the TUP intervention implementation period (2016/2017), the security situation quickly

worsened, with Balkh experiencing more casualties per 100,000 people than the national average during the

2020–2021 period (Figure III).8,9 These factors were compounded by the COVID-19 pandemic, creating an

even more fragile and difficult context for all households in the study regions. Afghanistan was already

a fragile setting, ranked as the least peaceful of 163 countries in 2019 (Institute for Economics and Peace

(2019)).

Consistent with the simultaneous significant shocks affecting the economic opportunities, productivity,

health and security of Afghans, we observe sizeable decreases from midline to endline across multiple outcomes

in the control group and among non-UP households (Figure IV). Food consumption among UP control

households decreased by 27% between July 2018 and June 2021, while non-UP households faced an even

larger reduction of 33%. Food security indicators deteriorated across the board. The proportion of non-UP

households in which adults skipped or cut any meals in the past month increased from 33% to 68%. For UP

households this increased from 55% to 83%. Income and revenues across all sources measured decreased by

31% for UP control households and by 34% for non-UP households.

7Battle-related casualties include injuries or fatalities on the battlefield. A battle is “a violent interaction between two
politically organized armed groups at a particular time and location”. Armed Conflict Location & Event Data Project (ACLED)
(2021).

8See Figure I for a timeline of the intervention, data collection and significant events.
9All casualties include battle-related injuries and fatalities (i.e., on the battlefield) as well as casualties and fatalities off

the battlefield, such as drone strikes, suicide bombings, and other violence against civilians. Armed Conflict Location & Event
Data Project (ACLED) (2021).
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Figure I
Implementation, Study and Events Timeline

Sources. FAO (2019), FSAC (2018), ReliefWeb (2022), IFRC (2021).

Figure II
Battle-related Casualties and All Casualties in Afghanistan,

Monthly from January 2017 to June 2021

Notes. Battle-related casualties include injuries or fatalities on the battlefield. A battle is “a violent interaction between two
politically organized armed groups at a particular time and location.” All casualties include battle-related injuries and fatalities
(i.e., on the battlefield) as well as casualties and fatalities off the battlefield, such as drone strikes, suicide bombings, and other
violence against civilians. Data from Armed Conflict Location & Event Data Project (ACLED) (2022).
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Figure III
All Casualties per 100,000 People in Afghanistan and Balkh,

Annual from 2017 to 2021

Notes. All casualties include battle-related injuries and fatalities (i.e., on the battlefield) as well as casualties and fatalities off
the battlefield, such as drone strikes, suicide bombings, and other violence against civilians. Own estimates using casualties
data from Armed Conflict Location & Event Data Project (ACLED) (2022) and population data for Afghanistan from World
Bank (2022b) and Balkh province from UN OCHA (2015) (data for 2016-2017), National Statistics and Information Authority
(2020) (data for 2018-2020), and National Statistics and Information Authority (2021) (data for 2021).
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Figure IV
Midline and Endline Comparison of Select Indicators
Ultra-Poor Control and Non-Ultra Poor Households

Notes. The figure shows average indicators for the non-treated (i.e., UP control and non-UP) households from midline to endline in terms of endline proxy indicators for income
and revenues, consumption, and food security. All estimates are for the endline sample. Our food consumption proxy includes 25 food items that best predict total consumption
at baseline and midline (for details, see Online Appendix Text 2). Food consumption in constant 2018 AFN is converted into an index where endline consumption for the
control group = 1. Details on inflation estimates can be found in Online Appendix Text 3. Monetary values are in nominal USD.

https://www.dropbox.com/scl/fi/bioyi778lybxemivdq8g4/Long-term-impacts-of-the-TUP-program_OnlineAppendix.pdf?rlkey=2xjb0z4fygh9czw406av7gqlm&dl=0
https://www.dropbox.com/scl/fi/bioyi778lybxemivdq8g4/Long-term-impacts-of-the-TUP-program_OnlineAppendix.pdf?rlkey=2xjb0z4fygh9czw406av7gqlm&dl=0


3 TUP Program

Originally designed by BRAC in Bangladesh, the TUP program targets UP women and provides them

with a productive asset (typically livestock), training, mentoring, a cash stipend, and other services for a set

period until the household “graduates” into a more sustainable, self-sufficient livelihood.

The TUP program was implemented in eight Afghan provinces under the World Bank-supported Access

to Finance program between 2015 and 2021, reaching 12,698 households. The impact evaluation focuses on

Balkh province, where approximately 1,500 households were reached. The intervention was implemented

by the Microfinance Investment Support Facility for Afghanistan (MISFA), an independent apex organi-

zation. Various local nongovernmental organizations (NGOs) delivered the frontline program activities in

collaboration with MISFA.

Program villages were selected among the poorest villages in the province. A participatory rural appraisal

(PRA), through which the community ranked the population of each village based on their socioeconomic

status, was conducted to identify UP households. This was followed by a verification survey to ensure that

households met program eligibility criteria.

While similar in approach to other TUP programs, the exact design for the Afghanistan TUP was

developed by MISFA to address local constraints, and its duration was shorter than other TUP programs

implemented before (12 months vs. 18-24 months). The following components were delivered to the eligible

households:10

1. Productive asset transfer (although households could choose from several types of livestock, TUP

households mainly selected a cow with a calf or a pregnant cow; livestock was replaced if livestock

became sick or died during the program duration).

2. A monthly cash transfer (USD 15 nominal per month for 12 months).

3. Biweekly training sessions on livestock rearing and entrepreneurship for 12 months.

4. A health subsidy with a hygiene kit worth about USD 42 nominal.

5. Fortnightly mentoring visits by social organizers to discuss topics related to health, education, women’s

empowerment, financial inclusion, and social cohesion/community support.

6. Veterinary services to evaluate livestock assets and provide additional support if necessary (food sup-

plements or asset replacement).

7. Linking households to education, health, and financial institutions where needed.
10For a more detailed program description, see Bedoya et al. (2019).
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4 Design and Methods

4.1 Experimental Design and Sample

The evaluation sample comes from 80 villages in four districts of Balkh province. Households were

selected based on a wealth ranking of the entire population of households in these villages, conducted

through a Participatory Rural Appraisal (PRA), and resulting in an eligible UP group of slightly under 6%

of the population, or the census of ultra-poor households in study villages. A baseline survey was conducted

from February to April 2016. A public lottery was then held in May 2016 where 1,219 UP households in

the study villages were randomly assigned into one treatment group (491 households) and one control group

(728 households).11 Additionally, approximately 20 households in each of the study villages were randomly

drawn at baseline (excluding TUP-eligible households), which allows us to have a representative benchmark

for the TUP sample, referred throughout the paper as the non-ultra-poor (non-UP) sample. Further details

on the sample are described in Bedoya et al. (2019).

The randomization was stratified by PRA groups, with larger villages split into multiple PRA groups,

typically defined by the catchment area of a masjid (mosque). Starting in May 2016, the treatment group

received the TUP package, and the control group did not receive any of the components. A midline survey

was conducted from July to October 2018, approximately two years after the asset transfer, and an endline

survey took place over several short data collection rounds between January and June 2021, approximately

5 years after the asset transfer. Due to the COVID-19 pandemic and the escalating conflict in Afghanistan,

the endline survey was conducted by phone, with the implication that only households with a working phone

number could be surveyed. This covered 69% (839/1,219) of randomized UP households. Additionally, data

were collected from 1,081 non-UP households at endline, which represents 64% (1,081/1,679) of non-UP

households surveyed at baseline.

In this paper, we present estimates of the impact of the program on UP households with a working

phone, comparing the treatment and control groups five years after the asset transfer. As Table 1 shows,

the sample interviewed at midline is similar to the endline sample across all dimensions measured: there are

no statistically significant differences between the two groups.

11The initial design considered adding a second treatment arm, but it never materialized, which explains why the control
group is much larger than the treatment group.
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Table 1
Ultra-Poor Households’ Socioeconomic Characteristics at Baseline

Midline
Sample

Endline
Sample

Difference
(2) - (1)

p-value
(2) - (1)

(1) (2) (3) (4)

Household Characteristics
Household Size 6.190

(2.489)
6.245
(2.477)

0.055 [0.631]

Primary Woman’s Age (Years) 37.4
(11.9)

37.5
(11.7)

0.031 [0.955]

Primary Woman Is Household Head 0.202
(0.402)

0.195
(0.396)

-0.008 [0.675]

Primary Woman Is Illiterate 0.965
(0.185)

0.962
(0.191)

-0.002 [0.778]

Primary Man Is Illiterate 0.846
(0.361)

0.849
(0.358)

0.004 [0.848]

School Enrollment (Children Ages 6 to 18 Years) 0.577
(0.494)

0.581
(0.494)

0.003 [0.822]

Consumption, Poverty, and Food Security
Total Consumption per Capita (USD), Month 18.8

(16.1)
19.2
(17.1)

0.4 [0.561]

Household Is Below the National Poverty Line 0.880
(0.325)

0.873
(0.334)

-0.007 [0.637]

Any Adult Ever Skipped or Cut the Size of Meals,
Month

0.663
(0.473)

0.653
(0.476)

-0.010 [0.662]

Any Child Ever Skipped Meals or Cut the Size of
Meals, Month

0.424
(0.494)

0.422
(0.494)

-0.002 [0.921]

Assets and Debt
Household Owns Land 0.628

(0.484)
0.644
(0.479)

0.016 [0.472]

Household Owns a Mobile Phone 0.725
(0.447)

0.739
(0.439)

0.014 [0.497]

Household Has Any Savings 0.014
(0.119)

0.018
(0.134)

0.004 [0.501]

Household Has Any Outstanding Loans 0.678
(0.467)

0.687
(0.464)

0.009 [0.689]

Psychological Well-Being
Primary Woman Is Very Happy or Quite Happy 0.362

(0.481)
0.360
(0.480)

-0.001 [0.951]

Primary Woman Life Satisfaction Rating (1-10) 5.010
(2.978)

5.018
(3.012)

0.008 [0.951]

Primary Woman Is Depressed (7-CESD ≥ 8) 0.691
(0.462)

0.668
(0.471)

-0.023 [0.279]

