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Abstract

This paper empirically assesses Saudi Arabia’s industrial
policy using data on policy announcements matched to
industry-level exports and firm-level outcomes. It first pro-
vides a comprehensive overview of the country’s industrial
policy landscape, documenting the scale, timing, sectoral
coverage, and policy instruments associated with indus-
trial policy interventions. The analysis then evaluates the
effects of these interventions on both external and domestic
out-comes. On the external side, no statistically signifi-
cant impact on exports is detected over the sample period,
consistent with evidence that structural transformation
and export upgrading typically unfold over long horizons.
On the domestic side, industrial policy interventions are

examined at the firm level along both the extensive and
intensive margins. On the extensive margin, industrial
policies lead to a reduction in the number of active firms
within the observed sample, suggesting a shift in firm com-
position within industry. On the intensive margin, local
content requirements lead to higher employment but lower
capital investment, while domestic subsidies correspond to
transitory declines in earnings. Overall, the findings point
to early adjustment dynamics, particularly labor absorp-
tion, rather than immediate gains in exports or profitability,
underscoring the importance of improved policy target-
ing and coordination to achieve longer-term structural
transformation.
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1 Introduction

Saudi Arabia’s economic trajectory is currently defined by one of the most ambitious structural
transformations attempted in the modern era. For decades, the country’s development was syn-
onymous with its status as a leading global oil exporter, a position that provided immense fiscal
resources but also entrenched a "rentier" economic model characterized by high vulnerability to
global commodity cycles and the "Dutch Disease".! Saudi Arabia’s historical reliance on oil has
shaped its institutional and social fabric for nearly half a century. Oil and petroleum product rev-
enues amounted to about SAR 756.62 billion in 2024, representing around 60% of total government

revenue.

This necessitates a shift toward economic diversification and structural transformation. At the
heart of the metamorphosis strategy is the strategic deployment of industrial policy (IP). Despite
the prevalence of industrial policy, its definition has been the subject of some debates. In this
paper, we follow the IMF definition of industrial policy: "state actions directed at changing the
structure of economic activity — typically by supporting specific sectors or activities relative to
others in order to achieve desired outcomes." Under such definition, industrial policy is selective
and intentional. Horizontal policies that do not have a selective industry focus are ruled out, most
notably including policies aiming to improve institutional, physical or social infrastructure with no
sectoral preference. In the Saudi Arabia context, industrial policies are typically designed to shape
the composition of economic activity toward higher-value, non-oil sectors. Under the Vision 2030
framework, launched in 2016, Saudi Arabia seeks to evolve into a "Global Industrial Powerhouse",
operationalizing this goal through high-profile programs such as the National Industrial Develop-
ment and Logistics Program (NIDLP) and the National Industrial Strategy (NIS). These strategies
aim to double industrial exports, integrate Saudi factories into global supply chains, and foster

export-led growth to reduce oil dependency.

This strategic pivot occurs against the backdrop of a long-standing debate on the effectiveness
of industrial policy. Proponents argue that industrial policy can address market failures, coordinate
large-scale investments, and support infant industries, while critics emphasize the risks of govern-
ment failure, including resource misallocation, rent-seeking, and ineffective targeting. It is thus
important to understand the current landscape of Saudi Arabia’s industrial policy efforts to date

and empirically evaluate the associated economic impact.

This paper attempts to provide a quantified evaluation of industrial policies in Saudi Arabia.
The structure of the analysis is as follows. First, we document the landscape of industrial policy
deployment in Saudi Arabia. Given the limited existing empirical evidence on the landscape and
efficacy of industrial policy, a comprehensive descriptive analysis is a necessary starting point. The
analysis provides a panoramic view of the scale, timing, sectoral coverage, and policy instruments
associated with industrial policy interventions. Second, we empirically evaluate the efficacy of
industrial policy along two complementary dimensions: external outcomes and domestic outcomes.
For external outcomes, we focus on quantifying the impact of industrial policy on industry-level
export volume using a staggered Difference-in-Differences (staggered DiD) design. For domestic
outcomes, we leverage firm-level data to quantify the effects of policies on firms. We examine both

"Dutch Disease" refers to a macroeconomic phenomenon whereby a boom in natural resource revenues leads to
real exchange rate appreciation, reducing the competitiveness of exports.



the extensive margin through the number of firms and average firm age, and the intensive margin
through firm capital investment, labor hires and revenue outcomes. We employ a Local Projection
Difference-in-Differences (LP-DiD) methodology, as proposed by Dube et al. (2023). By examining
both aggregate and lever-specific effects, this study provides a detailed empirical evaluation of the
average treatment effects of industrial policy adoption in the Saudi Arabian context.

We employ two complementary sources of granular industrial policy data: the Global Trade
Alert (GTA) dataset (Evenett, 2019; Evenett and Fritz, 2020) and the JLOP industrial policy
dataset (Juhasz et al., 2025). Together, these datasets provide detailed and systematically coded
information on the timing, scope, and nature of industrial policy interventions. The GTA dataset
tracks government policy measures that affect international trade and competition. It records policy
announcements at a high temporal frequency and classifies them according to policy instrument (e.g.
subsidies, state aid, trade-related measures, procurement preferences). The JLOP dataset is built
upon the GTA dataset and puts an additional layer of filtering based on the policy intent — using
text-based methods on the policy announcement documents, the JLOP dataset identifies whether
the policy announcement reflects structural transformation intention of the policy makers, and
whether the policies are selective on the sectors. We employ the JLOP dataset in the descriptive
section. The restrictive nature of the JLOP data, however, greatly reduces the power of our analysis
in the empirical section. Hence, for the empirical analysis section, we employ the less restrictive

definition of industrial policy by applying the GTA dataset.

For the domestic analysis, we employ the Orbis dataset, in general one of the most comprehen-
sive firm-level datasets that cover private as well as public companies. Due to the limited availability
of available firm-level data in Saudi Arabia, this is the best source of firm-level data we can find for
the purpose of this study. Despite this, it is not a nationally representative survey. In particular,
it tends to over-represent larger firms and those subject to formal financial reporting requirements.
Accordingly, the findings should be interpreted as reflecting the behavior and performance of rela-
tively larger, formally registered firms rather than the full universe of firms in Saudi Arabia.

The industrial policy landscape in Saudi Arabia is both dense and institutionally diverse. In the
descriptive section, we present three main stylized facts regarding Saudi Arabia’s industrial policy.
First, Saudi Arabia has announced a relatively high number of industrial policy measures compared
with other Gulf Cooperation Council (GCC) countries.? Second, the policy mix is characterized
by the predominant use of domestic subsidies and export-related measures. Third, the country’s
sectoral targeting has shifted over time from traditional downstream extractive industries (e.g.
chemicals and steel) toward more complex manufacturing activities, such as vehicles and furniture,

alongside a distinctive emphasis on the tourism sector.

The empirical evaluation of industrial policies yields nuanced results. On exports, the event-
study analyses conducted over the 2019-2023 period do not yet show a statistically significant impact
of industrial policies on overall industry export performance or specific export-oriented measures.
On domestic outcomes, we find evidence of a reduction in firm counts within the observed sample
on the extensive margin following industrial policy interventions. While this indicates a shift in

2The Gulf Cooperation Council (GCCQ) countries include Bahrain, Kuwait, Oman, Qatar, Saudi Arabia, and the
United Arab Emirates. The relative intensity of industrial policy should not be interpreted as inherently positive or
negative. What matters for economic performance is the policy’s efficacy, specifically its ability to correct market
failures, enhance productivity, and allocate resources efficiently.



firm composition within industry, we interpret this as a sample-specific trend and remain cautious
about inferring market-wide consolidation given the coverage constraints of the Orbis database. On
the intensive margin, while the average effects pooling all industrial policy levers are modest and
statistically insignificant, dissecting by industrial policy levers shows heterogeneous dynamics. Local
content requirement policies appear to increase labor employment and decrease capital investment.
The increase in labor employment is consistent with compliance requirements of local hiring policies,
while the decrease in capital investment may be indicative of higher cost of capital as access to
cheaper imported inputs is lowered. On the other hand, domestic subsidies appear to have a
negative transitory effect on profits, possibly pointing to suboptimal targeting of subsidy supports

on inefficient firms.

Three considerations may help explain the generally modest effects on exports and domestic
outcomes and patterns of change induced by specific policy instruments. First, a large body of work
on structural transformation emphasizes that shifts in production structure, export composition,
and productivity typically unfold over long horizons, often spanning decades rather than years.
Industrial policy interventions may therefore generate transitional responses in labor absorption
before their effects on productivity, export sophistication, and firm capabilities fully materialize
(Kuznets, 1973; Hausmann and Rodrik, 2003; McMillan and Rodrik, 2011; Rodrik, 2016). Here, it
is important to note that this paper focuses on a shorter term horizon, which can help situate the
results. In particular, the exports event study uses exports data at the 6-digit HS code granularity
level available from 2019 to 2023. The sample duration allows us to study the dynamic effects
three years after industrial policy interventions. The domestic analysis uses a data sample of
industrial policy and Orbis firm-level database from 2010 to 2022.3 Given such data availability
constraints, the time horizon examined in this study remains relatively short, and the results should
thus be interpreted as capturing early or shorter-term adjustments associated with the policies under
consideration rather than their longer-term structural impacts.

Second, suboptimal targeting of industrial policy instruments may inadvertently reinforce mar-
ket concentration and dampen competitive pressures, with adverse implications for productivity.
When support is not sufficiently aligned with firms’ underlying capabilities or binding constraints,
subsidies may disproportionately accrue to incumbent or less efficient firms, allowing them to per-
sist despite weak performance (Pack and Saggi, 2006; Rodrik, 2008). Such misallocation can reduce
market contestability, crowd out more productive entrants, and slow the reallocation of resources
toward higher-productivity firms—mechanisms that are central to aggregate productivity growth
(Hsieh and Klenow, 2009; Restuccia and Rogerson, 2008). Over time, these dynamics may lead to
greater industry consolidation without commensurate efficiency gains, limiting the scope for learn-
ing, innovation, and creative destruction (Aghion and Howitt, 1992, 2005).# Empirical evidence
from a range of settings suggests that poorly designed or weakly conditioned subsidies can entrench
dominant firms, reduce competitive pressure, and weaken productivity growth, particularly in envi-
ronments with limited entry and exit (Aghion et al., 2015; De Loecker and Warzynski, 2012). These
risks underscore the importance of designing industrial policy interventions that are conditional,
performance-based, and time-bound, and of embedding them within a competition-friendly insti-

3The analysis is confined to the period 2010-2022 and hence, recent industrial policies announced during 20232025
are excluded.

4One potential underlying mechanism for these dynamics may be that industrial policy intensity can vary across
firms within the same sector. This uneven exposure can create economic distortions.



tutional framework that preserves entry, exit, and rivalry as key drivers of sustained productivity
growth (Rodrik, 2016; Criscuolo et al., 2019).

Third, as highlighted in the industrial policy literature, the effectiveness of industrial policy
interventions depends not only on the scale of support but also on the degree of coordination across
complementary policies and the precision of targeting toward binding constraints. Prior research
stresses that alignment across skills development, infrastructure, finance, and regulatory frame-
works can be critical for amplifying policy impacts, while well-designed targeting and sequencing
help ensure that support translates into sustained capability upgrading rather than isolated gains
(Pack and Saggi, 2006; Aghion et al., 2015). From this perspective, the muted aggregate effects
observed here may reflect the gradual nature of coordination and learning processes, suggesting
that additional gains could emerge over time as policies evolve, complementarities strengthen, and

implementation experience accumulates.

We acknowledge that the empirical results in this paper are limited in external validity by the
potential bias of firm sample toward larger firms, and the limited timeframe available. Despite
acknowledged data limitations, this paper provides empirical evidence on industrial policy in Saudi
Arabia that is relevant to both policy makers and academic researchers. It is intended for audiences
engaged in the design, implementation, and evaluation of industrial policy, and offers a proof of
concept for institutions with access to more granular data.

Literature

Industrial policy has long been a subject of debates. The traditional neoclassical view believes
that governments should avoid sectoral pick-outs because distortions risk inefficient resource allo-
cation and rent capture. Instead, it emphasizes addressing market distortions directly and avoiding
discriminatory sectoral pick-outs that create additional inefficiencies (Weiss, 2020; Harrison and
Rodriguez-Clare, 2010). On the other hand, the structural transformation view believes that indus-
trial policy can correct for coordination failures (e.g., missing complementary investments in skills,
infrastructure, R&D), overcome infant-industry externalities, and facilitate knowledge accumulation
required for structural change (for coordination failures, see e.g. Garg (2025); for infant-industry
theory, see e.g. Juhéasz (2018); for learning-by-doing, see e.g. Barwick et al. (2025)).