Number of Households 1,107 817

Notes. This table is constructed using baseline data and indicators for UP households. The sam-
ple includes households surveyed in at least one of the endline data collection rounds with baseline
data available. Baseline data is not available for 6% of households. Baseline total consumption
estimate includes food (purchased, produced, and received as a gift), personal and household items,
education, health, household repairs, social expenses (weddings, funerals, religious expenses, and
other ceremonies), temptation goods, and legal expenses. The national poverty line threshold is
AFN 2,064 (US$ 30 nominal) per capita per month from the Afghanistan Living Conditions Survey
(2018). This poverty line consumption excludes legal, health, household construction, and repair ex-
penditures, and includes expenses on consumer durables and housing. We use consistent consumption
with this figure to classify households with respect to the national poverty line. The psychological
well-being measures include the Center for Epidemiologic Studies Depression (CES-D) seven-point
scale (Radloff, 1977) and questions on happiness and life satisfaction from the World Values Survey
(WVS). All monetary amounts are in nominal USD. ER for 2016 of 68.87 from the IMF (annual
average). SD = standard deviation; UP = ultra-poor; ER = exchnage rate.
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4.2 Data

4.2.1 Surveys

Household phone surveys. The woman in the household with the most knowledge and decision power,

or the primary woman, completed the endline phone survey. Four short rounds of surveys, approximately

30 minutes each, were conducted between 3 and 7 weeks apart to accommodate for the limited duration of

a phone survey.12 Some outcomes were measured in more than one phone survey round, while others were

measured only once (Table A1 in the Online Appendix). The baseline and midline surveys were conducted

in person with the primary woman (lasting 2 hours approximately) and primary man (lasting 45 minutes

approximately).13

Market surveys. A market-level survey was conducted in four districts encompassing the 80 study villages

to collect data on food prices. This was used to calculate consumption values from quantities in the household

survey. This method replicates the approach used by the Afghan government to calculate national poverty

measures before 2021. Surveyors visited the largest market in each district and collected sales prices for

all food items found in the household consumption survey. These data were collected by more than one

surveyor, and were administered in parallel with the household surveys.

4.2.2 Primary Outcomes

Here we describe the primary outcome measures at endline, collected at the household- and individual-

level from the primary woman. These are described fully in Online Appendix Text 1, where we include

the main differences with midline outcome measures, which are mostly due to the need of adjusting the

indicators to fit the time limit and other constraints faced during phone surveys.

1. Consumption proxy. A proxy for total per capita consumption is estimated using a subset of food items

consumed in the last week, and non-food expenditures in the past month or twelve months, depending

on the item.14 We followed a two-step estimation to select the subset of items that best predicted

consumption using baseline and midline data. We use district market prices from the market surveys

to estimate the value of food consumption. We report the consumption proxy as an index of real values,

where per capita consumption for control UP at endline equals 1. This allows for comparison across

12The average interval between phone survey rounds one and two was 50 days, while the average interval between survey
rounds three and four was about 20 days.

13If there was no primary man in the household, the primary woman would complete both portions of the survey, and vice
versa.

14Our consumption proxy explains 75% and 59% of the variability in consumption including UP and non-UP at baseline and
midline, respectively (see Table A2 in Online Appendix Text 2 for further details).
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rounds adjusting for inflation between midline and endline, which was particularly important for food

items (Online Appendix Text 3 presents details on real value estimates).

2. Household durable assets. An index proxy for wealth generated using principal component analysis

of the number and types of durable household assets (excluding land/property), following Filmer &

Pritchett (2001), for the durable assets available in the DHS (2015) data. The index is then normalized

to the unit standard deviation of control, with control mean equal to zero.

3. Value of livestock. Total value of livestock is calculated as the total number of TUP livestock (cows,

goats, sheep) and chickens owned by the household, multiplied by unit price, for each livestock type.

The unit price comes from the valuation given by the households for each type of livestock in nominal

USD.

4. Financial inclusion index. A standardized index including the following outcomes: (i) anyone in the

household has savings; (ii) household value of total savings; and (iii) the household’s ability to access

formal credit (i.e., from a bank or microfinance institution) for emergency purposes.

5. Psychological well-being index. A psychological well-being index is computed for women using the

standardized weighted average of scores on the Center for Epidemiologic Studies Depression (CES-D)

seven-point scale (Radloff, 1977) (negatively coded), and the World Values Survey (WVS) questions

on happiness and life satisfaction.15 The index is computed using the procedure outlined in Anderson

(2008), by subtracting the mean and dividing by the standard deviation of the control group for each

unit of analysis, computing the covariance matrix, inverting the matrix, adding up the rows of the

matrix, and weighting each variable with its corresponding entry in the summed inverted covariance

matrix. As a last step, the index is normalized again by dividing by the sum of the weights.

6. Women’s empowerment index. A 3-dimension index of women’s empowerment including (i) decision-

making, (ii) economic empowerment, and (iii) political and social involvement. The decision-making

index includes 12 measures of women’s agency through questions of whether women’s views are taken

into consideration and/or followed on decisions related to household finances and expenditures (food,

home improvements, household finances, buying or selling property, other non-food expenditures); their

children (school enrollment, health visits, and marriage), and themselves (how many children to have,

taking a loan, opening a business, working outside home). The women’s economic opportunities index

includes whether the primary woman participates in market work, whether she is the owner or manager

of a self-employment enterprise other than livestock or agriculture, as well as effective access to inputs

15Some questions were adapted to the local context as in Bedoya et al. (2019).
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including ownership of a mobile phone for themselves, and having financial assets in their name and

separate from others. The women’s political and social involvement index is a proxy for agency at the

community level, and includes whether the primary woman has a Tazkira (national ID card), voted in

the last presidential or provincial elections, attended village leaders’ meetings, or approached village

leaders about her needs or village issues in the last 12 months. The index is computed using the same

procedure outlined in the psychological well-being index description.

7. Market work participation. Whether the primary woman and primary man (if there is one) participated

in market activities, including all paid or unpaid work and self-employment.

4.2.3 Secondary Outcomes

1. Food security and nutritional diversity. For food security, a standardized weighted average of (i)

whether everyone in the household eats at least two meals every day, (ii) no adult skips or cuts the size

of meals, and (iii) no child skips or cuts the size of meals in the past 30 days. The index is computed

using the same procedure outlined in the psychological well-being index description. We measure

household nutritional diversity by comparing the share of proxy food consumption by groups of food

with different nutritional content (calculated as the total monthly per capita expenditure on select

food items, divided by total monthly per capita food consumption). Since we estimate consumption

based on district market prices, the changes in shares of food items is mostly a reflection of change

in quantities consumed. Individual food items correspond to the items selected for the consumption

proxy and are grouped into the following categories: meat (beef, veal, mutton, goat, and chicken); dairy

(milk (fresh), yogurt, curd (chaka), dogh (a yogurt drink), and eggs); vegetables (potato, tomato, okra,

pumpkin, and green pepper); and fruits (apple, orange, banana, mango, and lettuce).

2. Livestock ownership. Total number of TUP livestock (cows, goats, sheep) and chickens owned by the

household, by livestock type.

3. Other finance indicators. Three outcomes reflecting the use loans in the household: (i) anyone in the

household has loans; (iv) household outstanding cash loan balance; and (iii) whether the household

took out a loan for productive purposes.

4. Household income and revenues. A proxy for household income and revenues comprising household

enterprise revenues (sales of livestock, agriculture, and non-agricultural revenues) and income earned

by primary household members from paid labor in the past 4 weeks.16

16Revenues from sales of livestock include livestock sales only, excluding any produce derived from livestock.
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5. School enrollment. Whether a school-age child (ages 6-18) is enrolled in school.

4.3 Design Integrity

4.3.1 Baseline Balance

Table A4-A in the Online Appendix presents the test for baseline balance for the households surveyed in

any of the four endline survey rounds, while Table A4-B presents the balance test for households surveyed

in all four endline survey rounds. We follow the same specification used for impact analyses, comparing

baseline treatment and control households, controlling for randomization strata. In both tables, Panel A

presents these comparisons for primary outcomes, and Panel B for secondary outcomes and other relevant

indicators. We find no statistically significant or economically meaningful differences across most outcomes

and indicators, except for the primary woman’s psychological well-being and the value of livestock. Treatment

households interviewed in any of the four survey rounds have 36% lower (p-value = 0.033) value of livestock

at baseline (this difference is similar in magnitude but not significant for households surveyed in all four

endline survey rounds), compared to control, while primary women in treatment households have a lower

psychological well-being measure by 0.23 SD (p-value = 0.007) (this difference is similar in magnitude and

level of significance for households surveyed in all four endline survey rounds), compared to their counterparts

in the control group. These differences in livestock value and psychological well-being at baseline may result

in underestimates of treatmentment effects. To assess whether these imbalances influence any of the main

results, we present robustness checks including these variables as controls (Table A6 in the Online Appendix).

4.3.2 Compliance

As described in Bedoya et al. (2019), the program was highly successful at delivering the components,

with 97% of the treatment households reporting being aware of the TUP program, and of those, the majority

(99.5%), reporting having received program assets or services, compared to 3% in the control group. 96% of

treatment households and 1.5% of control reported receiving livestock assets.

4.3.3 Attrition

The lottery assigned 1,219 households into treatment (491) and control (728). Of these, 1,173 (96%)

were surveyed at baseline.17 The endline phone survey was successfully completed among 839 households,

which implies an attrition of 31% with respect to baseline, and of 27% with respect to midline. While

17The difference is because the implementer conducted an ultra-poor re-verification for a sample of households when the
survey firm already had started the baseline. For households located in villages where the baseline survey firm had already
conducted data collection, the baseline was missed because they could not go back.
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we find the TUP significantly impacted women’s phone ownership at midline (women were 5.4 percentage

points more likely to own a mobile phone for herself, p-value = 0.074, see Bedoya et al. (2019)), we find

no impacts on household mobile phone ownership which alleviates concerns of potential selection bias from

differential phone ownership. The difference in attrition rates across treatment and control groups is not

statistically significant (Table A5 in the Online Appendix). Attrition at endline was predominantly driven

by the constraint that households needed to have a working phone to be surveyed.18 When conditioning on

whether households had a working phone, the response rate was 94%.