A large branch of the literature emphasizes the political economy and governance constraints
that make industrial policy risky in practice: weak institutions, capture by vested interests, and
poorly designed incentives can turn potentially welfare-enhancing interventions into transfers of
rents (Krueger, 1974; Stiglitz, 2008). This has prompted a growing literature on the design and
implementation of industrial policy — rules for transparency, conditionality, sunset clauses, perfor-
mance contracts, and the role of capability-building in the public sector — all aimed at reducing
capture and improving state capacity. Closely related are debates about instrument choice and tar-
geting: horizontal (economy-wide) instruments versus vertical (sector-specific) measures; ex-ante
screening and sequencing of support; and place-based versus firm- or sector-level interventions.

Empirically, industrial policy has been difficult to evaluate because interventions are endoge-
nous, multi-instrumental and often implemented at the aggregate (country or region) level. Recent
methodological advances — careful case studies, synthetic control and other comparative-case meth-
ods, and text-as-data approaches that systematically identify policy intent in official documents —



have begun to close the empirical gap and permit more credible inference about effects and mecha-
nisms (Lane, 2020; Juhasz et al., 2025). New large-scale datasets and machine-learning classification
of policy text allow researchers to map “who does what, where and when” in industrial policy and to
combine those measures with modern causal designs (differences-in-differences, synthetic controls,
event studies) to estimate impacts on output, employment, productivity and technological upgrad-
ing (Juhasz et al., 2025; Baquie et al., 2025). These new empirics are expanding the evidence base
and support a more nuanced conclusion: industrial policy can work under some conditions (ade-
quate state capability, tight monitoring, correct sequencing and credible sunset/conditionality), but
it can fail spectacularly where governance is weak or political incentives dominate technical criteria
(Lane, 2020; Juhasz et al., 2025; Pack and Saggi, 2006).

Compared to the earlier empirical work, the new empirics on industrial policy allows for a more
panoramic view of the policy landscape. We follow this strand of research utilizing recently-processed
large-scale policy documents and quantitative methods to evaluate the impact of industrial policy.
Research on the efficacy of industrial policy in Saudi Arabia is scarce, and to our knowledge, there
is currently no paper quantitatively evaluating the efficacy of the country’s industrial policy to date.

The paper is organized as follows. Section 2 details the data used in the analysis. Section 3
describes Saudi Arabia’s current industrial policy landscape and presents stylized facts. Section 4
presents the impact of industrial policies on exports and firm outcomes. Section 5 concludes the
paper and discusses limitations and further research directions.

2 Data

2.1 Industrial policy

We employ two industrial policy datasets - the Global Trade Alert (GTA) database from Evenett
(2019) and the JLOP industrial policy database from Juhasz et al. (2025).

The GTA database is the leading real-time database tracking policy interventions that affect
international trade and investment. It is one of the most comprehensive databases including policies
that affect industrial composition through policy levers, such as tariff changes, non-tariff measures,
subsidies and state support, trade defense measures, public procurement restrictions, export mea-
sures and investment rules. The database includes policy measures that are identified, verified and
coded by a network of researchers and country experts. The primary sources include the following,

ensuring comprehensive coverage of policies:

Official government publications and legal documents

e Announcements and policy statements from government and ministry websites

Notifications to international organizations

Official press releases and policy announcements

Secondary verification sources from media, international organizations, and think tank reports



The period of the database coverage is from 2010 to 2022.

The GTA database characterizes policies to be liberalizing or restricting trade, where liberalizing
industrial policies are generally pro-market and reduce government interventions, while restrictive
industrial policies are pro-government interventions. Thus, we filter the database to include only re-
stricting policies for our industrial policy definition and include other liberalizing industrial policies
as controls. Furthermore, in accord with the nature of industrial policy as selectively supporting cer-
tain industries, we further limit industrial policies to those targeting one or more specific industries

as industrial policy.’

In addition to the GTA database, we supplement our analysis with the JLOP industrial policy
database (Juhasz et al., 2025). Building on the GTA dataset, Juhész et al. employ supervised
machine-learning methods to analyze policy documents and identify policy measures that explicitly
articulate an intention to influence the sectoral structure of the economy. Relative to the GTA
database, this approach adopts a more restrictive definition of industrial policy by applying an
ez-ante filter based on stated policy intent. This restriction enables a clearer distinction between
industrial policies and other policy measures — such as labor-market or social policies — that may
affect economic outcomes but are not primarily intended to induce structural transformation.

We use the JLOP dataset to present descriptive evidence on the industrial policy landscape in
Saudi Arabia, as its narrower definition provides a clearer mapping of policy objectives and sectoral
targeting. The tighter classification, however, necessarily yields a smaller set of identified policy
interventions. While this improves precision in defining industrial policy, it also limits statistical
power in regression-based analyses, particularly when examining heterogeneous effects across policy
instruments or sectors.

For the analysis of policy effectiveness, we therefore rely on the broader coverage of the Global
Trade Alert database. The more inclusive definition allows us to work with a larger set of policy
observations, improving the balance between treated and control units and enabling more flexible
empirical specifications. The GTA data used in this study cover the period from 2010 to 2022.

The GTA database is a widely used resource for tracking government trade and investment policy
measures, and the JLOP industrial policy database offers one of the most systematic cross-country
efforts to track industrial policy announcements to our knowledge. Despite their wide usage, there

are a few notable limitations:

e Selection bias: Policy measures are compiled based on official government sources, public
announcements, and systematic monitoring of policy developments. As a result, coverage may
vary across countries and over time, reflecting differences in transparency, reporting practices,
and administrative capacity. Some policy measures — particularly those that are informal,
implemented through administrative discretion, or not publicly announced — may therefore
be less likely to be recorded. Conversely, the database may include policy announcements
that are subsequently delayed, modified, or not fully implemented, as GTA primarily captures
announced or legislated measures rather than ex-post implementation intensity.

e Limited firm-level granularity: While some policy measures may effectively apply to specific

°In the original GTA data, a proportion of policies does not contain HS 6-digit industry codes, but does contain
3-digit CPC codes. Where this is the case, we impute industry codes using the CPC-HS6 harmonization table.



firms, systematically identifying firm-level targets would require extensive manual or auto-
mated text analysis of underlying policy documents. Given the scope of this study, policies
are therefore analyzed at the sectoral level rather than the firm level.

e No subnational policies (for JLOP only): The JLOP database focuses on national-level policy
measures and excludes subnational interventions filtered from the Global Trade Alert dataset.
As a result, industrial policies implemented by regional or local governments are not captured

in our analysis.

e No direct measure of policy intensity: Policy measures are recorded as discrete events indicat-
ing the announcement of a policy intervention. The database does not capture the magnitude,
fiscal size, or degree of distortion associated with each measure, except insofar as policies are
classified by sectoral targeting. Consequently, our analysis focuses on the presence and timing
of policy interventions rather than their intensity.