4.4 Data Analysis

We estimate impacts comparing outcomes across treatment and control groups at endline with the fol-

lowing specification:

Yi = α+ βTi +

133∑
j=1

Vi,j + ϵi (1)

where, Yi is the outcome of interest for household (or individual) i at endline, Ti is a dummy variable

equal to 1 if household i is assigned to receive treatment and 0 otherwise, and β is the intention-to-treat

estimate of the TUP. Since randomization is stratified by community, we follow Bruhn & McKenzie (2008)

and include Vj–a dummy variable equal to one if household i comes from PRA group j. For individual-level

outcomes, we cluster the standard errors at the household level. Similarly, for outcomes collected in more

than one survey round, we pool the data and cluster standard errors at the household level. Online Appendix

Table A6 shows that the main results remain qualitatively unchanged when we re-estimate the regressions

controlling for baseline characteristics.

5 Results

As Bedoya et al. (2019) show, the TUP produced large and significant impacts across multiple dimen-

sions of well-being two years after the asset transfer in 2018. Consumption increased by 30%, treatment

households were 20 percentage points less likely to fall under the national poverty line (compared to 82% of

the control group), women’s psychological well-being and empowerment have also improved significantly and

the intervention was able to reduce gender gaps in labor participation and psychological well-being in one

of the most conservative and challenging environments for women. The TUP also improved socioeconomic

indicators for other household members, including primary men’s labor market participation and children’s

school enrollment.

18Seventeen households were excluded from analysis upon closer inspection of the data. These households reported 0
consumption, which called into question the overall reliability of these select surveys.

17

https://www.dropbox.com/scl/fi/bioyi778lybxemivdq8g4/Long-term-impacts-of-the-TUP-program_OnlineAppendix.pdf?rlkey=2xjb0z4fygh9czw406av7gqlm&dl=0
https://www.dropbox.com/scl/fi/bioyi778lybxemivdq8g4/Long-term-impacts-of-the-TUP-program_OnlineAppendix.pdf?rlkey=2xjb0z4fygh9czw406av7gqlm&dl=0


As Panel B2 of Online Appendix Table A11 shows, midline impacts for the endline sample (i.e., only

households with a phone), using the endline indicators adapted to shorter phone interviews, are very similar

to the impacts for the whole UP sample reported in Bedoya et al. (2019). Two years after the asset transfer,

compared to UP households in the control group, treatment households reported higher consumption by 31%

(p-value < 0.005) with higher income and revenues by 11% (p-value = 0.317) and larger women’s market

work participation by 22 percentage points (p-value < 0.005). The financial situation of the treatment

households is impacted with lower value of household’s outstanding loans by 50% (p-value = 0.008) and

higher value of livestock by 397% (p-value < 0.005). Women in treatment households reported higher

women’s psychological well-being, measured by a 3-component index, by 0.58 SD (p-value < 0.005), and

higher women’s empowerment, as per a 3-component index, by 0.76 SD (p-value < 0.005) as well as higher

children’s school enrollment by 6 percentage points (p-value = 0.024) (see Online Appendix Table A17 for

children’s school enrollment results). Overall, impacts across multiple dimensions of well-being were large

and significant at midline, two years after the asset transfer.

Although attenuated, these impacts persists five years after the asset transfer. In the following section,

we report endline impacts—between January and June 2021—per outcome group.

5.1 Consumption, Food Security and Nutritional Diversity

Five years after the asset transfer, the intervention continues to have a significant impact on consumption

among treatment households. Our consumption proxy is 16% (p-value = 0.015) larger in the treatment

group than in the control group (Table 2).19,20 The intervention also increases an index of food security

for treatment households by 0.09 SD (p-value = 0.115), compared to control, however, this impact is not

statistically significant. It is worth putting these results into context. Due to food price increases, food

consumption in constant terms decreased by 27% in the control group between midline (July–October 2018)

and endline (January–June 2021) (Figure IV), while total consumption decreased by 8% during the same

period (not shown). Therefore, these impacts occur while households in both treatment and control groups

are experiencing decreases in food and overall consumption, as well as in food security.

While we observe higher consumption together with small but statistically insignificant improvements

in our measures of food security, we find that the intervention improved the nutritional quality of the food

consumed by treatment households, consistent with the literature (Subramanian & Deaton, 1996; Strauss

& Thomas, 1995; Subramanian & Deaton, 1996).21 As Table 2 shows, per-capita consumption for UP

19Our proxy includes 29 items with the greatest explanatory power (75% and 59% of the variation in total consumption at
baseline and midline for the UP and non-UP households, respectively).

20Further details on the consumption proxy are in Online Appendix Text 2. Comparison of control means and impacts across
all main outcomes and their proxies for the midline and endline samples can be found in Table A11 of the Online Appendix.

21The food security index incorporates indicators related to the extensive margin, i.e., whether the household experienced
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Table 2
Impacts on Consumption, Food Security and Nutritional Diversity

Control
Mean (SD)

Level (SE) p-value
% Control

Mean
n*t (N)

(1) (2) (3) (4) (5)

Consumption Index Proxy
(Endline Control = 1), Month

1.000
(1.039)

0.161**
(0.066)

[0.015] 16% 2, 182 (839)

Food Security and Nutritional Diversity

Food Security Index 0.000
(1.000)

0.092
(0.058)

[0.115] 1, 468 (834)

Rice (high quality) 0.023
(0.069)

0.000
(0.003)

[0.947] 1% 2, 182 ( 839)

Rice (low quality) 0.148
(0.130)

−0.016***
(0.006)

[0.008] −11% 2, 182 ( 839)

Wheat flour 0.517
(0.262)

−0.065***
(0.014)

[0.000] −13% 2, 182 ( 839)

Naan not made at home 0.069
(0.177)

0.012
(0.010)

[0.219] 18% 2, 182 ( 839)

Beans 0.017
(0.045)

0.003
(0.002)

[0.276] 15% 2, 182 ( 839)

Meat 0.050
(0.103)

0.009*
(0.005)

[0.085] 18% 2, 182 ( 839)

Dairy and Eggs 0.064
(0.095)

0.037***
(0.006)

[0.000] 58% 2, 182 ( 839)

Vegetables 0.093
(0.094)

0.007*
(0.004)

[0.082] 8% 2, 182 ( 839)

Fruit 0.019
(0.063)

0.012***
(0.003)

[0.000] 62% 2, 182 ( 839)

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions
include 133 randomization PRA controls and control for data collection rounds in which outcomes
were collected. SEs are clustered at the household level. Outcomes are listed on the left and primary
outcomes are described in detail in Online Appendix Text 1. (***) (**) (*) denotes significance at
(1%) (5%) (10%) level. Column (1) reports the mean and the standard deviation (in parentheses) of
each outcome for the control group. Column (2) reports the treatment estimates in levels with robust
standard errors (in parentheses). Column (3) reports the naive p-values [in brackets]. Column (4)
reports the treatment estimates as a percentage of the control mean. Column (5) reports the total
number of observations across all data collection rounds (n*t, where n is the individual HH) and the
number of unique HHs (N, in parentheses). Our consumption proxy estimate includes 25 food and 4
non-food items that best predict total consumption at midline (for details, see Online Appendix Text
2). Consumption is converted into an index where endline consumption for the control group = 1.
The food security index combines three food security measures, normalized to the unit SD of control
HHs, with mean equal = 0. Nutritional diversity results report shares of proxy food consumption, by
type of food. Meat category includes beef, veal, mutton, goat, and chicken; dairy category includes
milk (fresh), yogurt, curd (chaka), dogh (a yogurt drink), and eggs; vegetables category includes
potato, tomato, okra, pumpkin, and green pepper; fruits category includes apple, orange, banana,
mango, and lettuce. HH = household; PRA = participatory rural appraisal; SE = standard error;
SD = standard deviation.
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households is higher for eggs and dairy products (58%, p-value < 0.005) and fruits (62%, p-value < 0.005),

and lower for low-nutrition wheat-related food (-13%, p-value < 0.005) and low-quality rice (-11%, p-value

= 0.008), than for control group households. This is consistent with treatment household switching to a

more nutritional diet at higher income, which is what we observe when comparing treatment households

with control (Colen et al., 2018; Chen et al., 2016).22 In this way, the intervention seems to have helped

households sustain a level of income that allowed them to smooth the effects of shocks in consumption

through a more nutritionally dense food basket. This is remarkable in a fragile context with pervasive food

insecurity.23

5.2 Finance

As Table 3 shows, the intervention also continues to have positive impacts on all financial outcomes

measured. An index of financial inclusion is 0.328 SD higher in the treatment group (p-value = 0.011),

mostly driven by savings. Although coming from a low base, treatment households are more likely to save

by 7.1 percentage points (p-value < 0.005), compared to 2.7% in the control group, and they save USD 9

(p-value = 0.02) more on average, from USD 4.4 in the control group. Treatment households are also 3.2

percentage points (p-value = 0.123) less likely to be indebted, compared to 89% in the control group, and

are USD 118 (p-value = 0.034) less indebted–20 percent decrease compared to USD 597 in the control group.

This is particularly relevant given that at baseline and at midline, UP households reported consumption and

health shocks as the main reasons for accessing loans.

Finally, treatment households are more likely to have taken out a loan for a productive purpose (6.7

percentage points, p-value = 0.001), compared to 3.3% in the control group, therefore the level remains low

for both groups, suggesting again that consumption continues to be the main purpose for obtaining loans

at endline as it was the case at midline (Bedoya et al., 2019). These results also suggest that the financial

impacts of the intervention, including savings habit formation, and the ability to reduce the reliance on loans

to smooth consumption shocks, have had lasting effects.

5.3 Household Durable and Productive Assets

As highlighted in Table 4, the intervention continues to show significant impacts across different types of

assets owned by treatment households. An index of household durable assets is 0.29 SD (p-value < 0.005)

any instances of not having enough food on the table over the past month, but not the intensive margin, i.e., the extent of these
reductions or inefficiencies (how many times that happens during the recall period), which is a good measure of food insecurity
but does not capture the full extent of food (in)security.

22Since we estimate consumption based on district market prices, the changes in shares of food items is mostly a reflection
of change in quantities consumed.