Despite these limitations, the GTA and JLOP databases are widely regarded as the state of
the art in the systematic measurement of industrial policy, particularly in terms of policy coverage
and cross-country comparability. The GTA database offers unparalleled breadth in capturing policy
announcements and trade- and industry-related measures, while the JLOP database represents a
significant methodological advance by incorporating text-based techniques to identify policies with
explicit industrial intent. Together, these datasets substantially improve upon earlier approaches

that relied on ad hoc policy classifications or narrow case studies.

2.2 Exports

We obtain the exports data from UN Comtrade (United Nations Statistics Division, 2026). The
exports data are at the HS 6-digit commodity level. It does not contain trade of services. The data
is annual, and the timeframe is from 2019-2023.

2.3 Firm outcomes

We obtain firm outcomes from the Orbis database (Bureau van Dijk, 2026). The database, published
by Bureau van Dijk (a Moody’s Analytics company), is generally considered the most comprehensive
resource for data on private companies. As previously discussed, the captured firms in the Orbis
database are larger in size and therefore have greater significance in the economy. The lack of access
to other firm-level data in Saudi Arabia, such as the Structural Business Statistics (SBS) Survey or

the Qawayem database, makes Orbis the only available source of information for this exercise.

The industry classification in the Orbis dataset follows NACE Rev.2 classifications. We match
this dataset to the HS6 industry codes in the GTA industrial policy dataset using a NACE4-HS6
cross-walk. We construct an industry-level panel by averaging firm outcomes at the industry level.
The timeframe of the database is from 2010 to 2022. The Orbis database contains 2197 distinct
observations across the duration of the study.® We aggregate the dataset to NACE 4-digit industry
level to study the industry-level effect of industrial policy interventions.

5 Across the outcome variables we examine, EBITDA and fixed assets have low proportion of missing observations
(around 10%). For the number of employees, around 40% of observations are populated.



3 Current landscape of Saudi industrial policy

Using the JLOP industrial policy database, we present four main stylized facts about the features

and characteristics of recent industrial policy announcements and implementation in Saudi Arabia.

Stylized Fact 1: Among the GCC countries, Saudi Arabia has announced a relatively

large number of industrial policies.”

As a lever for economic diversification and structural transformation, Saudi Arabia has leveraged
industrial policy widely in the past few years. Figure 1 plots the number of industrial policy
announcements over time for Saudi Arabia, compared with the average across other GCC countries
(excluding Saudi Arabia) and the world average. Two features stand out. First, Saudi Arabia
exhibits a pronounced increase in industrial policy activity from the mid-2010s onward, with a sharp
acceleration around 2018-2020. During this period, Saudi Arabia’s number of policy announcements
substantially exceeds both the GCC and world averages, reflecting a marked intensification of state
intervention consistent with the rollout of Vision 2030.

Second, while the world average displays a relatively stable and moderate level of industrial
policy activity throughout the sample period, other GCC countries show consistently low levels,
with only a modest uptick in recent years. This divergence highlights Saudi Arabia as an outlier
within the GCC in terms of the scale of industrial policy deployment. Overall, the figure suggests
that the recent surge in industrial policy in the region is driven primarily by Saudi Arabia rather
than representing a broader GCC-wide trend.

Notice that here, "national" includes national policies implemented directly by central /federal
governments. These include (i) national legislation and executive orders, (ii) central ministries or
regulatory agencies, (iii) central bank decisions (e.g., interest rate changes, credit controls) and (iv)
fiscal or tax policies applicable nationwide.

Stylized Fact 2: Saudi Arabia uses a wide range of industrial policy levers, with do-
mestic subsidies and export-related measures being most prevalently used.

Figure 2 presents the distribution of industrial policy instruments across policy levers for Saudi
Arabia and the rest-of-the-world (ROW) average. The figure includes industrial policy measures
announced by the national government and central bank. The categorization of policy instruments
follow the standard MAST classification.® Overall, the composition of policy instruments in Saudi
Arabia broadly mirrors the ROW pattern, with export-related measures and subsidies (excluding
export subsidies) emerging as the most frequently used levers.

Comparing Saudi Arabia’s deployment of industrial policy against the world average, Saudi
Arabia appears to have placed relatively greater weight on investment-facing instruments, noticeably
especially in trade-related investment measures and FDI measures. Saudi Arabia also shows a

relatively larger share of announcements linked to government procurement restrictions and, to a

"As noted earlier, industrial policy intensity is not inherently positive or negative. Its economic consequences
depend on its effectiveness in addressing market failures, raising productivity, and improving resource allocation.

8MAST standards for International Classification of Non-tariff Measures, developed and defined by UNCTAD. Tt
is a standard policy classification glossary. The exact definition of each policy category could thus be found on the
UNCTAD website.



Figure 1: Saudi Arabia VS. GCC average VS. world average industrial policy over time
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Figure 2: Saudi Arabia’s national industrial policy by policy instruments
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lesser extent, migration measures, compared with the world average. On the other hand, the world
average records more subsidy-type announcements than Saudi Arabia.

Both Saudi Arabia and the world average make only modest use of tariffs, non-automatic li-
censing/quotas, price controls, capital-control measures and intellectual-property measures in this
sample. Overall, the figure suggests that Saudi industrial policy adopts a wide range of different
instruments, with a large proportion being subsidies, trade-related measures, government procure-
ment measures and FDI measures. Compared to the global norm, it is skewed toward investment-
and procurement-oriented tools, whereas the world average relies far more heavily on direct financial
support.

Stylized Fact 3(a): IPs in Saudi Arabia primarily targeted the manufacturing sector.
Over time, the IP targeting of the manufacturing sector shifted from downstream of

extractive industries to complex manufacturing goods.