23Close to 40% of the population in rural Balkh province faced level 3 or higher (crisis or emergency) food insecurity between
August 2018 - May 2021 (Integrated Food Security Phase Classification, 2023).
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Table 3
Impacts on Household Finances

Control
Mean (SD)

Level (SE) p-value
% Control

Mean
n*t (N)

(1) (2) (3) (4) (5)

Financial Inclusion Index 0.000
(1.000)

0.328**
(0.128)

[0.011] 505

HH Has Any Savings 0.049
(0.216)

0.109***
(0.034)

[0.001] 222% 504

HH Total Savings (USD) 3.8
(39.8)

9.3*
(5.6)

[0.100] 242% 504

HH Can Access Formal Credit if
Needed

0.065
(0.247)

0.014
(0.025)

[0.578] 21% 505

Other Finance Indicators

HH Has Any Loans 0.894
(0.308)

−0.032
(0.021)

[0.123] −4% 1, 532 (819)

HH Outstanding Cash Loans (USD) 597
(983)

−118.1**
(55.6)

[0.034] −20% 1, 541 (820)

HH Has Taken Out a Loan for Produc-
tive Purposes

0.028
(0.164)

0.075***
(0.026)

[0.004] 272% 483

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions include 133
randomization PRA controls and control for data collection rounds in which outcomes were collected (for
outcomes collected in more than one round). SEs are clustered at the household level, except for whether
HH has taken out a loan for productive purposes, which was collected in only one round. Outcomes are
listed on the left and primary outcomes are described in detail in Online Appendix Text 1. (***) (**) (*)
denotes significance at (1%) (5%) (10%) level. Column (1) reports the mean and the standard deviation (in
parentheses) of each outcome for the control group. Column (2) reports the treatment estimates in levels
with robust standard errors (in parentheses). Column (3) reports the naive p-values [in brackets]. Column
(4) reports the treatment estimates as a percentage of the control mean. Column (4) reports the treatment
estimates as a percentage of the control mean. Column (5) reports the total number of observations across all
data collection rounds (n*t, where n is the individual HH) and the number of unique HHs (N, in parentheses).
Financial inclusion index is computed for a subsample of households with responses to the question on access
to credit, which was administered to a subsample of households in the final endline data collection round.
All monetary amounts are in nominal USD. ER for 2021 of 77.45 AFN to 1 USD from the IMF (average of
ER for March, April and May 2021, due to data unavailability in the rest of the months). HH = household;
PRA = participatory rural appraisal; SE = standard error; SD = standard deviation; ER = exchange rate.
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larger than in control households.24 Similarly, the proportion of treatment households that own cows, goats,

or sheep—the type of livestock transferred as part of the TUP program—is 32.5 percentage points (p-value

< 0.005) larger than the 14.5% in the control group. A higher proportion of treatment households also own

chickens (1.8 percentage points, p-value = 0.55), compared to 32% in control, although this result is not

statistically significant.

When we analyze the impact of the intervention on the number of livestock owned, we find impacts

across each type of livestock: treatment households have 4.7 times the number of cows (p-value < 0.005)

as their control group counterparts, who own 0.1 cow, on average; 3.1 times the number of goats (p-value

= 0.006); 7.1 times more sheep (p-value = 0.005); and 1.4 times more chickens (p-value = 0.025) than the

control group. Compared with midline, these results reflect lower rates of reduction (or even increases, as

in the case of goats) in livestock ownership for the treatment group when compared to control households,

except for cows (Table 4 and Table A15 in the Online Appendix): change in ownership of livestock by type

for the control group between midline and endline was -10% for cows, -60% for goats, -86% for sheep, -63%

for chickens, while changes for the treatment group were -41% for cows, +1% for goats, -51% for sheep, -41%

for chickens.

Consistent with these results, treatment households report 5.8 times the value of livestock, or 476%

(p-value < 0.005) larger than the control group. Because treatment households reported a lower valuation

(significant for households surveyed in any round) of livestock than control at baseline (Table A4 in the

Online Appendix), we show in Online Appendix Table A6 robustness checks including the value of livestock

at baseline as a control. The estimated impacts are almost identical at 477% of control (p-value < 0.005).

5.4 Labor Supply and Market Work Participation

Treatment women’s labor force participation—measured as paid or unpaid work including self-employment,

or job searching in the previous two weeks—increases by 7.9 percentage points (p-value = 0.002) in the treat-

ment group, from 67% in the control group (Panel A, columns 1-3 in Table 5). This impact is driven by

both an increase in market work participation (12 percentage points, p-value < 0.005), compared to 48% in

the control group, as well as an increase in the proportion of women looking for work (2.1 percentage points,

p-value = 0.47), compared to 51% in the control group, although the latter is not statistically significant.

Impacts on market work participation are driven mostly by large increases in participation in household

activities: participation in livestock rearing is higher by 15.6 percentage points (p-value < 0.005), compared

24The index is constructed using principal component analysis (PCA) applied on the number (if any) of the following types of
assets owned by the household: radios/CDs/cassettes, televisions, dish antenna, VCRs/DVD players, refrigerators, generators,
mattresses, cell (mobile) phones, non-mobile phones, clothes irons, bed frames, pieces of jewelry (gold, silver, and so forth),
mosquito nets, mosquito-repellent candles, fans, and cameras. The resulting index is then normalized by the standard deviation
of the control group such that control mean is 0.
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Table 4
Impacts on Household Durable and Productive Assets

Control
Mean (SD)

Level (SE) p-value
% Control

Mean
n*t (N)

(1) (2) (3) (4) (5)

HH Livestock and Assets Ownership

Any Cows, Goats, or Sheep 0.145
(0.353)

0.325***
(0.028)

[0.000] 223% 1, 467 (834)

Any Chicken 0.319
(0.466)

0.018
(0.029)

[0.550] 6% 1, 467 (834)

HH Asset Ownership Index 0.000
(1.000)

0.292***
(0.074)

[0.000] 1, 412 (791)

Number of Livestock Ownded by Type

Cows 0.101
(0.376)

0.373***
(0.042)

[0.000] 370% 1, 467 (834)

Goats 0.152
(0.866)

0.324***
(0.119)

[0.006] 213% 1, 467 (834)

Sheep 0.068
(0.435)

0.410***
(0.147)

[0.005] 607% 1, 467 (834)

Chickens 1.013
(2.139)

0.378**
(0.168)

[0.025] 37% 1, 467 (834)

Total Value of Livestock (USD) 68.9
(211)

328***
(50.4)

[0.000] 476% 721

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions include
133 randomization PRA controls and control for data collection rounds in which outcomes were collected
(for outcomes collected in more than one round). SEs are clustered at the household level, except for the
total value of TUP livestock, which was collected in only one round. Outcomes are listed on the left and
primary outcomes are described in detail in Online Appendix Text 1. (***) (**) (*) denotes significance
at (1%) (5%) (10%) level. Column (1) reports the mean and the standard deviation (in parentheses) of
each outcome for the control group. Column (2) reports the treatment estimates in levels with robust
standard errors (in parentheses). Column (3) reports the naive p-values [in brackets]. Column (4) reports
the treatment estimates as a percentage of the control mean. Column (4) reports the treatment estimates
as a percentage of the control mean. Column (5) reports the total number of observations across all data
collection rounds (n*t, where n is the individual HH) and the number of unique HHs (N, in parentheses). For
the total value of livestock (cows, goats, sheep, and chickens), column (5) reports the total sample size. All
monetary amounts are in nominal USD. ER for 2021 of 77.45 AFN to 1 USD from the IMF (average of ER
for March, April and May 2021, due to data unavailability in the rest of the months). The asset ownership
index is constructed using PCA on the number of assets owned, normalized to the unit SD of control HHs,
with mean equal to zero. Total value of livestock is winsorized at the 99th percentile, by treatment and
control groups. HH = household; PRA = participatory rural appraisal; SE = standard error; SD = standard
deviation; ER = exchange rate.
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to 15.7% in the control group, followed by a larger participation in household’s non-agricultural businesses

by 2.3 percentage points (p-value = 0.15), from 8.4% in the control group, although the latter is measured

with less precision. There are two important results to highlight here. First, labor supply for control women

is increasing considerably between midline and endline, with market work participation and job search in-

creasing by 18 and 32 percentage points, respectively (see Table A16 in the Online Appendix for results at

midline). In a context with previously low women’s labor participation, these increases are remarkable but

could also reflect the effects of the economic crisis, leading more household members to look for jobs. Second,

these figures indicate that a large proportion of treatment women doing market work are also searching for

a job, suggesting high levels of underemployment. Treatment women are either working less than they want

to and/or looking for better job opportunities, which is consistent with the results from midline (Bedoya et

al., 2019).

Columns 4-6 in Table 5 show that treatment primary man’s labor participation is also higher, although

more moderately at 4.9 percentage points (p-value = 0.01), from 84% in the control group. Market work

participation is larger by 5.8 percentage points (p-value = 0.022), compared to 72% in the control group,

while job search is higher by 2.7 percentage points (p-value = 0.268), compared to 74% for their control

counterparts, although this impact is not statistically significant. The impacts on market work participation

for men are mostly driven by increases in participation in all types of household businesses: participation

in livestock rearing increases by 6.1 percentage points (p-value = 0.002), compared to 12.1% in the control

group; participation in household agriculture increases by 4.7 percentage points (p-value = 0.026), compared

to 14% in the control group; and participation in non-agricultural businesses increases by 2.8 percentage

points (p-value = 0.034), compared to 4.8% for their control counterparts. Similar to treatment women,

we also find indications of high levels of underemployment with most primary men doing market work also

looking for a job.25

Overall, in a context where economic conditions are driving high levels of under-employment, these

results suggest that the program contributed to sustained market work participation–primarily driven by

entrepreneurial activities in livestock–and diversification into household productive activities for both the

primary man and the primary woman, compared to their counterparts in the control group.

25We could not reliably measure time spent working in endline, but the shorter-term impacts indicated that both treatment
women and men doing market work have idle capacity, therefore, an important part of underemployment is likely stemming
from working less time than they are willing to work.
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Table 5
Impacts on Labor Supply and Time Use, Primary Woman and Man, Past Month

Primary Woman Primary Man
Control

Mean (SD)
Level (SE) p-value

Control
Mean (SD)

Level (SE) p-value

(1) (2) (3) (4) (5) (6)

Labor Participation 0.673
(0.470)

0.079***
(0.025)

[0.002] 0.840
(0.367)

0.049***
(0.019)

[0.010]

Market Work Participation 0.481
(0.500)

0.117***
(0.028)

[0.000] 0.717
(0.451)

0.058**
(0.025)

[0.022]

Looked for Work 0.505
(0.500)

0.021
(0.029)

[0.470] 0.737
(0.441)

0.027
(0.024)

[0.268]

Market Work Participation by Activity

HH Livestock 0.157
(0.364)

0.156***
(0.024)

[0.000] 0.121
(0.327)

0.061***
(0.020)

[0.002]

HH Agriculture 0.065
(0.246)

0.005
(0.014)

[0.704] 0.140
(0.347)

0.047**
(0.021)

[0.026]

HH Non-Agricultural Business 0.084
(0.278)

0.023
(0.016)

[0.150] 0.048
(0.214)

0.028**
(0.013)

[0.034]

Other Work 0.336
(0.473)

0.001
(0.027)

[0.971] 0.634
(0.482)

0.007
(0.028)

[0.807]

n*t (N) 1, 614 (838) 1, 551 (822)
Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions include 133
randomization PRA controls and control for data collection rounds in which outcomes were collected. SEs are
clustered at the household level. Outcomes are listed on the left and primary outcomes are described in detail in
Online Appendix Text 1. (***) (**) (*) denotes significance at (1%) (5%) (10%) level. Column (1) reports the
mean and the standard deviation (in parentheses) of each outcome for the primary woman (respectively, column
(4) for the primary man) of the control group. Column (2) reports the treatment estimates in levels with robust
standard errors (in parentheses) for the primary woman (respectively, column (5) for the primary man). Column
(3) reports the naive p-values [in brackets] for the primary woman (respectively, column (6) for the primary man).
Primary woman (respectively, primary man) sample size for each treatment estimate is reported at the bottom of
the panels: it lists the total number of observations across all data collection rounds (n*t, where n is the individual
HH) and the number of unique HHs (N, in parentheses). All market work participation estimates are whether the
HH member engaged in an activity over the past month. Labor force participation is defined by the International
Labour Organization as the working-age population that engages actively in the labour market, either by working
or looking for work. HH = household; PRA = participatory rural appraisal; SE = standard error; SD = standard
deviation.

5.5 Household Income and Revenues

Five years after the asset transfer, treatment households report higher and more diversified sources of

income and revenues compared to their counterparts in the control group: our proxy for monthly household

income and revenues is 32% (p-value = 0.001) larger than the control group (Table 6).26

Most sources of income and revenues measured contribute to this increase, which is consistent with the

positive impacts on participation in productive activities in the household described previously. However,

these results also highlight an important role played by paid labor income from productive activities of the

primary members outside of the household, which is 19% (p-value = 0.036) larger in treatment households

than in control. This represents the largest share of income and revenues.27 In addition to the overall

26Our proxy for income and revenues includes a subset of the sources of income and revenues identified in previous data
collection rounds as the main sources. At midline, our proxy accounted for 76% and 67% of the total income and revenues for
control and treatment households, respectively, for the endline sample (Table A11 in the Online Appendix).

27Estimates are included for both the primary man and the primary woman, when available. Missing values are imputed
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Table 6
Impacts on Total Household Income and Revenues Proxy (USD), Month

Control
Mean (SD)

Level (SE) p-value
% Control

Mean
N

(1) (2) (3) (4) (5)

Total HH Income and Revenues Proxy 42.0
(46.5)

13.4***
(4.0)

[0.001] 32% 750

Own Livestock Sales Revenue 1.0
(5.2)

1.9***
(0.6)

[0.001] 182% 750

Own Agriculture Revenue 3.3
(7.2)

4.8***
(1.0)

[0.000] 148% 750

Own Non-Agricultural Revenue 9.1
(30.4)

1.2
(2.1)

[0.579] 13% 750

PM and PW Paid Labor Income 28.9
(30.7)

5.5**
(2.6)

[0.036] 19% 746

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions
include 133 randomization PRA controls. Outcomes are listed on the left and primary outcomes are
described in detail in Online Appendix Text 1. (***) (**) (*) denotes significance at (1%) (5%) (10%)
level. Column (1) reports the mean and the standard deviation (in parentheses) of each outcome
for the control group. Column (2) reports the treatment estimates in levels with robust standard
errors (in parentheses). Column (3) reports the naive p-values [in brackets]. Column (4) reports
the treatment estimates as a percentage of the control mean. Column (5) reports the total sample
size. All monetary amounts are in nominal USD. ER for 2021 of 77.45 AFN to 1 USD from the IMF
(average of ER for March, April and May 2021, due to data unavailability in the rest of the months).
PM = primary man; PW = primary woman; PRA = participatory rural appraisal; SE = standard
error; SD = standard deviation; ER = exchange rate.

increase in income, the diversification across income sources other than livestock sales is consistent with the

long-term results from India, 10 years after the asset transfer (Banerjee et al., 2021; Bandiera et al., 2017).

Although treatment households receive more paid labor income than control households, the proportion that

this income contributes to overall household income is lower (62% vs. 69% in control).

As mentioned in Section 2, income and revenues decrease considerably (-31%) for control households

between midline and endline.28 Treatment households also face decreases across the board in revenues of all

household productive activities, but they are able to partially mitigate these negative shocks and increase

paid labor of primary members between the midline and endline. As a result, treatment households continue

to have larger and more diversified income and revenue streams than control group households.

5.6 Psychological Well-Being

As Table 7 shows, the intervention continues to have positive impacts on the primary woman’s psy-

chological well-being in the long term. The impact on a 3-component index of psychological well-being is

0.22 SD (p-value = 0.01) higher for women in the treatment group, compared to control.29 All measured

with the mean by treatment group and whether they engaged in a paid activity.
28In real terms, this is a decrease of 41%.
29All index impacts are normalized to the unit SD of control women, with mean equal to zero. Impacts on sub-indices

aggregated into the single-measure psychological well-being index can be found in Online Appendix Table A9.
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Table 7
Impacts on Psychological Well-Being and Education

Control
Mean (SD)

Level (SE) p-value
% Control

Mean
N

(1) (2) (3) (4) (5)

PW Psychological Well-being In-
dex (3 items)

0.000
(1.000)

0.220***
(0.085)

[0.010] 645

PW is Very Happy or Quite Happy 0.776
(0.330)

0.042
(0.028)

[0.130] 5% 645

PW Life Satisfaction Rating (1-10) 6.436
(2.865)

0.353
(0.238)

[0.137] 5% 637

PW is Depressed (7-CESD ≥ 8) 0.869
(0.338)

−0.063*
(0.033)

[0.061] −7% 616

School Enrollment (Children
Ages 6 to 18 Years)

0.562
(0.496)

0.056*
(0.030)

[0.061] 10% 2, 094

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions
include 133 randomization PRA controls. Outcomes are listed on the left and primary outcomes
are described in detail in Online Appendix Text 1. (***) (**) (*) denotes significance at (1%) (5%)
(10%) level. Column (1) reports the mean and the standard deviation (in parentheses) of each
outcome for the control group. Column (2) reports the treatment estimates in levels with robust
standard errors (in parentheses). Column (3) reports the naive p-values [in brackets]. Column (4)
reports the treatment estimates as a percentage of the control mean, except for indices. Column (5)
reports the total sample size. Psychological well-being measures include questions on life satisfaction
and happiness from the WVS (averages of two data collection rounds); and scores on the CES-D
seven-point scale (negatively coded). Indicators were collected across different data collection rounds
and, due to attrition between rounds, the sample for psychological well-being outcomes is reduced to
households surveyed in all rounds in order to have a complete set of indicators. Each psychological
well-being measure is estimated as a score on the variable’s scale, normalized to the unit SD of
control HHs, with mean equal to zero. Impacts on the normalized measures can be found in Table
A9 of the Online Appendix. The psychological well-being index is an index of the three previous
measures, normalized in the same way. School enrolment is estimated for school-age children (ages
6 to 18 years), with the unit of observation being the child, hence all SEs are clustered at the
household level. PW = primary woman; SE = standard error; SD = standard deviation; PRA =
participatory rural appraisal; WVS = World Values Survey; CES-D = Center for Epidemiological
Studies Depression.
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indicators of psychological well-being are better in the treatment group than in the control group: more

women report being very happy or quite happy (4.2 percentage points, p-value = 0.13), compared to 78%

in control; they report higher life satisfaction (0.35 percentage points, p-value = 0.137) compared to 6.4

(out of a maximum score of 10) in control; and they are also less likely to report symptoms consistent with

major depression (7-CESD >= 8) (by 6.3 percentage points, p-value = 0.061), compared to 87% in the

control group, although the first two are not measured with precision. Given the significant imbalance in

the primary woman’s psychological well-being index at baseline (−0.23 SD, Table A4-A of the Online Ap-

pendix), we confirm these results are robust to the inclusion of the primary woman’s psychological well-being

index and value of livestock as baseline controls (Online Appendix Table A6). The impact on our index of

psychological well-being increases to 0.27 SD or 25% more than the originally estimated (p-value = 0.001),

when we control for baseline characteristics.

5.7 School Enrollment

As Table 7 shows, the intervention continues to have an impact on education outcomes among school-age

children, with treatment households reporting 5.6 percentage points higher school enrollment (p-value =

0.061), from 56.2% in the control group.

5.8 Women’s Empowerment

Five years after the asset transfer, treatment women in treatment households continue to show higher

levels of empowerment than women in the control group: our 3-dimension index of women’s empowerment

is 0.38 SD (p-value < 0.005) higher than for control women (Table 8). These results are driven by large

impacts on two dimensions: women’s economic opportunities, and political and social involvement. An

index of economic empowerment is 0.42 SD (p-value < 0.005) higher for treatment women, and an index

of political and social involvement, measuring agency at the community level, is 0.20 SD (p-value = 0.013)

larger for treatment women than for control. Our decision-making index, with 12 indicators of agency at the

household level, reports positive lower and not statistically significant impacts of 0.11 SD (p-value = 0.223),

compared to control.