Figure 3 shows the distribution of industrial policies across agriculture, manufacturing and
extractive industries, varying across years.” The policies included are both national policies (policies
issued by the national government and the central bank) and national financial institutions.'® Note
that here, one industrial policy count is defined as one policy-industry pair. This is to say, as we
evaluate industrial policies at the industry level, one policy instrument that is applied across a
number of different industries are counted multiple times. This results in the magnitude difference
in policy count between Figure 3 and Figure 1. The volatility of policy counts across years should
not be taken at face value, as it may reflect the fact that there are certain policies that are applied

to industries much more widely in selective years.

Figure 3: Industry distribution of Saudi Arabia’s industrial policies across years
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Note: The industrial policies included are national policies that have been announced by government and central
bank, or national financial institutions (i.e. publicly owned banks such as National Development or Export-Import
bank). Both national and NFI policies are included. One industrial policy strategy that is imposed on N industries
are counted N times.

As shown in Figure 3, a large proportion of announcements are attributable to manufacturing

9Services are not included in this figure.

10The reason we include national financial institutions in addition to national government policies for stylized fact
3 is that in the JLOP database, a large proportion of national government policies lack industry targeting data.
Thus, in order to study the overall pattern of industry targeting, we grouped both national government and national
financial institutions together to get more statistical power.

11



(subject to data accuracy in identifying IP sector targeting) across years, except for year 2022 when

there was a larger proportion of agriculture industrial policies.

Over time, industrial policy targeting in the manufacturing sector has shifted from downstream
of extractive industries to complex manufacturing goods. As shown in Figure 4, in 2010, the top
3 targeted industries in terms of industrial policy counts were iron or steel articles, organic and
inorganic chemicals, and ceramic. In 2022, the top targeted industries have shifted to vehicles,
furniture and soap. The shift reflects a gradual industrial transformation strategy underlying Saudi
Arabia’s industrial policy, as an effort to divest the economy out of extractive industries.

Figure 4: Evolvement of industry distribution of manufacturing IP target
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industries are counted N times.



Stylized Fact 3(b): While we cannot identify strong service targeting using IP in
general, we find tourism targeting relatively strong in Saudi Arabia compared to ROW.

Table 1 shows the number of policies targeting different service industries. We can see that there
are a relatively limited number of industrial policies that directly target the service sector. Among
the service sectors targeted, tourism appears to have attracted the highest number of industrial
policies. As shown in Figure 5, across all countries, Saudi Arabia ranks the third in the number of
industrial policies targeting the tourism industry across 2010-2022, just before the United States and
United Kingdom. This is consistent with the Vision 2030 announcement that explicitly identified
tourism as a non-oil growth engine and exportable service.

Table 1: Number of policies by service industries

EBOPS _description

Travel

Telecommunications, computer, and information services
Personal, cultural, and recreational services
Construction

Maintenance and repair services n.i.e.

Insurance and pension services

Financial services

Other business services

Note: We characterize industries for service industrial policies using the EBOPS classification by matching text
strings in the policy title. The industrial policies included are national policies that have been announced by govern-
ment and central bank, or national financial institutions (i.e. publicly owned banks such as National Development
or Export-Import bank). Both national and NFTI policies are included. One industrial policy announcement that
is imposed on N industries are counted N times.

el e el =]
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Figure 5: Top 10 countries regarding tourism industrial policies
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United Kingdom
Italy
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Country
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Canada
Russia
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Brazil
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Note: We characterize industries for service industrial policies using the EBOPS classification by matching text
strings in the policy title. The industrial policies included are national policies that have been announced by
government and central bank, or national financial institutions (i.e. publicly owned banks such as National Devel-
opment or Export-Import bank) from 2010 to 2022. Both national and NFI policies are included. One industrial
policy announcement that is imposed on N industries are counted N times.
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4 Empirical analysis of industrial policy efficacy

In this section, we empirically evaluate the efficacy of industrial policy deployment in Saudi Arabia.
The evaluation is performed along two complementary dimensions: external outcomes and domestic
outcomes. For external outcomes, we focus on industry-level export performance and estimate the
impact of industrial policy on export volumes using both staggered Difference-in-Differences (stag-
gered DiD) and two-way fixed effects regression frameworks. This approach exploits variation across

industries and over time while controlling for unobserved, time-invariant industry characteristics.

For domestic outcomes, we rely on firm-level data to assess how industrial policy affects firm
dynamics and performance. We examine effects along both the extensive and intensive margins. The
extensive margin captures changes in firm composition within our sample, while the intensive margin
captures adjustments in capital investment, labor hiring, and revenue outcomes among incumbent
firms. To trace the dynamic effects of policy adoption, we employ a local projection difference-in-
differences (LP-DiD) methodology, following Dube et al. (2023), which allows for flexible estimation
of treatment effects over time without imposing strong assumptions on the shape of adjustment
paths.

4.1 Impact evaluation on exports

We begin by empirically evaluating the impact of industrial policy on exports. Under the Vision
2030 framework, the ambition to transform Saudi Arabia into a “Global Industrial Powerhouse”
is operationalized through a set of flagship programs in which export-led growth plays a central
role. In particular, the National Industrial Development and Logistics Program (NIDLP) identifies
the expansion of non-oil exports as a key mechanism for economic diversification, while the Na-
tional Industrial Strategy (NIS) explicitly targets export-oriented industries, with stated objectives
of doubling industrial exports and integrating domestic producers into global value chains. Ex-
port performance therefore represents a first-order outcome for assessing the effectiveness of Saudi
Arabia’s industrial policy interventions.

In this section, we quantify the effect of industrial policy adoption on Saudi Arabia’s exports.
While the external validity and statistical power of the analysis are constrained by the limited
availability of disaggregated, commodity-level export data, the exercise nonetheless provides a sys-
tematic empirical assessment of the average treatment effects of industrial policy interventions over

the 2019-2023 period.

Methodology

Using the Global Trade Alert database, we evaluate the effect of industrial policy on economic
variables of interest using industry-level regressions. We regress exports on industrial policy shocks
at the sectoral level. The industrial policy shock is taken as the first policy that happened in the

industry. The event-study regression is formulated as the following:
3

In(yit) = X + 7 + Z B; - Treat; - DY, + €;y
i#-Lj=—4
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where ¢ denotes HS6 industries, and Dgt denotes a dummy variable that equals 1 if unit ¢ is j
years away from the policy implementation at time t. j < 0 represents lags and j > 0 represents
leads. Industry fixed effects A; and time fixed effects 7; are included. The timeframe for the
regression is 2019-2023, following the timeframe of commodity-level exports data of Saudi Arabia
that is publicly available.

We produce both the conventional Two-Way Fixed Effects estimates and the Sun & Abraham
staggered Difference-in-Differences (staggered DiD) estimates (Sun and Abraham, 2021). Staggered
DiD employs "clean control" restrictions compared to Two-Way Fixed Effects specification and thus
is our preferred estimation strategy. We do not use local-projection DiD as in the domestic out-
comes analysis due to the limited timeframe sample we have in the exports section.

Results

Figure 6 (a) shows the event study results for IPs on industry exports performance in Saudi
Arabia. In general, we do not see any significant effect of IPs on industry exports, especially for
our preferred specification of staggered DiD using Sun & Abraham method. The pattern remains

similar as we examine export-related industrial policies,!!

as shown on Figure 6 (b). This shows that
for the timeframe of 2019-2023, we do not see strong evidence of industrial policies, both across all
categories and limiting to export-oriented policies only, to have a strong significant effect on export

volumes.

"Export-related industrial policies are defined by all policies classified under the MAST Chapter Code of "Export
Related Measures". This category includes any measures that directly affect export activities, including subsidies,
rebates and refunds, credits and guarantees, promotion schemes, price support, etc.
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4.2 Impact evaluation on domestic outcomes

We next turn to evaluating domestic outcomes of industrial policies. Specifically, we evaluate the
effect of industrial policies on industry-average of firm outcomes on both the extensive and intensive

margins.

Method
We construct an Orbis-GTA panel data at the industry-year level. Here, the industry follows the

four-digit NACE Rev 2 classification.'> We leverage a Local Projection Difference-in-Differences
(LP-DiD) method. This is proposed by Dube et al. (2023) and is increasingly used in the litera-
ture, including the cross-country industrial policy analysis in Baquie et al. (2025). The regression
specification is

2 2
In(yi+n) — In(yiz—1) = BpTreatedI Py + Z o1 In(y; 1—1) + O3Anonl Py + Z OyAnonlP;
=1 =1
+ 0+ pi + it

(1)
where ¢ denotes industry, and ¢ denotes year. The coefficient of interest is (;, which denotes
the effect of IP treatment on the change in y;, h periods after the treatment shock. To control for
possible pre-treatment variation in industrial policy implementation and policy selection based on
pre-treatment industry characteristics, we included two lags of dependent variables and two lags of
non-IP policies as controls. This avoids potential concerns surrounding the parallel trend assump-

tions.

Results

We begin by examining the effect of industrial policy on the extensive margin within our sample,
in order to assess whether there are shifts in the composition of firms. Specifically, we examine the
effect of industrial policy on two indicators: the average age of firms and the number of active firms
captured within each industry in the Orbis database. The dynamic results are shown in Figure 7,
and the Average Treatment of the Treated (ATT) effects are presented in Columns (1) and (2) of
Table 2. These results should be interpreted as the average effect when pooling across all policy

instruments.

The results indicate that industrial policy interventions lead to a statistically significant decline
in the number of active firms in treated industries, particularly within the first two to three years
following policy implementation. In contrast, there is no statistically significant effect on average

firm age.

We next turn to the intensive margin, focusing on three outcome variables: employment, capital,
and total earnings. Employment and capital capture key factor inputs and provide insight into

12The four-digit NACE Rev. 2 classification refers to the detailed level of the Statistical Classification of Economic
Activities in the European Community (NACE), Revision 2, where economic activities are organized hierarchically.
At the four-digit level, industries are defined at the class level, providing a relatively fine-grained categorization of
economic activity while maintaining international comparability across sectors.
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whether firms are scaling up or down their production activities. Employment is measured by the
number of employees, while capital is proxied by fixed assets. We also assess profitability, proxied by
EBITDA (Earnings before Interest, Tax, Depreciation and Amortization).'®> We choose EBITDA
over other similar profitability measures such as net profits due to better data availability in Orbis.
As discussed previously, all outcome variables are constructed as industry-level averages of firm
outcomes; accordingly, the estimated effects should be interpreted as within-industry changes in

firm performance.

We begin by examining all industrial policies jointly and estimating the average effect of any
industrial policy intervention on firm-level outcome variables. The estimated Average Treatment on
the Treated (ATT) effects are reported in Columns (3)—(5) of Table 2, while the dynamic responses
over the three years following a policy shock are shown in Figure 8. We find that when pooling across
all policy instruments, the coefficients on employment are generally positive, while the coefficients
on capital and profits are negative throughout the examined time period. That being said, none
of the coefficients are statistically significant, meaning that there is no statistically robust evidence
that industrial policy shifts employment, capital or earnings at the industry level.

Given the diversity of industrial policy instruments deployed in Saudi Arabia, we next examine
heterogeneity in effects across major policy levers.

For domestic subsidies, the ATT estimates are reported in Table 3, and the corresponding
dynamic effects are shown in Figure 9. On employment, while coefficients are positive, the estimates
are imprecise and the results are not statistically significant. Capital exhibits a relatively flat trend
that is statistically indistinguishable from zero. Earnings, however, show some negative trends,
especially two periods after the industrial policy shock.

For export incentives, the ATT estimates are reported in Table 4, and the corresponding dynamic
effects are shown in Figure 10. The estimates indicate no robust or statistically precise impact on
employment, though the point estimates are generally positive with sizeable absolute values. Capital
exhibits no significant effect throughout the horizon. Earnings show a temporary uptick in the first
post-treatment period, but this gain dissipates quickly and reverses thereafter, with wide confidence
intervals throughout. Overall, the figure suggests that export incentives do not generate durable

improvements in firm employment, investment, or profitability within the observed time frame.

Finally, local content requirement policies exhibit more heterogeneous and less systematic effects
across outcomes, the results of which are reported in Table 5 and Figure 11. Employment increases
following the introduction of LCR policies, with positive point estimates emerging in the later
post-treatment periods. Although the estimates are imprecise, the direction of the effect suggests
that localization requirements are employment-augmenting, possibly reflecting a stimulating effect
on local activities as firms source domestic labor and inputs to comply with local sourcing man-
dates. In contrast, capital investment declines steadily after treatment, with increasingly negative
point estimates at longer horizons. There are no statistically significant results for average earnings.

Discussion

The results indicate that, on the extensive margin, the number of firms decreased within the

observed sample without a substantial effect on average firm age, suggesting a change in firm

B3EBITDA = Revenue - Operating costs (excluding depreciation and amortization).
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composition within industry. The existing literature documents mixed evidence on the effects of
industrial policy on industry composition. For example, Barwick et al. (2025) show that subsidies
in China’s shipbuilding industry increased firm entry in targeted sectors, albeit at the cost of
distortions such as over-entry and idle capacity. By contrast, industrial policies that “pick winners”
may entrench unproductive incumbent firms and discourage entry by potential competitors.