Three indicators across multiple domains drive the impact on economic opportunities: participating in

market work is 12 percentage points higher (p-value = 0.003), compared to 51% in the control group; having

financial assets in her own name and separate from others is 9.3 percentage points (p-value = 0.008) higher,

compared to 15.3% in control; and having a mobile phone for herself is higher by 8.7 percentage points
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Table 8
Impacts on Women’s Empowerment, by Index Component

Control
Mean (SD)

Level (SE) p-value N

(1) (2) (3) (4)

Women’s Empowerment Index (3 dimensions) 0.000
(1.000)

0.382***
(0.089)

[0.000] 645

Decision-Making Index 0.000
(1.000)

0.112
(0.092)

[0.223] 644

Primary Woman Has a Major Say In:
Food Expenditures and What to Cook 0.782

(0.359)
0.025
(0.031)

[0.419] 641

Home Improvements/Repairs 0.768
(0.423)

0.042
(0.036)

[0.247] 627

Managing Household Finances 0.731
(0.444)

0.068*
(0.038)

[0.073] 632

Children’s School Attendance 0.883
(0.294)

0.019
(0.022)

[0.401] 616

Children’s Health Seeking 0.874
(0.332)

−0.036
(0.033)

[0.279] 624

Children’s Marriage 0.877
(0.309)

0.012
(0.029)

[0.691] 589

Buying or Selling Land or Property 0.750
(0.434)

0.008
(0.039)

[0.837] 606

Other Non-food Expenditures 0.750
(0.346)

0.020
(0.030)

[0.510] 640

Her Fertility 0.686
(0.465)

0.056
(0.051)

[0.268] 428

Her Opening a Business 0.813
(0.391)

0.003
(0.037)

[0.941] 579

Her Working Outside of Home 0.756
(0.430)

0.015
(0.042)

[0.724] 577

Her Taking a Loan 0.792
(0.407)

0.041
(0.038)

[0.286] 575

Economic Opportunities Index 0.000
(1.000)

0.418***
(0.099)

[0.000] 645

PW is Owner or Manager of a HH Non-Agricultural
Business

0.021
(0.143)

0.024
(0.017)

[0.148] 645

PW Did Market Work 0.505
(0.501)

0.123***
(0.042)

[0.003] 643

PW Has Financial Assets in Her Own Name 0.153
(0.360)

0.093***
(0.035)

[0.008] 643

PW Has a Mobile Phone 0.269
(0.444)

0.087**
(0.043)

[0.043] 596

Political and Social Involvement Index 0.000
(1.000)

0.200**
(0.080)

[0.013] 645

PW Has a Tazkira (National ID Card) 0.709
(0.455)

0.100***
(0.035)

[0.005] 645

PW Voted in an Election (Presidential or Provin-
cial)

0.458
(0.499)

0.040
(0.042)

[0.344] 645

PW Attended Village Meetings 0.111
(0.314)

0.058*
(0.031)

[0.058] 641

PW Approached Village Leaders About Issues 0.198
(0.399)

0.005
(0.035)

[0.891] 642

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regressions include 133
randomization PRA controls. Outcomes are listed on the left and described in detail in Online Appendix
Text 1. (***) (**) (*) denotes significance at (1%) (5%) (10%) level level. Column (1) reports the mean
and the standard deviation (in parentheses) of each outcome for the control group. Column (2) reports the
treatment estimates in levels with robust standard errors (in parentheses). Column (3) reports the naive
p-values [in brackets]. Column (4) reports the total sample size. Indicators were collected across different
data collection rounds and, due to attrition between rounds, the sample for women’s empowerment outcomes
is reduced to households surveyed in all rounds. Indices are constructed with various measures, normalized
to the unit SD of control HHs, with mean equal to zero. HH = household; PW = primary woman; PRA =
participatory rural appraisal; SE = standard error; SD = standard deviation.
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(p-value = 0.043), compared to 26.9% in control.30 Owning or managing an entrepreneurial business not

related to agriculture or livestock, which has lost importance for all UP households, is 2.4 percentage points

(p-value = 0.148) larger in treatment, compared to 2.1% in control, but this impact is not measured with

precision.

Impacts on political and social involvement are driven by primary women’s ownership of a national ID

increasing by 10 percentage points (p-value = 0.005), compared to 71% in control and an increase in attending

village meetings by 5.8 percentage points (p-value = 0.058), compared to 11% in control. Impacts on other

domains, while positive, are too small to be statistically significant. It is worth noting that in this dimension

we observe a large increase in the control group between the midline and endline across three out of the

four indicators (having a national ID, attending village meetings, approaching village leaders) (see Table 8

and Table A18 of the Online Appendix for impacts at midline), suggesting convergence, with increased

empowerment of control women across these dimensions. This partially explains the reduced impacts in

relative terms to control, when comparing with the impacts at midline.

Primary women in the control group already report relatively high levels of influence in household de-

cisions, as measured by indicators of decision-making, or agency within the household (for most indicators,

between 69% and 88% of control women report having a major say in the decisions related to these domains),

which could explain the low impact on this dimension.

One concern cited in the women’s empowerment literature is that the relationship between market work

participation and women’s empowerment could be ambiguous. For instance, if women are pushed to work

out of need, and they are already over-extended or they have a strong preference for not increasing their

market work, this increase could reduce their welfare. In those cases, there is an argument for excluding

the part of the market work increase that could be detrimental to women’s well-being from the women’s

empowerment indicator. Since disentangling the proportion of market work that could be detrimental is

challenging in our setting, we re-estimate the indicator with the most conservative scenario, that is, one in

which we exclude the indicator on market work from our women’s empowerment index. This would assume

that market work participation does not have any role in women’s empowerment. As Table A8 in the Online

Appendix shows, impacts on this new index of women’s empowerment is reduced to 0.259 (p-value = 0.002)

but continues to be higher for treatment women than for control. In addition, if the increased market work

that we observe in treatment households were detrimental to women’s well-being, we would expect other

indicators such as women’s psychological well-being to be affected. As previously reported, there is a large

30One concern that might arise related to potential bias in the impact on mobile phone ownership for primary women stems
from the fact that all households in the endline sample had a mobile phone. Table A4-A of the Online Appendix, Panel B,
shows that household mobile phone ownership was balanced at baseline between treatment and control for endline sample.
Further, the impact on mobile phone ownership at the household level at midline is small and not significant (1 percentage
point decrease, p-value = 0.996).
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positive impact of the TUP intervention on treatment women’s psychological well-being, compared to the

control group. This, together with the fact that treatment women report large levels of under-employment

and idle time, and the positive impacts across multiple socioeconomic indicators, support the argument that

treatment women’s well-being is not decreased by the intervention, even when taking into consideration

the increased market participation. Taking all together, our results suggest that women’s empowerment

was increased by the program, even in the most conservative scenario, that is, one when we exclude the

direct effect of women’s market participation from our women’s empowerment indicator, and when we do

not consider other indicators of socioeconomic well-being.

5.9 Shocks, Coping Mechanisms and Resilience

To secure long-term, sustained growth out of extreme poverty in fragile settings, households need to be

resilient to shocks. How does the TUP program help households cope with or limit the effects of shocks

in ways that might help protect their potential future consumption and investments? The period between

midline and endline presents an important test of the TUP program’s ability to increase household resilience

in this way due to the level and extent of the exogenous shocks that occurred in Afghanistan, covered in

detail in Section 2.

Table 9 shows that treatment and control households report a similarly high incidence of shocks affecting

their income or livelihoods. We present two indicators: (i) the incidence of any shock affecting households’

livelihoods in the past year (collected in January–February 2021), and (ii) the incidence of the 16 types of

shocks in the past month (collected in May–June 2021). Both indicators confirm that shocks are equally likely

to occur in treatment and control households irrespective of the period analyzed. Our preferred measure

highlighting the full extent of exposure to shocks comes from our 1-month incidence measure since it prompts

for each one of 16 different types of shocks. Here we find that 60% of households in the treatment vs. 61%

in control (p-value = 0.711) have had a shock exposure in the past month.31

We present analyses of recovery and coping mechanism using shock exposure in the past year since this

allows us to better reflect on the ability of the TUP program to strengthen households’ resilience to shocks

over the medium term.

First, we find that the TUP program improves the ability of UP households to partially or fully recover

from the shocks. As Table 9 shows, treatment households are 19.7 percentage points, or 53% (p-value =

0.025) more likely to have at least somewhat recovered from shocks occurred in the past year, compared to

31Exposure appears lower in the past 12 months (26% for treatment vs. 30% in control, p-value = 0.225), although this is,
in part, a function of the questionnaire structure which first asked whether the household experienced any shock before asking
for specific types of shock, likely underestimating shock incidence. While this means the absolute levels may be affected, there
is no reason to believe this would affect responses differentially between the control and treatment groups.
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Table 9
Shocks and Coping Mechanisms

Control
Mean (SD)

Level (SE) p-value N

(1) (2) (3) (4)

Shocks Affecting Livelihoods and Coping Mechanisms

Had Any Shock of 16 Individual Shocks, Past
Month (Jun 2021)

0.613
(0.488)

−0.015
(0.039)

[0.711] 723

Had Any Shock, Past Year (Jan 2021) 0.299
(0.458)

−0.042
(0.035)

[0.225] 792

Have Somewhat, Mostly or Fully Recovered
from Any Shock(s), Past Year (Jan 2021)

0.371
(0.485)

0.197**
(0.087)

[0.025] 208

Had Shock and Used [...] to Finance Coping, Past Year

Loans 0.210
(0.408)

−0.056*
(0.030)

[0.062] 790

Gifts or Support 0.061
(0.240)

−0.031*
(0.016)

[0.052] 790

Decrease of Expenses 0.038
(0.192)

0.005
(0.015)

[0.769] 790

Increase Adult Workload 0.015
(0.121)

−0.006
(0.008)

[0.484] 790

Children Working 0.011
(0.102)

−0.011**
(0.005)