It is important to interpret the extensive-margin results with caution due to potential sample
selection issues inherent in the firm-level data. While the Orbis database is one of the most compre-
hensive sources covering both private and public firms globally, it is not an administrative census
of firms operating in Saudi Arabia. Moreover, Orbis does not provide a fully balanced panel: firms
may enter or exit the database over time for reasons unrelated to actual market entry or exit, such
as changes in reporting practices, data availability, or coverage. As a result, observed changes in the
number of firms within an industry may partly reflect variation in sample coverage rather than true
firm dynamics. Consequently, declines in the number of observed firms following industrial policy
interventions should not be interpreted mechanically, but rather as indicative of a change in firm
composition within industry that warrants further validation using administrative or registry-based
data where available.

On the intensive margin, we find that pooling different industrial policy instruments together
and calculating the average treatment effect yields no clear pattern of impact in employment, capital
or profitability. However, disaggregating by policy instruments reveals some significant patterns.
In particular, local content requirements are associated with positive employment responses that
materialize gradually and become more pronounced in later post-treatment periods. On the other
hand, capital appears to have fallen following policy implementation. The change in employment
may be due to compliance with local content requirement policies, while capital change could be
due to an increase in capital cost as cheaper imported capital inputs become less accessible to firms.
Profits do not seem to suffer in the short-run following the policy. Furthermore, profits appear to
have fallen when domestic subsidies are implemented. Combined with the results on the extensive
margin, one possible explanation could be that the subsidy supports are not directed at the more
profitable firms, leading to a decline in average firm profitability.

These findings suggest that industrial policy in Saudi Arabia may initially operate through
labor absorption. Firms appear to expand employment in response to policy support, potentially
reflecting scaling-up of operations, compliance with localization requirements, or investments in
organizational and production capacity that precede measurable output or export growth. That
being said, the expansion of production scale is not manifested through increasing capital. In fact,
capital and profits may have even suffered, though these effects are confined to specific policy levers
and are not consistently observed over time.

In addition, two additional hypotheses are consistent with the results.

First, industrial policy, particularly when implemented through domestic subsidies, may en-
trench incumbent firms and reduce competitive pressure, with adverse implications for productivity
and profitability. Targeted subsidies can raise barriers to entry and tilt the competitive landscape
in favor of existing firms, reducing entrepreneurial churn and weakening the process of creative de-
struction (Aghion and Howitt, 2005; Hopenhayn, 1992). Empirically, reduced entry and heightened

concentration have been associated with lower productivity growth, higher markups, and weaker
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innovation incentives (De Loecker et al., 2020; Akcigit and Aghion, 2018). With diminished com-
petitive pressure, firms face weaker incentives to improve productivity or contain costs, leading
to margin compression rather than profitability gains. This mechanism provides a plausible ex-
planation for the empirical finding that domestic subsidies are associated with declines in average
earnings (EBITDA) despite modest employment increases. Similar patterns have been documented
in other contexts, where subsidy-driven expansion increased scale but reduced operating margins
due to higher costs, misallocation of resources, or delayed productivity improvements (Restuccia
and Rogerson, 2008; Midrigan and Xu, 2014).

Second, consistent with the finding of our analysis that employment is the margin with the most
positive change, employment is the easiest margin to adjust in the short-run. Industrial policies —
especially local content requirements, subsidies with employment conditions, or localization targets
— often create immediate incentives to hire, as firms can generally increase employment through
immediate hiring relatively quickly to meet compliance thresholds or production expansion demand.
By contrast, capital investment requires longer horizons, financing, approvals, and imported inputs;
and similarly, export upgrading requires learning and demand access. Therefore, policies like local
content requirements may raise the relative cost of capital or restrict access to imported capital
inputs, as local sourcing rules limit use of cheaper or higher-quality imported machinery. Compliance
costs may divert resources away from investment, and policy uncertainty raises the option value of
waiting to invest. Firms thus may respond by substituting labor for capital. As firms expand labor
input before productivity gains or scale efficiencies materialize, and access to cheap capital may be
reduced in the short-run, short-run margin can be compressed as reflected in declining EBITDA.

It is important to note, though, that such transition pattern does not predict longer-term reac-
tions. The analysis captures outcomes only up to three years following policy implementation and
should therefore be interpreted as reflecting short-term adjustments. Changes in capital deployment,
profitability, and export performance typically require longer horizons to materialize, particularly
in the context of structural transformation. In the short-run, industrial policy interventions may
primarily relax constraints on variable inputs — most notably labor — allowing firms to expand
operations and absorb workers before undertaking more capital-intensive investments or generating
sustained improvements in operating earnings. From this perspective, the pattern observed in our
results — employment responses alongside muted effects on capital and profits — may reflect an
adjustment process that is still unfolding rather than a definitive assessment of policy effectiveness.

Table 2: ATT: Average industrial policy on industry and firm outcomes

(1) (2) (3) (4) (5)
Firm age Number of firms Employment Capital EBITDA

ATT 0.006 -0.136*** 0.398 -0.295 -0.602
(0.014) (0.042) (0.327) (0.264) (0.424)
Industry FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes
N 600.000 603.000 116.000 537.000  486.000

Standard errors in parentheses
*p<0.10, ™ p < 0.05, " p < 0.01
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Figure 7: Average industrial policy on industry structure
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Figure 8: Average industrial policy on firm employment, capital and profits
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Table 3: ATT: Domestic subsidies IPs on industry and firm outcomes

(1) (2) (3) (4) (5)
Firm age Number of firms Employment Capital EBITDA
ATT 0.013 -0.105 0.310 -0.108  -0.620**
(0.036) (0.086) (0.224) (0.110)  (0.300)
Industry FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes
N 652 655 120 577 525

Standard errors in parentheses
* p<0.10, ** p < 0.05, *** p < 0.01

Table 4: ATT: Export incentive IPs on industry and firm outcomes

(1) (2) (3) (4) (5)
Firm age Number of firms Employment Capital EBITDA
ATT -0.046 0.065 0.000 -0.016 0.478
(0.040) (0.067) (\) (0.200)  (0.443)
Industry FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes
N 672 675 125 596 540

Standard errors in parentheses
*p<0.10, " p < 0.05, *** p < 0.01
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Table 5: ATT: Local content requirement IPs on industry and firm outcomes