[0.026] 790

Sale of Assets 0.021
(0.144)

−0.002
(0.011)

[0.866] 790

Savings 0.011
(0.102)

0.003
(0.009)

[0.776] 790

Remittances

Received Sometimes or Regularly 0.042
(0.201)

−0.011
(0.015)

[0.476] 718

Value Received (USD), Past Month 3.0
(27.7)

−1.6
(1.8)

[0.371] 718

Notes. This table reports Ordinary Least Squares estimates of treatment effects. All regres-
sions include 133 randomization PRA controls. (***) (**) (*) denotes significance at (1%)
(5%) (10%) level. Column (1) reports the mean and the standard deviation (in parenthe-
ses) of each indicator for the control group. Column (2) reports the treatment estimates in
levels with robust standard errors (in parentheses). Column (3) reports the naive p-values
[in brackets]. Column (4) reports the total sample size. Data on incidence of shocks was
collected in two survey rounds (starting in January and June 2021, respectively), with a one
year recall and one month recall periods. Incidence of shocks over the past year was collected
starting in January 2021 with a screening question that we believe reduced the number of
shocks reported, while the question collected starting in June 2021 presented respondents
with a full list of options prompted by the enumerator one by one. The list included 16
options of adverse events: lost a job or cannot find work (outside of HH); household livestock
got sick or died; household business had to close; household business had a loss; household
forced to move; severe illness or injury of a HH member (including accidents); death of a HH
member; imprisonment of a HH member; weather or natural disaster shock (e.g., drought,
flood, storm, earthquake); theft; destruction of house / other property (due to conflict or
accident); HH member had to pay compensation; other violence/crime event; rise in food
prices; lower crop yield; loss of household asset. Use of coping strategies was collected only
with 12 months recall. Remittance amounts are in nominal USD. ER for 2021 of 77.45 AFN
to 1 USD from the IMF (average of ER for March, April and May 2021, due to data unavail-
ability in the rest of the months). HH = household; PW = primary woman; PM = primary
man; PRA = participatory rural appraisal; SE = standard error; SD = standard deviation;
ER = exchange rate.
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37% in the control group.

Second, treatment households are also less likely to resort to coping mechanisms that might harm their

future consumption and investment opportunities. This includes a reduction in taking out a loan (control

mean = 21%, effect size = -5.6 percentage points, p-value = 0.062) or using children’s labor (control mean =

1.1%, effect size = -1.1 percentage points, p-value=0.026) to cope with a shock. Relying less on loans to cope

with shocks implies lower interest payments against future consumption, and a lower risk of default if loans

are used mostly for consumption, which is the main reason for borrowing in this population. Lower reliance

on loans to smooth the effects of shocks also suggests that households will have relatively more opportunity

to borrow more in the future for productive purposes. Relying less on children’s work is a desirable outcome

since work could compete with children’s’ schooling and long-term human capital formation.

Third, neither the likelihood of receiving remittances, nor the value of these remittances, were signif-

icantly different for treatment and control UP households. Their average value in the past month (USD

3) and regularity of receiving remittances (4.2% of UP households report receiving remittances sometimes

or regularly) suggest this is not an important source of support for UP households. Consistent with the

increased ability of treatment households to manage shocks, we find that treatment households are also

less dependent on external gifts and support to cope with shocks (control mean = 6.1%, effect size = -3.1

percentage points, p-value=0.052).

These results suggest that the TUP program has contributed to improving the ability of UP households

to recover from shocks and enhanced access to better coping mechanisms to help protect their potential

consumption and investments in the future.

6 A Discussion on Mechanisms

Here we explore the role of income, revenue and asset diversification as a potential tool for treatment

households to weather shocks and extend development gains relative to control households. We find that

treatment households have a more diversified set of livestock assets driven by the initial livestock transfer,

but also benefit from a wider range of non-livestock economic activities and revenue sources than their control

counterparts.

First, on livestock assets, Figure V (left) shows the total number of livestock for treatment and control

groups from asset transfer to endline, estimated using a single indicator expressed in cow equivalents that

allows us to aggregate all types of livestock to facilitate the analysis. The right figure presents the total value
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of this livestock holding.32,33 Between midline and endline, the total livestock numbers decreased for both

groups (40% treatment vs. 56% control); however, since livestock prices increased faster than inflation during

this period, we see an increase in livestock value over the same period (control increase = 4%; treatment

increase = 21%) . Treatment households own almost 6 times more in livestock value than control, with the

majority of this value (70%) in higher-return assets—cows, goats and sheep. In contrast, control households

have the majority of their livestock value (70%) in the lowest-return asset, chickens (not shown). Therefore,

both the level and types of livestock assets treatment households hold act as a protective investment for the

crisis period.

Another highlight from Figure V is the fact that although the control group was able to accumulate

livestock from transfer to midline (under relatively good economic conditions), the gains were transitory. As

Figure A2 in the Online Appendix shows in detail, most control UP households remain with low livestock

holdings from transfer to endline, and only a few manage to accumulate, compared to treatment households.

This is consistent with results from Bangladesh that show that only a small group of control households

(5.9%) experience similar changes in assets (as the TUP transfer) in the absence of the program. They

also suggest these are mostly transitory and conclude that the probability of control group catching up

economically to non-UP households is close to zero (Balboni et al., 2021).

Second, on non-livestock economic activities, treatment households own 56% more non-livestock assets

for production (out of 30) (control mean = 0.63; effect size = 0.35; p-value = 0.005); twice as many types of

crops cultivated (out of 25) (control mean = 0.47; effect size = 0.55; p-value = 0.043), and a higher likelihood

of owning a non-agricultural business (control mean = 0.16; effect size = 0.04; p-value = 0.048) (see Table

A10 of the Online Appendix).

Moving to income and revenues, Table 6 shows treatment households increase the primary man and

woman’s paid labor income by 19% (p-value = 0.036), increase the number of different income sources by

17% (p-value = 0.002) (Table A10 in the Online Appendix), and generate higher income across 3 out of 4

sources (livestock sales, agriculture, and labor income), as reported in Table 6.

These results are consistent with Bandiera et al. (2017) and Balboni et al. (2021) who show that large

transfers are essential for ultra-poor households to reach a threshold of initial assets that allows them to

accumulate assets (and, in this case, divest less during crises), and take on better occupations that allow

32We use the same equivalence between livestock types used by the implementer at the time of the transfer: one cow is
equivalent to three sheep and to four goats. As there was no transfer of chickens, for the relative valuation of chickens, we use
the average baseline market household self-valuation of chickens and cows to get a ratio of a chicken equal to 0.017 cow, consistent
with the ratio used by the Food and Agriculture Organization of the United Nations (FAO) for international comparisons of
baskets of livestock (FAO, 2011).

33During the implementation, each transfer was done with either pregnant animals or with the same number of offspring.
At transfer, we count each pregnant animal as a non-pregnant animal. Offspring are counted as adults. This is consistent with
the midline and endline, where we cannot differentiate between pregnant and non-pregnant animals or between offspring and
adults, so each animal is counted as a non-pregnant adult.
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Figure V
Value and Number of Livestock Owned at Transfer, Midline and Endline

Notes. Treatment and control mean differences are calculated controlling for PRA strata. To convert different
livestock types to cow-equivalents, we use conversion factors from the implementer, specifically: 1 cow = 3 sheep
= 4 goats. Since there was no transfer of chickens, we use the average baseline household self-valuation of chickens
and cows to get a conversion of 1 cow = 59 chickens, consistent with the Food and Agriculture Organization of the
United Nations (FAO) conversion used for international comparisons of baskets of livestock (FAO, 2011). Value of
livestock is winsorized at the 99th percentile, by treatment and control groups. Includes households surveyed in
endline, for which data is also available at transfer and midline.
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them to improve their well-being in the long-term. These patterns of diversification are also consistent

with long-term TUP impacts in more stable settings: in Bangladesh 7 and 11 years after the asset transfer

(Bandiera et al., 2017; Balboni et al., 2021), as well as in India 10 years after the asset transfer (Banerjee

et al., 2021). However, the type and dynamics of diversification depend on the context. Early in the

program, all treatment households are able to take on higher-return activities, mostly through an increase in

labor participation of the household members with idle time, particularly women. While livestock earnings

continue to be significantly higher for treatment households than control by year 7 both in Bangladesh and

India, this pattern changes by year 10 in India, when the main source of earnings shifts away from livestock

towards wage income, including remittances, due to the migration of household members to areas with better

economic conditions (Banerjee et al., 2021). In Bangladesh, diversification into livestock and agricultural

businesses continues in the longer term. It is important to keep in mind that both Bangladesh and India did

not experience deep economic or system-wide crises during the evaluation period. On the contrary, India’s

10 years of the study period correspond to a rapid expansion in economic growth, wages and income.34

These differences, highlight the potential role of local conditions for the patterns of diversification, but also

emphasize the important role of diversification regardless of the local conditions.

These results support the ability of the TUP to create longer-term sustained impacts in Afghanistan,

one of the most fragile settings in the world, including through diversification within livestock as well as

non-livestock activities and income sources, consistent with previous results from more stable settings.

7 Benchmarking TUP Households’ Socioeconomic Conditions against

Those of Non-Ultra-Poor Households

How do the improvements in UP treatment households’ outcomes influence their economic and social

standing relative to the rest of the population in their communities? To answer this question, we leverage

data collected at baseline, midline and endline on a random representative sample of non-UP households

(excluding the census of UP that was randomized into treatment and control) across the 80 villages in

the study. Bedoya et al. (2019) show that (i) all households, including non-UP, are vulnerable; and (ii) UP

households participating in this study were considerably worse off than non-UP households at baseline across

all dimensions studied, including consumption, poverty, food security, assets, and psychological well-being.

Here, we extend this analysis by exploring where UP treatment households have been able to catch up

with non-UP households across multiple socioeconomic dimensions. Table 10 shows how socioeconomic gaps

34The control group doubled their consumption between baseline and the 10-year follow-up, while earnings multiplied by 3
between the 18-month and the 10-year follow-ups (Banerjee et al., 2021).
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between UP and non-UP households have been affected by the intervention.35 Column 1 shows the estimated

difference between non-UP and UP control households, while column 2 shows the difference between non-UP

and UP treatment households at endline. Column 3 reports the p-value for the estimated change in these

gaps.