(1) (2) (3) (4) (5)
Firm age Number of firms Employment Capital EBITDA

ATT -0.003 -0.059 0.807 -0.175 -0.083
(0.037) (0.106) (0.525) (0.254) (0.316)
Industry FE Yes Yes Yes Yes Yes
Year FE Yes Yes Yes Yes Yes
N 628 631 116 556 508

Standard errors in parentheses
*p<0.10, " p < 0.05, *** p < 0.01

Figure 9: Domestic subsidies on firm employment, capital and profits
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Figure 10: Export incentives on firm employment, capital and profits
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Figure 11: Local content requirements on firm employment, capital and profits
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5 Conclusion

This paper provides a systematic empirical assessment of industrial policy deployment in Saudi Ara-
bia over the period 2010-2022, combining newly available granular data on policy announcements
with industry- and firm-level outcomes. The analysis documents a dense and evolving industrial
policy landscape, characterized by a high volume of interventions, diverse use of industrial policy
instruments, and a gradual shift in sectoral targeting toward more sophisticated manufacturing
activities.

Empirically, we find no robust short-run evidence that industrial policy interventions have in-
creased Saudi Arabia’s export performance. These findings suggest that, within the available time
horizon, industrial policy interventions have not yet translated into measurable gains in external
competitiveness or export expansion. Turning to domestic outcomes, we first examine the compo-
sition of the observed sample. We find that industrial policy interventions lead to a reduction in
the number of active firms captured in the data, while the average firm age remains statistically
unchanged. This pattern is indicative of change in firm composition within industry.

On the intensive margin, the results point to generally limited short-run effects of industrial pol-
icy on employment, capital accumulation, and average operating earnings. Disaggregated analysis
indicates that local content requirement policies are associated with modest increases in average
employment alongside declines in capital investment. This pattern likely reflects firms’ hiring re-
sponses to comply with localization requirements, as well as higher effective costs of capital arising
from reduced access to imported capital goods. In addition, domestic subsidies appear to be asso-
ciated with transitory declines in average earnings, potentially reflecting short-run adjustment and
consolidation costs or suboptimal targeting that channels support toward relatively less productive

firms.

Taken together, these results point to early adjustment responses concentrated in labor absorp-
tion rather than immediate gains in capital deepening, profitability, or export performance.

It is important to note that the pattern observed in Saudi Arabia — employment responses along-
side muted effects on capital and profits may reflect an adjustment process that is still unfolding
rather than a definitive indication of null policy effect. Interventions may have relaxed constraints
on variable inputs, particularly labor, without yet being fully complemented by the coordination,
sequencing, and governance conditions required to generate deeper capital accumulation and export
upgrading. This interpretation is consistent with the broader structural transformation literature,
which emphasizes that changes in production structure and export sophistication typically materi-
alize over longer horizons than those captured in short-run empirical evaluations (Kuznets, 1973;
Hausmann and Rodrik, 2003; McMillan and Rodrik, 2011; Rodrik, 2016).

That being said, two policy implications of these findings arise. First, evidence of muted pro-
ductivity and export responses raises the possibility that some policy instruments may be dis-
proportionately supporting less efficient or incumbent firms, thereby weakening competitive pres-
sures and slowing productivity-enhancing reallocation. These results underscore the importance of
strengthening the targeting of industrial policy toward firms with demonstrable productivity po-
tential and clear capacity for upgrading. In practice, this calls for greater reliance on transparent,
performance-based, and time-bound support mechanisms, combined with robust monitoring and
evaluation frameworks to reassess eligibility as firms’ performance evolves. Embedding industrial
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policy within a competition-friendly environment that facilitates entry, exit, and experimentation
would help ensure that public support accelerates capability building and productivity growth,
rather than entrenching existing market structures.

Second, the effectiveness of industrial policy cannot be assessed independently of the broader
conditions under which it is designed and implemented. A large body of theoretical and empiri-
cal work emphasizes that industrial policy is most likely to succeed when embedded in a coherent
package of complementary reforms. First, coordination across policy instruments and implement-
ing agencies is critical: sector-specific support is more effective when aligned with investments in
skills, infrastructure, access to finance, and regulatory reform, allowing firms to translate support
into sustained capability upgrading rather than isolated operational expansion (Hausmann and Ro-
drik, 2003; Pack and Saggi, 2006). Second, governance and political-economy conditions matter.
Weak institutional capacity, lack of transparency, and capture by vested interests can turn po-
tentially welfare-enhancing interventions into persistent rents, sustaining unproductive incumbents
and discouraging entry (Krueger, 1974; Stiglitz, 2008). Third, competition-friendly design and con-
testability are essential. Industrial policy that preserves market discipline—by avoiding permanent
protection and tying support to observable performance benchmarks—has been shown to be more
conducive to productivity growth and innovation (Aghion et al., 2015). Finally, state capability
and learning play a key role: industrial policy is inherently experimental, and its success depends
on the ability of public institutions to monitor outcomes, adapt instruments, and withdraw support

when objectives are not met (Lane, 2020; Juhasz and Lane, 2024).

Looking ahead, further research is needed to better understand the mechanisms underlying
the observed null effects and to assess the longer-term impacts of Saudi Arabia’s industrial policy
agenda. Progress on this front will require richer and more granular data along several dimensions.
First, extending the time horizon of export data would allow for the evaluation of medium- to long-
run effects on export volumes, diversification, and sophistication. Second, improved firm-level data
— particularly with better coverage of employment, capital, revenues, ownership as well as on the
time dimension — would help improve the power of the tests for domestic outcome results. Third,
information on policy intensity, fiscal magnitude, and implementation at the firm or project level
would enable a shift from extensive-margin analysis toward a more precise evaluation of treatment
strength and mechanisms. Finally, linking industrial policy measures to complementary reforms
in skills, finance, infrastructure, and trade facilitation would allow future work to directly test the
coordination channels highlighted in the literature.

Overall, this study provides an early, evidence-based perspective on the role of industrial policy
in Saudi Arabia’s economic transformation. While short-run impacts on exports and firm perfor-
mance remain limited, the findings suggest the potential importance of policy design, coordination,
and learning in shaping longer-term outcomes. As Saudi Arabia continues to advance its Vision
2030 agenda, sustained monitoring, improved data availability, and performance-based evaluation
will be essential for refining industrial policy instruments and maximizing their contribution to

diversification and structural change.
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