At endline, we see that the intervention has helped eliminate or reverse gaps across a range of outcomes.

Specifically, UP households are more likely to save - and save more, have higher livestock value, women’s

empowerment, and women’s market work participation relative to non-UP households. This is consistent with

the focus of the intervention on economic empowerment, livestock, and women’s participation. Treatment

UP households have also mostly caught up with non-UP households in psychological well-being and children’s

school enrollment.

We also see that gaps have been reduced (but not eliminated) for income and revenues. In particular,

non-UP households have more income and revenues from non-agricultural business (p-value < 0.005) and

paid labor (p-value = 0.060) than UP treatment households. Higher non-UP paid labor might be explained

by differences in human capital and non-UP’s ability to access more formal jobs as reported by Bedoya et al.

(2019). Therefore, differences in assets (livestock assets vs. investment in non-agricultural businesses) and

human capital endowments may help explain the persistence of these gaps.

Finally, treatment UP households report fewer outstanding cash loans (p-value = 0.027) than non-UP

and control UP households. On its own, decreased debt burden for treatment UP households has ambiguous

implications and whether this is a positive outcome depends, among other factors, on the proportion of that

excess debt that non-UP households use for investments (rather than for consumption), and the profitability

of those investments. While most loans in this setting are for consumption, rather than productive pur-

poses, control UP households are significantly less likely to use loans for productive purposes than non-UP

households, and this gap disappears for treatment UP households.

In sum, the TUP program has contributed to the reduction of inequality across multiple dimensions

of well-being in the villages where the TUP program intervened in a significant way and helped close the

socioeconomic gaps between the UP treatment households (who were selected as the bottom 6% of the

population) and the average non-UP household in these communities. For context, in Bangladesh, the TUP

program closed the gaps across multiple outcomes between the ultra-poor and the next socioeconomic group,

the near-poor (the population is divided into 4 groups, including the ultra-poor), four years after the asset

transfer (Bandiera et al., 2017). However, in the same study villages, Balboni et al. (2021) report that only

35Note that by definition, a reduction in the gaps between non-UP and UP in this context will be equal to the differences
between UP treatment and UP control, which are the impact estimates we reported in the previous sections of the paper
((non-UP-Control) - (non-UP-Treatment) = Treatment-Control). Therefore, whenever there was a significant change, there
was a change in gaps with respect to non-UP.
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Table 10
Gaps Between Non-Ultra Poor and Ultra-Poor Households

Across Select Indicators at Endline

NUP Adjusted
Difference (Gap) With

Control Treatment
p-value
(2)-(1)

n*t
(N)

(1) (2) (3) (4)

Consumption Index Proxy (Endline Control = 1) 0.279
(0.055)

0.117
(0.073)

[0.018] 5, 045
(1, 920)

Food Security Index 0.318
(0.053)

0.224
(0.060)

[0.104] 3, 406
(1, 913)

Financial Inclusion Index 0.105
(0.079)

−0.237
(0.124)

[0.005] 1, 206
(1, 206)

HH Outstanding Cash Loans (USD) 273.3
(54.827)

395.4
(56.677)

[0.027] 3, 510
(1, 876)

HH Has Taken Out a Loan for Productive Purposes 0.052
(0.018)

−0.009
(0.023)

[0.009] 1, 150

Number of Livestock Owned by Type

Cows 0.229
(0.028)

−0.144
(0.043)

[0.000] 3, 405
(1, 913)

Goats 0.202
(0.071)

−0.114
(0.127)

[0.006] 3, 402
(1, 912)

Sheep 0.300
(0.082)

−0.111
(0.170)

[0.004] 3, 399
(1, 912)

Chickens 0.157
(0.128)

−0.197
(0.168)

[0.032] 3, 405
(1, 913)

Total Value of Livestock (USD) 223.9
(36.391)

−106.6
(59.889)

[0.000] 1, 674

Total HH Income and Revenues Proxy, Month (USD) 22.7
(3.346)

9.9
(3.865)

[0.001] 1, 738

Own Livestock Sales Revenue 2.1
(0.497)

0.3
(0.687)

[0.001] 1, 738

Own Agriculture Revenue 5.4
(0.727)

0.7
(1.129)

[0.000] 1, 738

Own Non-Agricultural Revenue 6.8
(1.937)

5.4
(2.075)

[0.483] 1, 738

PM and PW Paid Labor Income 9.4
(2.308)

4.7
(2.517)

[0.060] 1, 699

Household Has Any Non-Agricultural Business 0.056
(0.018)

0.007
(0.022)

[0.028] 3, 403
(1, 913)

PW Market Work Participation −0.045
(0.025)

−0.163
(0.027)

[0.000] 3, 698
(1, 919)

PM Market Work Participation 0.047
(0.022)

−0.003
(0.024)

[0.049] 3, 586
(1, 896)

PW Psychological Well-being Index (3 items) 0.177
(0.070)

−0.028
(0.075)

[0.011] 1, 524

Women’s Empowerment Index (3 dimensions) −0.119
(0.070)

−0.483
(0.082)

[0.000] 1, 524

Excluding PW Market Work Participation −0.080
(0.068)

−0.313
(0.076)

[0.004] 1, 524

School Enrollment (Children Ages 6 to 18 Years) 0.073
(0.025)

0.012
(0.027)

[0.036] 4, 645

Notes. This table reports Ordinary Least Squares estimates of the adjusted differences (gaps) between non-
UP households with control and treatment groups. All regressions include 133 randomization PRA controls.
Outcomes are listed on the left and described in detail in Online Appendix Text 1. (***) (**) (*) denotes
significance at (1%) (5%) (10%) level. Column (1) reports the adjusted differences (gaps) over UP control for
the NUP with robust standard errors (in parentheses). Column (2) reports the adjusted differences (gaps)
over UP treatment for the NUP with robust standard errors (in parentheses). Column (3) reports the naive
p-value of the difference between columns (1) and (2) in [brakets]. Column (5) reports the total number of
observations across all data collection rounds (n*t, where n is the individual HH) and the number of unique
HHs (N, in parentheses). All monetary amounts are in nominal USD. ER for 2021 of 77.45 AFN to 1 USD
from the IMF (average of ER for March, April and May 2021, due to data unavailability in the rest of the
months). Total value of livestock is winsorized at the 99th percentile, by treatment and control groups. PM
= primary man; PW = primary woman; PRA = participatory rural appraisal; SE = standard error; SD =
standard deviation; ER = exchange rate. 38
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3% of households in control villages reach the asset stock of a median middle-class household within four

years, estimating the probability of catching up to the upper socioeconomic groups close to zero in this

setting.

8 Costs and Benefits of the Program

We compare program costs to the present value of non-durable consumption, based on Banerjee et

al. (2015), and building on the estimates by Bedoya et al. (2019) for the midline results. It is worth

highlighting that this method, using only non-durable consumption, will underestimate the benefits of the

TUP program that go beyond consumption but are difficult to monetize, including impacts on the primary

woman’s psychological well-being and empowerment, children’s school enrollment, durable consumption (i.e.,

household assets), and potential impacts on other outcomes and gender inequality reported in Bedoya et

al. (2019). We estimate that the program will break even at year 5 only using non-durable consumption

estimates as a benchmark.36 See Online Appendix Text 4 for details on these estimates.

9 Conclusion

In 2016, the TUP program was delivered through a public lottery to ultra-poor households across 80

villages within the Balkh province of Afghanistan. By tracking these households over five years, during a

period of significant upheaval including macroeconomic deterioration, escalating violence, severe droughts

and the COVID-19 pandemic, we are uniquely positioned to illustrate the potential protective effects of the

TUP program against these multiple shocks and unpack some of the mechanisms through which the program

may improve resilience in an already fragile setting. While all households in the study area experienced

significant reductions in economic activity, food security and consumption between midline and endline

when these external shocks occurred, we see that the program impacts relative to the UP control group are

sustained, and that UP treatment households reduce gaps with non-UP households across most outcomes

measured.

When faced with multiple external shocks, households generally use a variety of approaches to mitigate

their harmful impacts. The most common approach to coping with shocks among vulnerable households has

been to take out loans, which are typically informal and command high interest rates. Even though control

and treatment households are equally likely to be exposed to a shock, treatment households are less likely

to rely on loans to mitigate these shocks, with control households facing significantly higher debt burdens

36For this, we assume a sell-off of excess livestock value for treatment over the control group by year 5, to be consumed in
non-durable goods at that point.
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as a result, which are usually used for consumption for this population. Overall, treatment households are

more likely to have recovered from their shock, at least partially. This suggests that the TUP program has

helped households reduce the impact of external shocks, along with helping them incur less debt that could

affect their longer-term financial sustainability.

Diversification of income and revenue sources over time is one of the mechanisms through which the TUP

program has been able to achieve lasting impacts and help treatment households mitigate the impacts of

external shocks. Similar to the long-term 10-year and 11- and 7-year results observed in more stable settings

in India and Bangladesh (Banerjee et al., 2021; Bandiera et al., 2017), treatment households are able to

diversify over time as a result of the program, relative to the control group—a critical mechanisms for the

lasting impacts found in these settings. Treatment households shift to other sources of income including paid

labor—among others—with both men and women participating more in market activities than their control

counterparts.

There are valid concerns that development research focused on poverty alleviation often lacks diversity.

Relatively few studies are conducted in poor and fragile locations due to conflict and political instability, and

this site selection can generate important biases in our understanding of program effectiveness (Tollefson,

2022; Allcott, 2015). At the same time, increasing fragility in some of the harshest conditions in the world,

compounded with intensifying climate shocks makes it particularly difficult to improve the lives of those most

in need. The enduring impacts of a one-off support package amidst multiple climate, health and security

shocks highlights the promise, as well as the limitations, of multi-faceted interventions like the TUP program

to support the most vulnerable populations. In particular, these results suggests a potential role for the TUP

approach and similar multi-faceted programs as a way of integrating humanitarian relief and development

efforts. Such programs could be leveraged by both humanitarian and development stakeholders to address

acute short-term humanitarian needs, while providing longer-term development solutions.
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